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1. Introduction

There is a huge literature on earnings managenretgruvhich accounting information
can be manipulated in various ways to mask firmg conomic performance. One recently
established form of earnings management is claasin shifting. This is based on the
misclassification of items within the income staghbut does not alter net income. McVay
(2006) was the first to establish empirical evidefar classification shifting in the context of
expense items. She found that US firms engagedsrpthactice to manipulate core earnings by
shifting core expenses from the cost of goods sold selling, general, and administrative
expenses to income-decreasing special items. Suksestudies have also adduced empirical
evidence that UK firms (Athanasakou, Strong, & VéaJkR011; Zalata & Roberts, 2016), as
well as East Asian firms (Haw, Ho, & Li, 2011), wi&ssify core expenses as non-recurring
expenses.

The above studies examine the understatement efecqgrenses, which typically appear
in the income statement after sales revenue, ferpilirpose of increasing core earnings.
Firms, however, can also overstate core earningshiffing non-operating revenues to
operating revenuesln this paper, we examine this novel form of dicstion shifting as an
earnings management tool. Specifically, we investigand test whether firms misclassify
non-operating revenues as operating revenues. &ie tiheoretical motivation why firms
may engage in classification shifting of revenussbased on investor perception of
accounting information items. One strand of redegrmoposes that investors assess the
valuation relevance of earnings components basdbednplacement in the income statement
(Bradshaw & Sloan, 2002; Davis, 2002). This suggdbat investors appear to weight

individual line items in the income statement diigtly and that operating revenues items

! Throughout the paper we use the nomenclature apamating revenues’ to refer to those revenuesfitmas

achieve from non-operating activities (e.g. remabme, interest income) including those from neaurring

items (e.g. gains on disposals of assets) whemgamiing revenues are defined as the sum of ssdesnue and
other operating revenues.



tend to be accorded more weight since they havieehigaluation relevance (e.g. Bartov &
Mohanram, 2014).

Another related strand of the literature establstmat the ability of an income statement
line item to predict future earnings depends onpitsition in the income statement (e.qg.
Fairfield, Sweeney, & Yohn, 1996). In particular,shows that line items closer to sales
revenue are more likely to help predict future eags. In this context, the misclassification of
revenue items can be employed to boost operatientes. Indeed, McVay (2006) observed
that firms may shift non-operating revenues upititeme statement but she left this type of
classification shifting for future research. Furthere, Curtis, McVay, and Whipple (2014)
provided some evidence of flagrant opportunism igtldsing core earnings. They showed
that managers disclose core profit without exclgditon-operating revenues especially in
cases when the inclusion of the latter allows tHermeet their core earnings’ benchmark.
Concern about reclassification has been shown ggnisations such as the Securities and
Exchange Commission (SEC). They were particularyri®d about the misclassification of
income statement line items such as improperly sigpvwnvestment income or gains on
disposals of assets as product or service reve®H€E,(2000). As an anecdotal example, a
global electrical engineering company ABB that baanches in countries such as the USA
and the UK was able to misclassify continually rewes from the sale of fixed assets as
operating revenues (Jones, 2011). Another exaragdM which shifted revenues from non-
recurring items (gains on asset sales) up the iecstatement to inflate core earnings
(Bulkeley, 2002).

Firms may have more incentives to inflate opagatievenues than to understate core
expenses through misclassification. This is becans@crease in operating revenues is more
valued by investors than a decrease in core expdEsgmur, Livnat, & Martikainen, 2003;

Marguardt & Wiedman, 2004). Furthermore, analyssué¢ forecasts for sales revenue in



addition to core earnings. Managers can more ngaddet both of these forecast targets by
shifting non-operating revenues to sales operatavgnues rather than misclassifying core
expenses as non-recurring expenses. Kinney andeviaetz (1997) and Weiss (2001)

document that firms are more likely to decrease-neanrring gains to influence investors’

perceptions by providing a signal that their eagaiare mainly based on recurring operations.
These firms may reduce transitory gains by shiftihgm to operating revenues. Existing

studies find that operating revenues are overettunaia real earnings management by
offering price discounts or more lenient creditmsr(e.g. Gunny, 2010; Roychowdhury,

2006). Examining classification shifting of revesummplements the previous work and can
help market participants by alerting them to potéréarnings management using revenue
shifting for inflating operating revenues when anfidoes not disclose the components of
operating and non-operating revenues in its anmepbrt. These factors highlight the

importance of examining classification shifting oévenues in addition to expense
misclassification.

We examine classification shifting of revenuesha tontext of the UK for two reasons.
Firstly, UK firms followed Financial Reporting Stdard No. 3: Reporting Financial
Performance(FRS 3) to prepare their income statement underGAAP from 1993 until
International Financial Reporting Standards (IFR8yption. FRS 3 required companies to
show operating profit and revenues (sales) sulstateparately on the face of the income
statement but it did not prescribe revenue categofPWC, 2013). Thus, how they were
defined was subject to managerial judgement suggestat firms may have shifted non-
operating revenues such as rental income, ancilavgnues, and investment income to
operating revenues. Under FRS 3, firms were algqaired to distinguish between operating
and non-operating exceptional items and to show the latter on the face of the income

statement. This suggests that FRS 3 offered sompestor managements’ opportunistic



discretion regarding operating exceptional itemg.(€hoi, Lin, Walker, & Young, 2007),
and hence firms may have used non-operating regefiasn such non-recurring items for
revenue shifting. Consequently, the flexibilityafied by FRS 3 makes the UK an interesting
candidate for examining classification shiftingrefenues.

Secondly, UK firms listed on the main stock excleahgve followed IFRS since 2005
whereas those quoted on the Alternative Investrivtamket were required to adopt IFRS only
from 2007 (Brochet, Jagolinzer, & Riedl, 2013). FRAS 1) has very limited disclosure
requirements and guidance for non-recurring itemst aonly states that an entity should
disclose such items either on the face of the ircstatement or in the notes when they are
material (Zalata & Roberts, 2016). Furthermorerdhe a specific standard on revenue, I1AS
18, which defines revenue as ‘the gross inflow adiromic benefit during the period arising
in the course of ordinary activities.” This, as Meb(2012) has pointed out, allows
management the opportunity to determine what cies revenue. This issue is exacerbated
because IAS 18 does not define the term ‘ordinativities’, thus giving managers scope to
decide what items should be regarded as arising their ordinary activities. Consequently,
these aspects of IFRS suggest that it offers higitutie for the misclassification of the
income statement items, and therefore focusinghenUK offers scope for investigating the
impact of IFRS on classification shifting of revexsu

We develop an expectation model for decomposingabipg revenues into expected and
unexpected components similar to McVay’s (2006eaearnings model. Drawing on 12,804
firm-year observations from all UK listed firms fdre 1995-2014 period, we find that non-
operating revenues are associated with an unexpastein operating revenues. We also find
that this increase in operating revenues reverstigeisubsequent year. Together, these results
provide evidence that firms shift non-operatingemyes to operating revenues, consistent

with classification shifting of revenues. The résudhow that firms engage in such activities



to a greater extent after mandatory IFRS adoptsuggesting that the latter offers more
latitude for these practices compared to UK GAARisTevidence supports Zalata and
Roberts (2017) who document that IFRS allows fittmbave more managerial discretion on
the classification of non-recurring items. Furthests reveal that firms reporting operating
losses or firms with low growth employ a greategrée of classification shifting of revenues.
Overall, the results suggest that firms engagdassdication shifting of revenues to increase
operating revenues.

This study contributes to the earnings managenitemature in several ways. First, we
extend the classification shifting literature byinge the first to provide evidence that
misclassification takes place not only among expeitsms (e.g. McVay, 2006) but also
among revenue items. Second, we extend the magyd#®S adoption and earnings
management literature (Doukakis, 20bf)providing evidence that IFRS increases the @ise o
classification shifting among revenue items. Finakxisting studies identify factors that
affect the extent of using real (accruals) earnmgsagement or expense shifting (Fan & Liu,
2017; Roychowdhury, 2006). We extend this line edearch by providing evidence that
classification shifting of revenues is more pervasamong firms that report operating losses
or have low growth.

This study proceeds as follows. Section 2 revidwesliterature and develops the main
hypotheses. Section 3 describes the research designdiscusses the data and sample.

Section 4 reports the empirical results and Se&ioancludes.

2. Literaturereview and hypothesis development

2.1. Literature review
Existing studies have examined three earnings nemegt tools (e.g. Jones, 1991,

Roychowdhury, 2006). These are accruals managemealt, earnings management, and



classification shifting. The latter has been the main focus of severahtempers and McVay
(2006), using a sample of US firms, was first talgpe the possibility of shifting items
intentionally within the income statement. The maulvantage of classification shifting is
that it does not change bottom line earnings ares dmt affect long term firm value unlike
discretionary accruals and real activities manipora This may limit the scrutiny of auditors
and regulators. McVay finds that firms engage iassification shifting to increase core
earnings by examining the relationship between earaings and income-decreasing special
items. She explains her results as being due tghltng of core expenses from the cost of
goods sold and selling, general, and administragixgenses to income-decreasing special
items. Consistent with these results, Fan, Baruaady, and Thomas (2010) find that US
firms use classification shifting and that managdst core expenses to income-decreasing
special items to a greater extent when they cammaipulate earnings through accruals.
Furthermore, Barua, Lin, and Sbaraglia (2010) daninthat US firms employ expense
shifting using discontinued operations in addittorspecial items to increase core earnings.
These studies examine classification shifting gbezses which allow firms to inflate their
core earnings. However, classification shifting naso be possible by misclassifying non-
operating revenues as operating revenues. Thisestgythat abnormal core earnings might
also be driven by the potential for manipulatiomgsclassification shifting of revenues.
Several studies test whether firms outside the Ws8age in classification shifting.
Athanasakou, Strong, and Walker (2009) examinausigeof classification shifting under UK
GAAP. They find that large firms shift small corgpenses to operating exceptional or to
other non-recurring items to overstate core eamitty meet earnings targets. Zalata and
Roberts (2016) test expense shifting for UK firmeder IFRS and their results show that

firms misclassify recurring expenses as non-reegritems to inflate core earnings. These

2 Dechow and Skinner (2000) and Kothari (2001) cendtudies that review the discretionary accrisdsature
while a review of the real earnings managemenlitee can be found in Xu, Taylor, and Dugan (2007)



studies suggest that UK GAAP and particularly IFg¥fer scope for UK firms to misclassify
income statement line items. This implies that Ukng may also use revenue shifting to
increase core earnings. Thus, their results majukeo the classification shifting of revenues
as they examine the association between core garaind total non-recurring items to test
expense shifting.

Fan and Liu (2017) extend the reclassificatioreaesh by showing that firms have
incentives not only to inflate core earnings bioabverestimate other top income statement
line items. In particular, they find that firms mliassify cost of goods sold as income-
decreasing special items to improve their grosgmai heir results underline the importance
of managing top income statement line items, inmgythat firms may be motivated to inflate
operating revenues via classification shifting. s important contribution of their study is
that they decompose core expenses into cost ofsgsotd and selling, general, and
administrative expenses unlike prior classificatsbrifting studies. Their results indicate that
firms shift core expenses both from cost of goard and selling, general, and administrative
expenses to income-decreasing special items fotimydgeating zero core earnings, prior

period core earnings, and analyst forecasts.

2.2. Hypothesis development
This study extends the classification shifting ritere by examining whether firms

misclassify revenue items to increase operatingmegs. Firms are likely to have incentives
to misclassify non-operating revenues as operagngnues in addition to expense shifting
for a number of reasons. First, classificationtsigf of revenues inflates operating revenues
while expense shifting decreases operating expergesncrease in operating revenues is
likely to be more appealing to investors than cexpense reductions. Anthony and Ramesh
(1992) and Ertimur et al. (2003) find that investaalue a dollar of operating revenues

surprises more highly than a dollar decrease ia egpenses. Moreover, Bradshaw and Sloan



(2002) and Davis (2002) document that investorse givore value to the sales revenue
subtotal or to those individual line items in tlreome statement that are close to it. This
suggests that operating revenues subtotal is otieeddey indicators that investors consider in
assessing a firm’s financial performance. Secomalyats issue not only core earnings
forecasts but also sales revenue forecasts. Thigcatipn is that if firms engage in revenue
shifting they can meet sales revenue and earnmgedsts while expense shifting does not
help them to meet both of these forecasts. Thivdsé firms that have transitory gains are
likely to reduce them to signal that their incoreamiainly based on operating earnings. Such
firms can reduce their transitory gains by shiftthgm to operating revenues. Kinney and
Trezevant (1997) document that firms with gainsfneon-recurring operations tend to report
them in footnotes rather than on the income stater® shift attention away from the
transitory nature of these items. Consistent witis, tWeiss (2001) find that firms try to
decrease their transitory gains by recognizing nmeaecreasing special items. Fourth,
showing gains from non-recurring items as partai-nperating activities reduces operating
earnings which may not allow firms to meet/beateca@arnings benchmarks. Shifting
transitory gains to operating revenues may enabtes fto achieve core earnings targets. Hsu
and Kross (2011) document that firms predominaielglude transitory gains in core
earnings; particularly they do this when the indaosof such items helps to meet/beat zero
core earnings or prior period core earnings. Sim#aults are found by Curtis et al. (2014)
who provide evidence that some managers expliditglose core profit but exclude non-
recurring expenses while including transitory gains

While the above suggests that firms have incenfimesngaging in classification shifting
of revenues, it is an empirical question as to tvethey have the opportunity to do so. The
scope for firms’ revenue shifting practices depermuts the flexibility or strictness of

accounting standards. UK GAAP (FRS 3) required dirta disclose operating profit and



revenues (sales) subtotals separately on the fatkeoincome statement (Lin, 2006). It,
however, did not prescribe revenue categories imglthat their definitions were subject to
managerial judgement. This suggests that FRS 3 hwwe offered opportunities for
management to classify non-operating revenues asicéntal income, ancillary revenues, and
investment income as operating reventes.

FRS 3 also required companies to distinguish betweeome from operating and non-
operating exceptional items and to show the lattethe face of the income statement while
the former either as footnotes or in the incomeestant. Specifically, it required that two
types of income from non-operating exceptional geprofits on the sale or termination of an
operation and profits on the disposal of fixed tsste be separately disclosed after operating
profit on the face of the income statement. Thelicapon is that FRS 3 had more flexible
disclosure requirements for income from operatimgeptional items than non-operating
exceptional ones. Athanasakou, Strong, and Wal@®d71) show that operating exceptional
items have a broad scope under FRS 3 which allawss fflexibility in the classificatory
choices of such items. They find that FRS 3 in@edke practice of classificatory smoothing.
The latter result is extended by Athanasakou, $tramd Walker (2010) who show that
flexibility in classificatory choices over except@l items affects managers’ preferences for
the technique to use in income smoothing. Chan,dmd Strong (2011) find that FRS 3 is an
effective standard that constrains discretionargrsds but not classificatory choices over
exceptional items. Furthermore, companies wereired|io show gains from discontinued
operations in the income statement under FRS 3thwitrestrictive definition used for
discontinued operations created room for managdisaretion. Choi et al. (2007) document

that FRS 3 improves transparency with regard to-operating exceptional items but still

% Ancillary revenues are generated from the saleroflucts (services) that are not the main prod{semsrices)
of the company. For example, baggage fees anddodtverage sales at petrol stations are ancit&rgnues
for airline and oil firms, respectively.
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offers some latitude for managements’ opportunisticscretion regarding operating
exceptional items and discontinued operations. dakgether, these factors suggest that,
under FRS 3, non-recurring items such as gains fi@oontinued operations and income
from operating exceptional items (e.g. net foreigxchange gains) offered scope for
classification shifting of revenues.

In contrast to FRS 3, IFRS requires firms to disel@ales revenue but not operating
profit in the income statement. IFRS, IAS 18 revemecognition defines those transactions
as revenue arising from the ordinary activitiegofentity. It captures revenues from the sale
of goods, the rendering of services, and the usethgrs of entity assets giving rise to
interest, dividends and royalties. Nobes (2012uesgthat the standard is too broad and
should exclude items such as interest or dividdretause they are not revenue as such but
instead should be included as a component of incé&neonsequence of IAS 18 defining
revenue as all-inclusive is that it allows scopeni@nagement to determine what is classified
as revenue. IFRS (IAS 1) also does not requiresfitonpresent finance income separately on
the face of the income statement and allows thermase their own judgments on the
classification of such itenfsThis lack of guidance and requirements may alloms to
engage in classification shifting of revenues bgssifying dividends or interest income as
part of operating revenues. For example, Europeletdmmunication company Deutsche
Telekom AG classified dividends received as parbpérating activities in the cash-flow
statement in 2006 taking advantage of the flexibiln cash-flow classification under IFRS
(Gordon, Henry, Jorgensen, & Linthicum, 2017). Altlgh the company did not disclose
where in the income statement they reported didderceived, the fact that they reported it
as part of operating activities in the cash-floatestent suggests they included it as part of

other operating income. Furthermore, IFRS doesreqtire companies to disclose other

4 An entity may include finance income in operatiegenues or in other income subtotals dependinthen
view they take.
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operating profit or other income subtotals but \aothem to do this without providing
detailed guidance. Zalata and Roberts (2017) dootthat although companies contend that
they disclose different types of subtotals alloweti not required by IFRS to help investors to
understand their profitability, such disclosuresymaslead investors. This flexibility is likely
to offer scope for management to move income setémems between different subtotals
based on their judgement. For instance, Next pli(aal Report, 2012) shows rental income
from operating leases as part of the top incoméersient line item while Morrison
Supermarkets (Annual Report, 2013) shows it asqiarther operating income.

The requirements for non-recurring items are mdegilile and less rigid under IFRS
than under UK GAAP. IAS 1 merely provides firms lwiguidance by stating that an entity
should disclose non-recurring items either on #ue fof the income statement or in the notes
when such items are material. Zalata and Robe@&6(2show that IFRS is less prescriptive
regarding the disclosure and treatment of transitems than UK GAAP. The implication is
that IFRS may encourage firms to classify trangiggains (e.g. gains from the sale of assets/
investments) as operating revenues without disofpsiiem. Alternatively, companies may
disclose non-recurring gains but not necessarilgaas of non-operating revenues depending
on the view they take about such items allowed FiRS. For example, one of the world’s
leading electric utility firms, E.ON, following IFR shows gains on the disposal of equity
investments and securities as well as those odigpesal of property, plant and equipment as
part of operating revenues (Annual Report, 2014yer@ll, IFRS permits companies to
determine operating revenues and non-operatingnuege based on the nature of their
operations (PWC, 2013). This in turn is likely teate scope for potential classification
shifting of revenues.

In summary, the above discussion suggests thatsfih@ve flexibility to employ

classification shifting of revenues and the oppaties for this are greater after the

12



introduction of IFRS. Furthermore, this earningsnagement method may not be subject to
extensive scrutiny by auditors. This is becausecthssification of some revenues can be
subjective due to the flexibility afforded by stamds which may limit auditors’ ability to
challenge managements’ classification. Beattierriten, and Hines (2015) in their interviews
with auditors find that when they discussed a paldr accounting treatment a major concern
was whether the treatment complied with the acdogntstandards or rules. Also,
classification shifting of revenues does not chabgt#tom-line income which auditors may
perceive as less important and therefore they mpaynds less audit effort in identifying or
adjusting such misclassification (Nelson, ElliétTarpley, 2002). Thus, we expect that firms
engage in revenue shifting to inflate their opegtievenues. We also conjecture that IFRS
increases this practice as it offers greater sémpelassification shifting of revenues than UK
GAAP, particularly due to its more flexible requirents for non-recurring items and higher
flexibility in classification choices in revenuecagnition. More formally:

H1: Firms engage in classification shifting of revenums classifying non-operating

revenues as operating revenues.
H2: Firms classify more non-operating revenues asabipgr revenues in the post-IFRS

period compared to the pre-IFRS period.

3. Research design and data

3.1. Measuring classification shifting of revenues

In this section, we develop a methodology to meastassification shifting of revenues.
We expect that operating revenues of firms aratedl in the year in which the components
of operating and non-operating revenues are neotodisd. We model the level of operating
revenues and anticipate that unexpected operatimgnues (reported operating revenues -
defined as sales revenue plus other operating vegenless expected operating revenues) in

yeart increase as non-operating revenues in yedcrease if managers use classification

13



shifting of revenues. Thus, we expect firms thajage in classification shifting of revenues
to have higher than expected levels of operatimgmees in yeat. An alternative explanation
for why non-operating revenues are negatively agtst with unexpected operating revenues
is because of real economic reasons. We distindugislieen the two alternative explanations,
misclassification and economic reasons, by adoptiegapproach taken by McVay (2006)
and testing if an increase in operating revenugsrses in the following period. Further
details of this are provided in section 4.4.2.

We develop the following model to estimate the expa level of operating revenues:

ORiy __ 1 ORit—1
AT; _a0+ﬁ1AT- +ﬁ2AT-
,t—1 ,t—1 i,t—2

+ ﬁSMTBi,t—l + ﬁ4

ARjt—1 ARt
— + —+ ¢ 1
AT, ﬁS ATy it ( )

whereOR ;1 is operating revenues for firmn yeart, defined as the sum of sales revenue and
other operating revenueAT;.; is total assetIMTB;; IS the market-to-book ratiAR ; is
accounts receivable.

We construct model (1) based upon the factorsdtetikely to affect the expected level
of operating revenues. Our first main variable agged operating revenue®K ;). We
include this variable to control for operating remes persistence, consistent with the
approach taken by McVay (2006) who uses past careirggs to predict current core
earnings. In general, previous year’'s operatinggmees are likely to be a good proxy for
predicting the following year’'s operating revenué&kis, however, may be a noisy predictor
of future operating revenues for high growth firm$actor that is not directly considered in
the McVay (2006) core earnings model. In an attetmpemedy this deficiency, we include a
lagged market-to-book ratioM(TB;.1) to control for growth opportunities (Abdelsalam,
Dimitropoulos, Elnahass, & Leventis, 2016; Roychbwy, 2006). Next, we include lagged
accounts receivableAR1) as Sloan (1996) finds that current accruals azgatively

associated with future earnings performance. Sowremodel is concerned with estimating

14



operating revenues, it is more appropriate to ussoumts receivable rather than total
accruals because the former is likely to be more direathated to operating revenu®s.

DeAngelo, DeAngelo, and Skinner (1994) find thatréhis a positive correlation between
extreme performance and accrual levels. This suggigst firms with unusually high
operating revenues are likely to have high accoredsivable. We, thus, also include current-
year accounts receivabl@R ;) in our model. Moreover, a large value for acdeurceivable
can also be due to accruals earnings managemersatite inclusion of this variable should
ensure that we only capture any excess operatmgnoes associated with classification
shifting of revenue$.The inclusion of lagged and current accounts wed#¢ are in line with
the approach taken by McVay (2006) with the exagpthat she uses past and current total
accruals in her model. Similar to studies thatnesté earnings management measures, we
further include a scaled intercept (e.g. Fan & L2a017; Gunny, 2010; Roychowdhury,
2006)® This helps to avoid a spurious correlation betwsealed operating revenues and
scaled accounts receivable due to the variatidgharscaling variable, total assets. Finally, we
scale all variables by lagged total assets. We thee latter as a deflator following
Roychowdhury (2006) and Fan and Liu (2017) who tgvenodels for the expected level of
core expenses.

We estimate model (1) cross-sectionally for eacklustry-year to control for

macroeconomic and industry shocks similar to o#@nings management models (e.g. Fan

®> The main results do not alter if we use workingitzd accruals or total accruals instead of accouateivable

in model (1). We also tried a model including thaiege in accounts receivable as an independemti@rand
obtained similar results.

® Stubben (2010) also uses accounts receivablerriiidne total accruals in his model which is desijteedetect
revenue management via premature revenue recagnitiere the latter is defined as sales revenuegréned
before cash is collected using an aggressive ooriiect application of Generally Accepted Accounting
Principles.

" This, however, may not directly control for firmatcruals management practices to inflate operasimgnues.
Furthermore, the latter can also be manipulated ndal earnings management (e.g. Gunny, 2010;
Roychowdhury, 2006) and thus we directly contral ffoms’ accruals and real earnings managementtipesc
when we regress unexpected operating revenuesrenperatingevenues.

8 Our main results do not change if we do not ineltite scaled intercept.
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& Liu, 2017; McVay, 2006). Unexpected operatingeeues are calculated as the difference
between reported and expected operating revenuesewhe latter are estimated using the

coefficients from model (1).

3.2. Regression model

Hypothesis 1 states that firms reclassify non-dpegarevenues as operating revenues.
Since we anticipate that unexpected operating @&rncrease as non-operating revenues
decrease if managers use classification shiftingeeénues, the former is regressed on the

latter along with the control variables to test Hipesis 1. The regression equation is:
UE_ORi't = ao + alNORi’t + azA_CFOi't + a:;A_DISXi’t + a4A_PRODi’t + asA_ACi’t + gi,f (2)

whereUE_OR¢is unexpected operating revenues for firm yeart; NOR; is non-operating
revenues, defined as income-increasing specialsitend discontinued operations plus
foreign exchange gains plus interest and relatednre plus other non-operating income
including rental income divided by lagged totaledss This shows aggregated revenues that
firms report from non-operating activities. Hypagigel predicts a negative coefficient tor

in regression (2).

Classification shifting studies in general do nee wcontrol variables following the key
paper by McVay (2006). They, however, do not dlgeconsider the possibility that their
results might be affected by other types of eaminganagement methods namely, real
earnings management and accruals managementdeas, 1991; Roychowdhury, 2006). As
we test whether firms inflate operating revenuesugh classification shifting, we need to
control for firms’ real activities manipulation arstcruals management practices that may
affect operating revenues. For instance, firms malgage in real earnings management by

offering price discounts or more lenient creditmierwhich in turn inflates sales revenue.

° Special items capture the major types of nonstamyiitems including operating exceptional items.
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Consequently, we add proxies for real activitiesipalation and accruals management as
control variables to regression model (2). Morec#mally, abnormal levels of cash flows
from operations A CFQ;), abnormal levels of discretionary expensés [§ISX:), and
abnormal levels of production cos#s PROD,)'° are included as controls for the measures
of real earnings management (Roychowdhury, 2006)ewdlonormal levels of accruals
(A_AG)'" are added to control for the proxy of accruals agement (Dechow, Sloan, &
Sweeney, 1995¥ Finally, we add year indicator variables to cohfow timing effects (Haw

et al., 2011; Zalata & Roberts, 2016).

Hypothesis 2 states that firms classify more noerafing revenues as operating
revenues in the post-IFRS period compared to tedRRS period. To test this, we add an
indicator variableJFRS that is equal to one for observations reportinder IFRS and zero
otherwise, and its interaction with the non-opa@tievenue$NOR)variable to the previous

regression model (2). Accordingly, the new reg@ssiquation is:

1 A_CFQ,, A DISX; and A_PROD; are the residuals from the following regressiostineated cross-
sectionally for each industry-year, respectively:

CFO;; 1 Sit ASi¢
—==a,+p; + P+ P tey
ATit—q ATit—q ATjt—q ATt ’
DISX;¢ 1 Sit—1
=gt i+ P tey,
ATt ATt ATt ’
PROD;; 1 Sit AS; ¢ AS;r_q
—==ay+p +h =+ i+t e,
ATit—1 ATit—1 ATit—1 ATit—q AT;

whereCFQ; is cash flows from operations for firnin yeart; AT;.., is total assets3;is sales revenu®ISX; is
discretionary expenses, defined as selling, genanal administrative expenses plus R&D experBBHD; is
production costs, defined as cost of sales plusgién inventory.

A _AG, is the residual from the following regression mstied cross-sectionally for each industry-year:

TAj¢ 1 ASAj ¢

PPE;;
e =ay+ b e + B, +
it—1 it—1

ATjt—1 + B ATt it

where TA; is total accruals for firmi in yeart, calculated as earnings before extraordinary itemd
discontinued operations minus cash flow from openat ATi,, is total assetsASA; is the change in sales
revenueminus the change in accounts receivaBIRE; is the gross value of property, plant and equigmen

2 Our main results do not change if we use workiagital discretionary accruals rather than abnoriwiil
accruals as the measure for accruals management.
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UE_OR;, = ag + &;NOR;; + a,IFRS;, + asNOR;, X IFRS;, + a,A_CFO;, + asA_DISX;, +

a6A_PROD; + ayA_AC;, + &;, )3

Hypothesis 2 predicts a negative coefficientdgiin regression model (3).

3.3. Data and sample

Data are obtained from Compustat Global for all {di€ad and live) listed firms for the
period between 1994 and 204 The sample period begins in 1994 because UK finae
required to follow FRS 3 (UK GAAP) after June 2398 until mandatory IFRS adoption. It
is required that firm-years have positive operatiegenues and total assets. Following prior
studies, we exclude financial and utility firms hase the former have a different financial
reporting environment and the latter have more iptadle earnings growth. The estimation
of the expected operating revenues requires twosy&fdagged data and as a result, the data
for 1994 are lost. Finally, to make sure that weehaufficient data for the estimation of
expected operating revenues, we require, followktiganasakou et al. (2009), at least 6
observations per industry (Global Industry Clasatiion Scheme) year. We winsorize all
variables at the 1 percent and 99 percent levelslitminate the impact of outliers.
Consequently, our final sample contains 1,786 fiamd 12,804 firm-year observations.

Table 1, Panels A and B show the descriptive sizgi®f the main variables for the full
sample and the pre- and post-IFRS periods, resgéctiPanel A indicates that the median
(mean) of unexpected operating revenues is -0.0080).

[Table 1 around here]
The median (mean) of non-operating revenues iS0@M18) as shown in Panel A, implying
that firms report small revenues from non-operaacgvities. Turning to Panel B, we find

that the median (mean) non-operating revenuegysfisiantly smaller (larger) for the post-

3 Dead firms are included across the test perialtid survivorship bias.
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IFRS period than the pre-IFRS periddRegarding the median (mean) unexpected operating

revenues, there is no significant difference betwtbe pre- and post-IFRS periods.

4. Empirical results

4.1. Main analysis

Table 2, Panels A and B provide univariate analgsid regression results for testing
classification shifting of revenues, respectively.

[Table 2 around here]

Panel A shows that how unexpected operating rewe(uie OR vary across the different
quintiles of non-operating revenudd@R. Firms in the first and second quintiles of non-
operating revenues have positive means but negatadians with the values of the latter
being close to zero for unexpected operating resentihe mean and median for unexpected
operating revenues increase and both become positithe third quintile. The results for
these quintiles can be explained by the firm urademg revenue shifting and reporting small
non-operating revenues but having, on average, pgo¢ed high operating revenues. The
mean (median) unexpected operating revenues becosgsive from the fourth quintile
although it is close to zero for the latter. Howgtke mean (median) is large and negative in
the fifth quintile. In these later quintiles firmtgave economically more significant non-
operating revenues relative to the prior three tijasr> Overall, the results suggest that firms
reporting small non-operating revenues, on aver&gee positive unexpected operating
revenues while those reporting relatively large -operating revenues have negative

unexpected operating revenues.

14 Although firms in our sample, on average, reparh-nperating revenues both in the pre- and posSIFR
periods we further check the frequency of disclgsinch revenues in these periods. For examplejndettat
only 1,676 sample firm-year observations do noluide interest and related income which is one efrtiain
components of non-operating revenues. Of this,t@t88B0 were in the post-IFRS period. Furthermass, firm-
year observations, that exclude interest and ikiame, include revenues from other non-operaittiyities.

!5 The results for the fifth quintile might be duegconomic reasons where firms which are perforrpiogrly
restructure their operations creating large noratpey revenues whilst their operating revenuesiadining.
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The regression results in column (1) of Panel Bastiw findings without using controls
variables to be consistent with existing classifara shifting studies (e.g. McVay, 2006).
Column (1) indicates a significantly negative asstban between unexpected operating
revenues andNOR at the 1% significance lev&. This implies that firms engage in
classification shifting of revenues by misclassifyinon-operating revenues as operating
revenues. We also find very similar results for ooain model that controls for firms’
accruals and real earnings management practicesd@sited by the significantly negative
coefficient onNORin column (2). The coefficients ddORare also economically significant
in both columns but that in column (2) decreasemfr0.484 to the slightly lower value -
0.373 when we account for the potential effectstber earnings management practices. The
results are consistent with the proposition thataricial statement users value income
statement line items differently and give more edi operating revenues items (Bradshaw &
Sloan, 2002; Davis, 2002). Overall, the resultjg® evidence in line with Hypothesis 1 that

firms engage in classification shifting of reventgns.

4.2. The effect of IFRS on classification shifirigevenues
Table 3 provides regression results for testingeffect of IFRS on classification shifting

of revenues.

[Table 3 around here]
The table shows a significantly negative assoaialietween unexpected operating revenues
andNOR implying that firms misclassify non-operating eenves as operating revenues. The
post-IFRS effect is explained by the sum of theffa@ents on theNOR and NORXIFRS
variables. TheNORXIFRS coefficient is significantly negative for unexpedt operating

revenues and also economically significant. It ¢atiks that firms employ classification

'8 Table 2 shows that adjust&fis 0.4% in column (1) while it is 1.7% in column)(These are consistent with
those reported in existing classification shiftstgdies (e.g. Fan & Liu, 2017; McVay, 2006).
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shifting of revenues to a greater extent after m#org IFRS adoption. The coefficient for
NORis -0.161 and that oNORXIFRSis -0.337. Thus, the overall effect of non-opergtin
revenues for the post-IFRS period is -0.498 (-0:0&B7). This demonstrates that IFRS

adoption increases the use of classification sigftif revenues and supports Hypothesis 2.

4.3. Firms with strong managerial incentives

Existing classification shifting studies show tffiains with strong managerial incentives
such as meeting analyst core earnings forecasfsiar period core earnings use expense
reclassification to a greater extent (Fan & Liu,120 McVay, 2006). Firms may use
classification shifting of revenues to a greategrde when the benefits of misclassification
are higher, such as, those situations where opgregvenues are value relevant. The latter is
the case for firms reporting losses (Kama, 2004, 0 we expect that such firms are likely
to engage in classification shifting of revenuesatayreater degree to inflate operating
revenues. The benefits of using revenue shifting aiso be considerable for firms with low
growth opportunities. This is because low growtin§ are likely to be less closely monitored
than high growth firms (Lai, 2009). We, therefoexpect that firms with low growth
opportunities, as measured by low growth in propeplant, and equipmeHt employ
classification shifting of revenues to a greateteek Alternatively, one might argue firms
with high growth use more classification shiftinigrevenues than their counterparts with low
growth as sales growth is important for the fornrersecurities valuation. To test these
conjectures, we create the following indicator &bles.LOSSis equal to one for firm-years
that have operating losses, and zero otheriid®Y GROWTHs equal to one for firm-years
that have a change in property, plant, and equiproelow the sample median, and zero

otherwise. We add these indicator variables and theeractions with the non-operating

" We also use alternative measures of growth oppities such as market-to-book ratio, R&D expenses a
sales growth, and obtain similar results.
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revenuegdNOR) variable to regression model (3). The resultsstu@vn in Table 4, column
(1)

[Table 4 around here]
The column shows significantly negative coefficienttheNORxLOSSinteraction variable.
The implication is that firms reporting operatings$es engage in classification shifting of
revenues to a greater degree. Column (1) indicdted the coefficient on the
NORxLOW_GROWTHinteraction variable is significantly negative, gegting that low
growth firms use classification shifting of revesu® a greater extefft.We find similar
results when we test whether firms with operatwgsés and firms with low growth employ
more revenue shifting separately as indicated langos (2) and (3). Overall, it appears that
classification shifting of revenues is more pervasamong firms that report operating losses

or have low growth.

4.4. Robustness checks
4.4.1. Alternative specifications for the operatnegenues expectation model
We include accounts receivable in the operatingmaes expectation model to control

for extreme performance. McVay (2006) documents ltlea core earnings expectation model
may give biased results due to the inclusion adltatcruals. Specifically, she argues that
noncash income-decreasing special items are paotaifaccruals and the use of the latter in
the expectation model may lead to a mechanicalioakhip between the income-decreasing
special items and unexpected core earnings. Irsiugty, we may also have a similar issue
since accounts receivable which we use for estilgaiinexpected operating revenues may

include receivables from non-operating activities.addition, there may be several factors

8 We also directly test the alternative view thamé with high growth use more classification shijtiof
revenues by adding an indicator variabttGH GROWTH whichis equal to one for firm-years that have a
change in property, plant, and equipment aboveséimeple median and zero otherwise, and its int@matith
the non-operating revenu@eOR) variable to regression model (3). The results dbsupport this alternative
view.
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other than the ones we consider in our expectatiodel that affect operating revenues and
the omission of these factors may influence oummesults. These factors include the change
in inventories and the change in property, plant aquipment. Thomas and Zhang (2002)
document firms with inventory increases have higirewth in operating revenues over the
prior five years and this trend reverses afterctienge in inventory. An increase in property,
plant, and equipment in ye&d is likely boost operating revenues in yéarhis is because
firms may buy new fixed assets to increase prodadt the following year.

Considering the above issues, we test the validitpur main results by estimating
unexpected operating revenues using three alteenapecifications. The first alternative
specification excludes current-year accounts red¥es from the operating revenues
expectation model as they may contain receivabtea hon-operating revenues. The second
specification replaces current-year accounts retdgvwith current-year production costs and
discretionary expenses in the expectation modeksihe latter two items are likely to affect
operating revenues. The third alternative spediboaincludes the change in inventories in
yeart-1 and the change in property, plant, and equipmenyeiart-1'° in the operating
revenues expectation model as they may affect bpgreevenues. We regress these three
sets of alternative dependent variables on nonabipgr revenues along with the control
variables used in the main analysis. The resutpeesented in Table 5, Panel A.

[Tald, Panel A around here]
The table shows significantly negative coefficeeah theNORVvariable in all columns. These
results indicate that firms reclassify non-opemtisvenues as operating revenues under all
sets of alternative variables used to calculatpeeted operating revenues, which is in line
with classification shifting of revenues. This segts that our main findings are not sensitive

to the alternative specifications for the operategenues expectation model.

% The results do not change if we use the changayital expenditures in ye#sl rather than the change in
property, plant, and equipment in yedr.
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4.4.2. Real economic changes as an alternativeaeqgibn

In this paper, evidence of classification shiftofgrevenues is presented by documenting
that there is a negative relationship between ueebep operating revenues and non-operating
revenues It is possible, however, that such negative assoonids due to real economic
changes. For instance, poorly performing firms ndéggpose of unprofitable segments or
subsidiaries which in turn are likely to increaseng from asset disposals. Alternatively, they
might use the assets of these segments or sulssdtargenerate other sources of income,
such as rental income, which would result in arrdase in non-operating revenues. Both
cases would yield a negative association betweexpetted operating revenues and non-
operating revenues. In order to distinguish betwegmmings management and real economic
changes, we examine whether an increase in opgra@wenues associated with non-
operating revenues in yeareverses in yeatr+1 in a similar vein to other classification
shifting studies (e.g. Fan & Liu, 2017; McVay, 200@hich also consider alternative
explanations for their expense shifting evidenceeyersal of the improvement in operating
revenues is consistent with a firm’s temporary sifasation shifting practices rather than with
real economic changes as non-operating revenuekessdikely to arise again in the next
year. To test this issue, we first estimate unetgaechange in operating revenues in year
by including change in operating revenues in yehin our operating revenues expectation
model (1) and replacing the dependent variablepefating revenues in yeawith change in
operating revenues in yeerl. We then regress unexpected change in openausnues in
yeart+1 (UE_4OR) on non-operating revenues in yeéalong with the control variables used
in the main analysis. A negative relationship bemvehem supports classification shifting of
revenues as it indicates there is a reversal ifdll@ving year whereas a positive relationship
supports the persistence of real economic chafgesresults are presented in Table 5, Panel

B.
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[Tal8, Panel B around here]
The table shows that there is a negative relatiprisdtween unexpected change in operating
revenues in year+1l and non-operating revenues in yearhis implies that firms engage in
classification shifting of revenues to inflate ogtérg revenues and this reverses in the
following year. Overall, the findings suggest tloair main results should be due to firms’

classification shifting of revenues practices.

4.4.3. Firms with zero non-operating revenues

We find that in our sample 940 firm-years have zeom-operating revenué$.Firms
reporting zero non-operating revenues might beottess that successfully shift all their non-
operating revenues to operating revenues. TabRafiel A indicates that such firms have
positive mean (median) unexpected operating rewemneile firms with non-operating
revenues have negative mean (median) unexpectedtiogerevenues.

[Table 6 around here]

Furthermore, firms with non-operating revenues haigmificantly higher mean (median)
non-operating revenues but significantly lower me@median) unexpected operating
revenues. This may lead to the expectation thatsfireporting zero non-operating revenues
employ revenue shifting to a greater extent thamir tbounterparts reporting non-operating
revenues. To test this, we create an indictor bhejZ ERO_NORthat is equal to one for
those firm-years that have zero non-operating r@egnand zero otherwise. We regress
unexpected operating revenues on this indicatoamar along with the control variables used
in the main analysis. Table 6, Panel B indicatest the coefficient orZERO_NORIs
significantly positive, suggesting that firms refioy zero non-operating revenues employ

more revenue shifting than those that report nograimg revenues.

20 Out of these, 586 firm-years have zero non-opegativenues in the post-IFRS period. This sugdhatsthe
frequency of non-disclosed non-operating revenne®ases following IFRS adoption.
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5. Conclusions

This paper examines a novel form of classificasbifting as an earnings management
tool. More specifically, it is the first study thalirectly investigates whether firms use
classification shifting of revenues by misclassifyinon-operating revenues as operating
revenues. Firms have incentives to employ this mdation method as financial statement
users value income statement line items differeatly they give more value to operating
revenues items (Bradshaw & Sloan, 2002; Davis, RO@®reover, an increase in operating
revenues is valued more highly by investors thacoaesponding decrease in operating
expenses (Ertimur et al., 2003; Marguardt & Wiedn2004). Using a sample of 12,804 UK
listed firm-year observations for the 1995-2014iqukr we find that firms engage in
classification shifting of revenues to inflate ogtérg revenues, in line with the incentives for
increasing such income statement line items.

The paper also examines the effect of mandatorySIFRIoption on the use of
classification shifting of revenues to determiné Has changed the scope for management to
engage in this particular form of earnings managenihe results indicate that firms engage
in classification shifting of revenues more to gmse operating revenues in the post-IFRS
period compared to the pre-IFRS period. This suggimsat IFRS offers more scope for the
misclassification of income statement items, ineliwith Zalata and Roberts (2017).
Furthermore, our supplementary tests show thasifileetion shifting of revenues is more
pervasive for firms that report operating losseshave low growth. Overall, the results
provide evidence that misclassification takes plageonly using expense items (Fan & Liu,
2017; McVay, 2006) but also using revenue items.

Our results have important implication for bothestors and accounting standard setters.
They can alert investors to a new earnings managgetoel using classification shifting of

revenues for inflating operating revenues. Thimst likely to occur when a firm does not
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disclose the components of operating and non-apgraévenues in its annual report. Our
findings imply that, for standard setters, mandattiRS adoption has not precluded the
opportunity with regard to the classification ofcaime statement items. The scope for
differing interpretations of revenue has recentigm recognized by IASB in their publication
of IFRS 15 Revenue from Contracts with Customerghvicomes in to force in 2018 and
seeks to improve consistency in the reporting gémee. Finally, although our results show
evidence of classification shifting of revenuedsipossible that strong corporate governance
or firms audited by the big four audit firms areteteed from engaging in such earnings
management method. We leave the investigationigftthfuture research. Given that the UK
is an interesting institutional setting but notque for examining classification shifting of
revenues, this research issue could also be iga¢sti in other countries. The USA would be
a particularly interesting setting because of th@nge in pro-forma reporting after Enron and
the introduction of the Sarbanes-Oxley Act (He#inHsu, 2008). One would expect that
greater revenue shifting occurs prior to the abewvents but this would need to be

investigated in a further study.
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Tablel
Summary statistics

Panel A: Descriptive statisticsfor the full sample

1) 2 ) (4) (5)

Variables Mean 95 Median 78 Std. Dev
OR; 1.389 0.727 1.188 1.770 0.965
OR 1 1.441 0.757 1.221 1.836 1.023
MTBit.1 7.483 0.896 1.941 4591 28.40
AR 0.239 0.103 0.199 0.320 0.191
AR 11 0.252 0.107 0.206 0.332 0.211
UE_OR; 0.000 -0.115 -0.003 0.111 0.266
NOR; 0.018 0.001 0.005 0.016 0.040
A_CFQ; 0.002 -0.053 0.002 0.065 0.121
A_DISX; -0.004 -0.151 -0.027 0.105 0.252
A_PROD; 0.000 -0.131 0.035 0.175 0.325
A_AG; 0.000 -0.042 0.006 0.052 0.105
Observations 12,804

Panel B: Descriptive statisticsfor the pre-lFRS and post-1FRS periods

Pre-IFRS period Post-IFRS period Difference in

Variables Mean Median Mean Median Means Medians
(t-test)  (Wilcoxon test)

OR; 1.480 1.289 1.307 1.093

OR 4 1.536 1.327 1.358 1.127
MTB, .1 3.602 1.777 10.94 2.245
AR 0.248 0.209 0.231 0.191
AR 1 0.262 0.218 0.242 0.197
UE_OR; -0.001 -0.006 0.000 -0.001

NOR; 0.017 0.006 0.019 0.004
A_CFQq 0.001 0.001 0.002 0.005

A_DISX; -0.003 -0.021 -0.005 -0.033 ’
A_PROD); 0.001 0.058 -0.001 0.019
A_AG;, 0.000 0.006 0.000 0.006

Observations 6,029 6,775

Notes:

This table reports the summary statistics of théatbes used in the study. Panels A and B show the
descriptive statistics of the main variables fa thll sample and for the pre- and post-IFRS pesjiod
respectivelyOR;is operating revenued|TB ;. is market-to-book raticAR; is accounts receivable,
UE_OR;is unexpected operating revenul§R; is non-operating revenues, CFQ; is abnormal
levels of cash flows from operations, DISX; is abnormal levels of discretionary expenses,
A_PRODy is abnormal levels of production cos#s, AG; is abnormal levels of accruals. See

ook [k [k

Appendix A for detailed variable definitions andlatdations. indicate significance at

1%/5%/10% (two tailed) levels, respectively.
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Table?2

Classification shifting of revenues

Panel A: Univariate analysis

NOR; UE_OR;
Quantiles Mean Median Mean Median
First (1) 0.001 0.000 0.005 -0.001
Second (2) 0.002 0.002 0.002 -0.001
Third  (3) 0.005 0.005 0.013 0.002
Fourth (4) 0.013 0.012 -0.001 -0.003
Fifth  (5) 0.069 0.041 -0.021 -0.022
Panel B: Testing classification shifting of revenues
(1) 2
Variables UE_OR; UE_OR;
NOR; -0.484*** -0.373***
(-8.141) (-6.199)
A_CFQ; 0.033
(1.558)
A_DISX; 0.093***
(9.239)
A_PROD; 0.037**
(4.674)
A_AG; -0.195%***
(-8.265)
Constant 0.002 -0.000
(0.139) (-0.023)
Year dummies Yes Yes
Observations 12,804 12,804
Adjusted R-squared 0.4% 1.7%

Notes.

This table shows our analysis for classificatioiftisty of revenues. Panel

A provides univariate analysis of classificationftéing of revenues. Panel

B shows regression results with year dummies fetirtg classification

shifting of revenuesUE_OR; is unexpected operating revenuBi©R; is

non-operating revenue#,_CFQ, is abnormal levels of cash flows from

operations, A_DISX; is abnormal levels of discretionary expenses,

A_PROD is abnormal levels of production cos#, AG; is abnormal

levels of accruals. See Appendix A for detailedialdle definitions and

calculations. t-statistics are reported in parenthesés.”

indicate

significance at 1%/5%/10% (two tailed) levels, esjvely.



Table3

The effect of IFRS on classification shifting of revenues

Variables UE_OR;
NOR; -0.161*
(-1.649)
IFRS; 0.011
(0.682)
NOR; x IFRS; -0.337***
(-2.759)
A_CFQ; 0.032
(1.517)
A_DISX; 0.092***
(9.173)
A_PRODL; 0.037***
(4.639)
A_AG; -0.200***
(-8.435)
Constant -0.003
(-0.260)
Year dummies Yes
Observations 12,804
Adjusted R-squared 1.7%
Notes:

This table shows regression results with year dwanfor the effect of
IFRS on classification shifting of revenuedE_OR; is unexpected
operating revenue$JOR; is non-operating revenud§RS; is a dummy
variable that is equal to one for observations ri&pg under IFRS and
zero otherwise,A_CFQ; is abnormal levels of cash flows from
operations, A_DISX; is abnormal levels of discretionary expenses,
A_PROD; is abnormal levels of production costs, AG; is abnormal
levels of accruals. See Appendix A for detailediatdle definitions and
calculations. t-statistics are reported in parenthesés.” indicate
significance at 1%/5%/10% (two tailed) levels, mdtjvely.
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Table4

Firmswith strong managerial incentives

(1) 2) )
Variables UE_OR; UE_OR; UE_OR;
NOR; 0.376*** 0.066 0.161
(2.914) (0.618) (1.316)
LOSS: -0.066*** -0.070***
(-7.858) (-8.423)
NOR;x LOSS; -0.256** -0.239*
(-2.055) (-1.937)
LOW_GROWTH -0.006 -0.007
(-1.055) (-1.398)
NOR;x LOW_GROWTH -0.499*** -0.513***
(-3.961) (-4.063)
IFRS; 0.017 0.018 0.010
(12.014) (2.077) (0.584)
NOR; x IFRS; -0.276** -0.364*** -0.250**
(-2.234) (-2.990) (-2.021)
A_CFQ; -0.059** -0.063*** 0.031
(-2.500) (-2.707) (1.446)
A_DISX; 0.091**=* 0.096*** 0.087***
(8.916) (9.543) (8.498)
A_PRODL; 0.036*** 0.038*** 0.035%**
(4.485) (4.718) (4.425)
A_AG; -0.275%** -0.276*** -0.202***
(-10.921) (-11.097) (-8.454)
Constant -0.001 -0.003 -0.001
(-0.107) (-0.203) (-0.097)
Year dummies Yes Yes Yes
Observations 12,604 12,604 12,604
Adjusted R-squared 2.6% 2.5% 1.9%

Notes:

This table shows regression results with year dwarfor firms that have strong incentives
to use classification shifting of revenu&te_OR; is unexpected operating revenulR©R

iS non-operating revenuesPS$, is equal to one for firm-years that have operatosges
and zero otherwisd, OW_GROWTH is equal to one for firm-years that have a chamge i
property, plant, and equipment below the sampleiamednd zero otherwiséfFRS; is a
dummy variable that is equal to one for observatisaporting under IFRS and zero
otherwise A_CFQ; is abnormal levels of cash flows from operatiohsDISX; is abnormal
levels of discretionary expensds,PROD is abnormal levels of production costs,AG; is
abnormal levels of accruals. See Appendix A foratled variable definitions and
calculations. t-statistics are reported in parenthesés.” indicate significance at

1%/5%/10% (two tailed) levels, respectively.
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Table5

Robustness checks

Panel A: Alternative specificationsfor the operating revenues expectation model

1) (2) 3)
Variables UE_OR_ALTER_1 UE_OR_ALTER_2 UE_OR_ALTER_3
NOR; -0.719%** -0.376%** -0.403***
(-8.755) (-8.781) (-7.101)
A_CFQ; -0.022 0.174** 0.062***
(-0.765) (11.524) (3.090)
A_DISX; 0.198*** -0.157%** 0.093***
(14.390) (-21.896) (9.803)
A_PROD; 0.022** -0.316*** 0.040***
(2.030) (-55.641) (5.307)
A_AG; 0.177** 0.157*** -0.160***
(5.498) (9.342) (-7.179)
Constant 0.0016 0.0022 0.0018
(0.096) (0.246) (0.152)
Year dummies Yes Yes Yes
Observations 12,804 12,804 12,804
Adjusted R-squared 2.3% 24% 1.8%

Panel B: Real economic changes as an alter native explanation

Variables UE_4OR t+1
NOR; -0.132**
(-2.045)
A_CFQ; 0.275%**
(12.083)
A_DISX; 0.019*
(1.884)
A_PRODy 0.035***
(4.461)
A_AG; 0.283***
(11.130)
Constant 0.002
(0.200)
Year dummies Yes
Observations 11,144
Adjusted R-squared 1.6%
Notes:

This table reports regression results for robustisegcks. Panel A shows regression results
with year dummies for classification shifting ofemues using three alternative dependent
variables. Panel B indicates regression resulth wiar dummies for the alternative

explanation of classification shifting of revenugsactices. UE_OR_ALTER_1 is

32



unexpected operating revenues under the firstratize specificationJE_OR_ALTER_;2
is unexpected operating revenues under the secolernaive specification,
UE_OR_ALTER_3 is unexpected operating revenues under the thitdrnative
specification,NOR; is non-operating revenues, CFQ; is abnormal levels of cash flows
from operations,A_DISX, is abnormal levels of discretionary expensd@sPROD; is
abnormal levels of production coss, AG; is abnormal levels of accrualdE_AOR ., is
unexpected change in operating revenues. See AppArfdr detailed variable definitions
and calculationst-statistics are reported in parenthesés.” indicate significance at

1%/5%/10% (two tailed) levels, respectively.
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Table6

Firmswith zero non-oper ating revenues

Panel A: Descriptive statistics of key variablesfor firmsreporting zero non-operating
revenues and for firmsreporting non-operating revenues

Firms reporting Firms reporting Difference
zero non-operating non-operating in
revenues revenues
Variables Mean Median Mean  Median Means Medians

(t-test) (Wilcoxon test)

NOR; 0.000  0.000 0.023  0.006
UE_OR; 0.018 0.007 -0.002 -0.005 -
Observations 940 11,864

Panel B: Testing firmswith zer o non-operating revenues

Variables UE_OR;
ZERO_NOR 0.016*
(2.722)
A_CFQ, 0.039*
(1.848)
A_DISX; 0.094***
(9.291)
A_PRODL 0.037***
(4.658)
A_AG; -0.218***
(-9.322)
Constant -0.007
(-0.522)
Year dummies Yes
Observations 12,804
Adjusted R-squared 1.4%
Notes:

Panel A shows the descriptive statistics of keyialdes for firms reporting zero non-

operating revenues and for firms reporting non-afleg revenues. Panel B gives
regression results with year dummies for testirapgification shifting of revenues for

firms reporting zero non-operating revenudg._OR.is unexpected operating revenues,
NOR; is non-operating revenued=RO_OR is equal to one for firm-years that have zero
non-operating revenues and zero otherwiseCFQ, is abnormal levels of cash flows

from operationsA_DISX; is abnormal levels of discretionary expens&sPROD; is

abnormal levels of production costs,AG; is abnormal levels of accruals. See Appendix
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A for detailed variable definitions and calculasonstatistics are reported in parentheses.

Sk [k [

indicate significance at 1%/5%/10% (two tailed)dksy respectively.
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Appendix A

Variables definitions

Variable Definition

A_AG; Abnormal levels of accruals in yeaderived using the modified Jones (1991)
model Dechow, Sloan, & Sweeney, 1995)

A_ CFQ; Abnormal levels of cash flows from operations irayg derived using the
Roychowdhury (2006) model

A_ DISX; Abnormal levels of discretionary expenses in yeéarderived using the
Roychowdhury (2006) model

A_ PRODy Abnormal levels of production costs in yedr derived using the
Roychowdhury (2006) model

AR Accounts receivable in year

ATt Total assets in yeal

CFO; Cash flows from operations in year

DISX Discretionary expenses in ydacalculated as the sum of selling, general, and
administrative and R&D expenses

IFRS; Indicator variable that is equal to one for obsgoves reporting under IFRS,
and zero otherwise

LOSS: Indicator variable that is equal to one for firmayg that have negative

LOW_GROWTH

MTB; 1
NOR;

OR;

PPE;
PROD;

St
TA,

UE_OR;

UE_OR_ALTER ;1

UE_OR_ALTER ;2

operating income before depreciation, and zeroraike

Indicator variable that is equal to one for firmaye that have a change in
property, plant, and equipmerttelow the sample median, and zero
otherwise

The ratio of market value of equity to book valdequity in yeart-1

Non-operating revenues in yeardefined as income-increasing special items
and discontinued operations plus foreign excharagesgplus interest and
related income plus other non-operating incomeuitiolg rental income
divided by lagged total assets

Operating revenues in yegrdefined as the sum of sales revenue and other
operating revenues

Gross value of property, plant and equipment irr yea

Production costs in yearcalculated as the sum of cost of sales and change i
inventory

Sales revenue in year

Total accruals in year calculated as earnings before extraordinary itents
discontinued operations minus cash flows from cjaTa

Unexpected operating revenues in yearalculated as the difference between
reported and expected operating revenues, wheréatiee are estimated
using the coefficients from the operating reveneapectation model
below:

OR; ¢
ATit—1

ORit—1

AR;
—0‘0+ﬁ1AT +,82AT -

+ BsMTB,;,— 1+ﬁ4j§ml+ﬁsﬂ teir

Unexpected operating revenues in yearunder the first alternative
specification, derived by excluding current-yeacamts receivable from
the operating revenues expectation model

Unexpected operating revenues in ydamunder the second alternative
specification, derived by replacing current-yeacaanits receivable with
current-year production costs and discretionaryeagps in the operating
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UE_OR_ALTER ;3

UE_AOR 11

ZERO_NOR

revenues expectation model

Unexpected operating revenues in yearunder the third alternative
specification, derived by including the changenweintories in yeat-1 and
the change improperty, plant, and equipmeint yeart-1 in the operating
revenues expectation model

Unexpected change in operating revenues in yeaerived by including
change in operating revenues in ydat in the operating revenues
expectation model and replacing the dependent hlariaf operating
revenues in yearwith change in operating revenues in yedr.

Indicator variable that is equal to one for firmaye that have zero non-
operating revenues, and zero otherwise
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