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Abstract

This paper investigates whether gender-diverse lmmads can play a role in preventing costly
misconduct episodes. We exploit the fines recebwe&uropean banks from US regulators to reduce
endogeneity issues related to supervisory and gamee mechanisms. We show that greater female
representation significantly reduces the frequesfapisconduct fines, equivalent to savings of $7.48
million per year. Female directors are more inflinwhen they reach a critical mass and are
supported by women in leadership roles. The mesharthrough which gender diversity affects
board effectiveness in preventing misconduct stieoms the ethicality and risk aversion of the female
directors, rather than their contribution to divigtsThe findings are robust to alternative model
specifications, proxies for gender diversity, reeecausality, country and bank controls, and sub-
sample analyses.
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1. Introduction

In recent years, larger numbers of scandals andl fepisodes have led to the world's largest banks
being hit with an unprecedented number of misconfines, amounting to over £370 billion between
2008 and 2018.The incidents reflect the harm suffered by thos® wleal with the banks and
represent a financial and reputational threat tlividual financial institutions as well as the bilea
financial sector. Preventing bank misconduct isop priority for international regulators and
policymakers, and several rules aiming to offeusohs through better regulation or enforcement
were recently enacted. Nonetheless, there areaalkallenges that lawmakers and regulators face in
this context, as regulatory reforms might not bé&daive without changes in bank corporate
governance. The underlying idea is that ttwee at the tophapes a firm’s conduct and that more
diverse boards, with an increased presence of woiem positively affect company governance
(Fields and Keys, 2003; Hermalin and Weisbach, 2@28npbell and Minguez-Vera, 2008; Algan et
al., 2016). In recent years, there have been delvigitaprofile campaigns aiming to increase female
representation on company boards. Examples incha&l@020 Women on Boards (2020WOB) in the
US and the Hampton-Alexander Review in the UK; botports document an increase in the
proportion of women on listed companies’ boar#wever, many companies have only one woman
on the board, and the number of women in leadengbgitions (CEO or chairperson) has scarcely
changed. Countries such as France, ltaly, and Swédee gone a step further, introducing
mandatory gender quotas. While some progress has aehieved, there is still a long way to
attaining gender balance in corporate governance.

In this paper, we investigate the impact of boagddgr diversity on bank misconduct. We consider

the fines issued by US regulatory bodies on Eunopested banks in the post-crisis period (2009-

2 This information is contained in the Conduct Cestject (CCP) Research Foundation (2017) and ugdate
by the authors. Data are available here: httpsWwveass.city.ac.uk/faculties-and-
research/centres/cbr/research/conduct-costs-project

% The report for the 2020WOB shows that the averagaber of board seats held by women in companies
listed in the Russell 3000 Index has risen to bé&i7cent in 2018, up from 16 per cent in 2016; hexehalf
the companies in the index have one or no womeaheinboards. The Hampton-Alexander Review alsontsp
an increase in the proportion of women on boardsSTE100 companies: it reached 30.2 per cent 18,204
from 27.7 per cent in 2017.



2018), which relate to misconduct events such as dwasion, money laundering, market
manipulation, and fraud.

We examine the post-crisis period as regulatotehéibn increasingly focused on curbing risk-taking
and potentially illegal practices. During this petj the activism of US regulators on European banks
was exceptional both in reach and severity of fflnBecause of political connections, lobbying
activities, or concerns about the financial stapilof the domestic banking system, regulatory
agencies might be susceptible to regulatory captstigler, 1971), making them less impartial and
objective in imposing sanctions on domestic bawks.exploit the fact that US regulators can impose
fines not only on banks operating in the US bub als all transactions that pass through its firgnci
system, to US and non-US persons, entities, arnitLitsns® To the extent that board members in our
sample of European listed banks have no or wedkenfe on the outcome of US regulatory
investigations, our empirical set-up allows us itigate regulatory capture biés.

There is a growing body of literature analysing thiee corporate outcomes can be positively
influenced by increased gender diversity in thertdamsom. More gender-diverse boards are associated
with lower tax avoidance (Richardson et al., 20i®)er incidences of account misreporting (Garcia-
Lara et al., 2017); less frequent and less sewserisies fraud (Cumming et al., 2015); and fewer
environmental sanctions (Liu, 2018). We build uplois stream of the literature to provide evidence
on whether gender diversity increases board mangogffectiveness and thus its ability to reduce
bank conduct risk, proxied by the number of firesued by US regulators to EU listed bahRale

also investigate the mechanism through which genliersity can affect board effectiveness in

* US regulators have hit foreign financial instituts particularly hard over the last 10 years: Eeampbanks
have been fined four times more than their US aanpatrts, representing 77 per cent of the totalllofirees
levied by US regulators since 2008 (Fenergo, 2018).

® Recently, the Office of Foreign Assets Control K0 has targeted transactions conducted in US olla
even if they involve only non-US entities. For exden CSE, a telecom company from Singapore, wasdfin
$12 million for providing goods and services toniem energy projects. The dollar clearing procdksva
OFAC to claim US jurisdiction. See for the fine p#/www.treasury.gov/resource-
center/sanctions/CivPen/Documents/20170727_trapdfel and for the settlement
https://www.treasury.gov/resource-center/sanctioivé’en/Documents/transtel_settlement.pdf.

® An interesting stream of literature focuses oritjgal connections (Gounopoulos et al., 2017) ancia
connections (Kuang and Lee, 2017). While we ackedgg the importance of such connections, we atwate t
the average EU banks’ board member has weak arfluemnce on the decisions of US regulatory agencies

" Conduct risk is broadly defined as any action @ihancial institution or individual that leads ¢oistomer
detriment or has an adverse effect on market #ttabil effective competition (Financial Conduct Aority).
Regulatory fines for misconduct episodes can besidened the realisation of conduct risk, in the samay
trading losses are the realisation of market risk.



preventing misconduct. The relationship betweendgander diversity and corporate performance is
usually explained byi)the agency theory (gender diversity improveshib&rd monitoring function);

(i) the human capital theory (gender diversity imgothe board skills and expertise); aiid) (
behavioural-based theories, such as the gendealisation theory (gender diversity improves the
board monitoring role, as women are more stakehadented).

Establishing a causal relationship between boavérsity and bank misconduct is challenging.
Endogeneity issues may arise as board charaater@ste not exogenous random variables but are
endogenously chosen by firms (Hermalin and Weisb2003; Adams and Ferreira, 2007; Sila et al.,
2016). Two sources of endogeneity are potentigtily to bias our estimates: omitted variable bias
and reverse causality. To address potential enditydasues caused by omitted variable bias, we use
bank-level controls, country-level controls as wadl country fixed effects and regulatory agency
fixed effects that account for unobserved counpesfic and business model-specific characteristics
which may or not remain constant over time and tighcorrelated with misconduct. To account for
the possibility of reverse causality caused by fendrectors self-selecting into a particular tygfe
bank, we use lagged values of the regressors antbtéor both the number and the dollar amount of
previous fines. In addition, we deal with the peshl of endogeneity by adopting an instrumental
variable approach. Finally, using a difference-iffiedence approach we test the role of gender
diversity in mitigating misconduct following thefoems aimed at increasing gender representation on
listed companies’ board of directors.

We start by documenting differences in bank boamthmosition for our sample of listed European
banks. We find significant heterogeneity in bodrea stenure, age, and CEO characteristics. While we
show an increase in female representation in baakdoooms during our sample period, the industry
remains heavily male-dominated, and there arelstitk boards with no female directors. Women in
leadership positions, including the CEO and chasqe roles, are even less common.

In our empirical analysis, we employ the negativaolnial model to relate the frequency of
misconduct fines to board gender diversity. Ourethglent variable is the number of misconduct fines
imposed on a bank in a given year, and the keyaegpbry variable is the fraction of female

directors. We find that a greater presence of woarethe board of directors is associated with fewer



misconduct fines, and the effect is economicalgyiicant. The estimated coefficient implies that f
the average change in the fraction of women adsasks and years in our sample (which is 0.016),
the number of fines would decrease by a fractio.2¥,ceteris paribusThe estimated decrease in
the frequency of banks’ misconduct fines attributegreater board gender diversity is equivalent to
saving approximately $7.48 million per year. Ousules support the agency theory, as we provide
evidence that increased gender diversity in therdroam can positively influence corporate
outcomes. We empirically endorse the critical mig®ry on board gender diversity. Our findings
reveal that female directors tend to be more imifiad if they reach a critical mass of three or eyor
are supported by women in leadership roles (CEQoarahairperson), and hold seats on boards of
relatively smaller banks.

To test the predictions of the gender socialisat@ory, that is, whether ethicality/risk aversisithe
channel through which a more significant femalespree on banks’ boards reduces incidences of
misconduct, we consider the severity of fines adiogr to the underlying offence. We use two main
proxies for the severity of fines. First, we digtiish between civil and criminal fin&Ve argue that
criminal fines are more severe as they carry adrigiocietal and professional stigma and are, on
average, larger in amount and thus more harmftih¢ostakeholders of the bank. Moreover, as the
conduct at issue frequently involves intent, criahifines are the result of more unethical behaviour
We find that the proportion of female directorstbe board is negatively (albeit weakly) associated
with the incidence of criminal fines, thus provigisome support to the gender socialisation theory.
Second, we distinguish between the following foyes of fines based on the underlying offente: (
banking business violationsji)( economic sanction violationsjiij market violations, andiv)
administrative violations. We then proxy their sgtyeby the stock market reaction to the fine
announcement. Following a standard event study edetbgy, we find that share price reactions are
more severe for economic sanction violations coegbdn the other types of fines. This is consistent

with the fact that economic sanction violationsdiéo be related to exceptional events, attract more

8 Most US states recognise two types of offencesmes and civil infractions. Crimes are a matter of
criminal law and usually punishable by either timejail or a fine, or both; civil infractions areegerally
punishable only by fines or administrative actioAivil fine is a penalty for an offence not asisas as to be
stipulated as a crime. Non-payment of a criminaé ftan result in incarceration, whereas non-paywieativil
penalty cannot.



media attention, and carry a higher reputatiorsld. We find that a higher proportion of women on
the board is associated with a lower frequencyasinemic sanction violations, thereby providing
further support to the existence of an ethicaig/iaversion channel as a mechanism through which
board gender diversity helps reducing misconduct.

Finally, we investigate whether it is board diversn general, and not gender diversity per set, tha
reduces misconduct. The human capital theory ptsittsby widening the range of directors’ skills,
abilities, managerial approaches and preferencesdliversity is expected to yield benefits immer

of monitoring effectiveness. However, these pogtritenefits are not without costs, as conflicts may
arise in more diverse boards, leading to more wlgiaEble decision-making (Giannetti and Zhao,
2019). In line with the human capital theory, otlespects of diversity, including age diversity,
internationalisation, and employee representationjd be expected to have a misconduct-reducing
impact? Our results show that, while the preventive effetfemale directors holds even in the
presence of other dimensions of diversity, the ichjph other types of board diversity on misconduct
is not significant.

Our analysis is robust to using a Poisson modah@irequency of misconduct, a probit specifiaatio
for the binary dependent variable of the incideonédines, alternative proxies for board gender
diversity such as the change in the fraction of wojand country fixed effects instead of country
controls. We also analyse the impact of femalectiirs across different bank-size groups, and the
findings suggest that they are most relevant flatikeely smaller banks. Taken together, our finding
provide support to the recent policy initiativesetthance board gender balance in traditionally male
dominated industries such as the banking sector.

Our paper contributes to the current literature poiicy debate in several respects. First, our werk
related to the literature that analyses the relatigp between governance and risk in the banking
industry (Beltratti and Stulz, 2012; Ellul and Yamilli, 2013; Nguyen et al., 2016). We contribute t
the understanding of the determinants of bank coindsk. Misconduct represents a cost to society,
as banks subsequently incur severe financial gmatagonal penalties that, in turn, may hinder thei

ability to provide financial services. We also deriinsights into the channels through which the

° Our chosen diversity indicators include all aspatiggested by recent regulatory guidelines (ERA72.



preventive benefits of female board participatioatenialise. In this respect, our results suppaet th
role of women in strengthening the board’s abititymanage reputational and conduct risks. Our
work also relates to the literature on board ditaerand firm performance (Ahern and Dittmar, 2012;
Liu et al., 2014; Giannetti and Zhao, 2019). Thaliqu of a board’s decision-making is likely to
depend on the talents and attributes of the directaut also on the interaction between director
characteristics (Cumming et al., 2015; Giannett Zhao, 2019). We contribute to this literature by
disentangling the ethicality/risk aversion and dineersity hypotheses. More in general, we contebut
to the debate on the role of women in leadershgitipos in the banking industry. Progress towards
gender equality has been notoriously slow, despéeecent regulatory drive to increase diversity a

to improve the participation of women and minostie high profile roles. Recent evidence highlights
that, globally, women hold less than 20 per certarfk board seats (Sahay and Cihak, 2018). Finally,
our paper is related to the literature on the éffésanctions and regulatory behaviour on bark ris
(loannidou, 2005; Agarawal et al., 2014; Nguyenlet2016; Delis, 2017), the cost and availabibity
credit (Danisewicz et al., 2018; Deli et al., 2019)

The rest of the paper is organised as follows. i@®@ presents a review of the literature and
hypotheses development. Section 3 discusses theaddtunivariate analysis. Section 4 presents the

results of our main analysis and a set of robustokscks. Section 5 concludes.
2. Literature and hypotheses development

2.1 Women on boards

Gender diversity is important not only from a st&igooint of view but also in terms of corporate
performance. Boards of directors make decisions ithpact all stakeholders, from employees to
shareholders and customers. According to the agirexyy, gender diversity in the boardroom can
positively influence corporate outcomes in relatiom fundamental board functions, such as
attendance, quality of discussions, and monitodfigctiveness including better oversight of firm’s
disclosures and reports (Carter et al., 2003; FialtiKeys, 2003; Adams and Ferreira, 2009; Terjesen
et al., 2009; Gul et al., 2011). More recently, &teal. (2019) document a positive and significant

relationship between gender-diverse boards andikbkéhood and the level of dividend pay-outs,



which is consistent with the view that board gendivrersity encourages effective corporate
governance, thereby alleviating agency problems.

However, the critical mass theory argues that tleority gender members (women) are not as
effective as they could be, unless they comprisadmguate mass. The theory builds upon the token-
status and sex-role stereotype theories, suggastaigole female directors are perceived as images
of the stereotype female qualities and treatedyasbglic representatives of their social category,
coined as tokens (Kramer et al., 2007). An emergimgirical strand of the literature shows that the
relationship between female directors and finangeformance can be nonlinear, with women able
to add value when they reach a critical mass @etlor more (Liu et al., 2014). Schwartz-Ziv (2017)
documents that the presence of at least three éemliaéctors catalyses boards’ and directors’
activeness in monitoring and managing the firmadiition, the author finds that gender-balanced
boards are more influential in critical times of @Eurnover. The presence of one or two token
women on a board, on the other hand, has beerdliwith poorer firm performance (Joecks et al.,
2013). This non-linearity can contribute to expiaghwhy studies on the effects of board gender
diversity on firm performance have produced mixesuits (Adams and Ferreira, 2009; Adams and
Funk, 2012; Ahern and Dittmar, 2012; Mateos de Geatbal., 2012; Post and Byron, 2015; Bennouri
et al., 2018).

Based on the predictions on this strand of thedlitee, we derive our first testable hypothesis as
follows:

Hypothesis 1 (Agency theory): Higher gender divgrsi bank boards is associated with a lower

number of misconduct fines.

2.2 Gender, risk aversion, and ethicality

There are many potential benefits to having a tapgesence of female directors. The earlier liteeat

suggests that women are, on average, more risk@vand less overconfident (Jianakoplos and
Bernasek, 1998; Schubert et al., 1999; Croson arekegy, 2009, Price, 2012), although Sapienza et
al. (2009) find that women who work in the finarieradustry tend to be less risk-averse compared to

women in other sectors. Gender might help explafferénces in preferences and attitudes; for



example, differences in sensitivity to social ciresletermining appropriate behaviour (Croson and
Gneezy, 2009; Alesina et al., 2013; DellaVignalet2013). One explanation for these behavioural
differences is unequal discipline: female employeesponsible for missteps are subject to stricter
penalties than their male counterparts. Egan €R@ll8) examine gender differences in misconduct
punishment in the financial advisory industry amtlfevidence of gender punishment gapgainst

the background of a male-dominated industry, wher@le advisors engage in more severe
misconduct both in terms of allegations and subseqfines, the authors document that following an
incident of misconduct female advisers are 20 pet more likely to lose their jobs and 30 per cent
less likely to find new ones relative to male advss We can argue that gender roles and cultural
norms may also mean that misconduct is more higahalised for women and therefore less likely
(Risk aversion channgl

The gender socialisation theory posits that maled gemales are taught different appropriate
behaviours, and women are generally socialisecetoadning, compassionate, and attentive to others’
needs. In our context, this would translate in gneattention to stakeholders’ needs, including
depositors, investors, and employees. Female dneetre found to be more stakeholder-oriented
(Adams et al., 2011; Matsa and Miller, 2013) ars$ llikely to pursue personal goals such as empire
building through acquisitions (Levi et al., 2014)Momen also bring enhanced corporate social
responsibility and a more ethical perspective (Byand Post, 2016; McGuinnes et al., 2017).
Richardson et al. (2016) find that more genderidiweboards are associated with lower tax
avoidance; Garcia-Lara et al. (2017) document fem@dences of account misreporting in firms with
a higher percentage of female directors. Cummirg).gR015) investigate the effect of board gender
diversity on securities fraud and find that it reds both the frequency and the severity of fraud.
Similarly, Wahid (2019) documents that listed firmigh more gender-diverse boards commit fewer
financial reporting mistakes and engage in leasdfréiu (2018) investigates the relationship betwee
board gender diversity and corporate environmevitdditions and finds that firms with more gender-
diverse boards receive fewer sanctions. Basedisrstiteam of literature, we expect female directors

to be less inclined to commit miscondugtl{icality channél



However, untangling the mechanism through which ghesence of women on boards of directors
affects misconduct is challenging as differencestinical sensitivity and risk aversion may overlap.
To investigate the link between gender, ethicakb&iur, and risk aversion, we consider the severity
of fines as reflected by the underlying offencestiwe distinguish between civil and criminal i
Criminal fines represent more severe and lessatbftences, particularly because they refer tasec

of conduct with the intention to commit a crimec&ad, we distinguish four types of fines according
to the category of the underlying offencé&} panking business violations (including anti-money
laundering sanctions)ii] economic sanction violationsii § market violations; andy) administrative
violations (including tax violations and accountidgficiencies). We then proxy the severity of the
four types of fines by the stock market reactiothgr announcement.

We argue that the impact of board gender divesituld be stronger for more severe fines, as female
directors might exert greater monitoring and clasesrsight of board decisions to avoid offences$ tha
are less ethical, carry a higher societal and psié@al stigma, and are more harmful to the bank’s
stakeholders.

We formulate our second hypothesis as follows:

Hypothesis 2 (Ethicality/risk aversion channel)gHer gender diversity of bank boards is associated

with a lower number of more severe misconduct fines

2.3 Gender and diversity

The potential benefits of having more female doesicould be attributed to the broad spectrum of
views and skills that they bring to the board. Keg argument to support diversity, in line with the
human capital theory, is that a more diverse mamagé team tends to be more innovative and

creative, more open to different ideas, and willingconsider a broader range of alternatives. The

1%1n our dataset, the distinction between crimiral aivil fines relates to whether the case was @inbas a
civil or criminal matter. In the US legal systenivikccases usually involve private disputes betwpensons or
organisations. Criminal cases involve an action thaconsidered to be harmful to society as a wholee
specific conduct at issue also differs between icidinand civil cases. In criminal cases, the cohdiéssue is
generally more serious and involves intent. Ondtieer hand, civil cases involve negligent condumient to
commit a crime rather than negligence has impoitaptications in terms of ethicality. In terms aimshment,
in case of criminal law a person found guilty isnjghed by incarceration in a prison, in additioratfine. In
case of civil law, the punishment is only pecunidgcause of these differences, and particuladycdise of
conduct (i.e., the intent to commit a crime) wedalassified criminal fines as less ethical.
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literature provides some support for the humantahpieory: female directors are likely to have
different views and therefore innovative ideas (lRsbn and Dechant, 1997), and a broader set of
skills in terms of educational and professional Kgaounds, leading to better decision-making
(Anderson et al., 2011). In addition, more divdrsards should be harder to manipulate. Arnaboldi et
al. (2020b) investigate whether board heterogeniifyacts on bank performance and find that
diversity in board composition relates to differeagpects in addition to gender, including age
diversity (Carter et al., 2010; Li and Wahid, 2Qlinternationalisation (Adams and Ferreira, 2012;
Oxelheim et al., 2013; Fahlenbrach et al., 201/, @mployee representation (Adams and Ferreira,
2007). The literature on the impact of board dikgrsen firm performance yields mixed results.
Giannetti and Zhao (2019) argue that board effen@gs is likely to depend not only on the
characteristics of the directors but also on theraction between them. While diverse groups might
be better at problem-solving, there might also lmeendisagreements. Consistently, the authors find
that diverse boards have more numerous and citeshisa However, they also have more frequent
board meetings and make less predictable decisiwwhgh in turn increases firm performance
volatility.

If it is board diversity in general that matterse wwould expect other features, as well as gender
diversity, to be associated with a lower numbefinés. This would be in line with the view that
women are not inherently different from men in keatip positions, and that more diverse boards
perform better simply because of the benefits miLtiplicity of views and skills (Nelson, 2014).

We test the diversity channel and formulate thio¥ahg hypothesis:

Hypothesis 3 (Diversity/human capital channel): kg overall diversity of bank boards is

associated with a lower number of misconduct fines.

3. Data and methodology

3.1. Data and sample selection

Our data set is compiled from several sources. ¥ By collecting data on corporate governance
features of all publicly listed banks in the 28 Ebuntries for the period 2007-18 from BoardEXx.

Where the BoardEx data are not complete, we cdliéatmation on board members from Bloomberg
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and individual banks’ annual reports. Next, we aegtthe corporate governance data with the
banks’ balance sheet and income statement data@mis Bank Focus and stock market data from
Thomson Eikon. At this stage, we remove bank-yeadtts missing board size or total assets data and
exclude banks with less than three observations theesample period. This yields a final sample of
83 publicly listed banks headquartered in 21 EUntaes, which covers 72 per cent of the total @sset
of these countries’ banking systems at the endesample perioth.

We then collect data on fines imposed on our sarbalgks by US regulatory agencies during the
period 2008-2018 from Violation Track& The sanctions retrieved are cross-checked agtiast
information available on the websites and pressasss of the corresponding regulatory agencies,
which results in a number of additional sanctiosesa Our sample includes fines issued by all active
regulatory agencies during the period under stdhe full list of the sanctions and the relevant
sanctioning regulatory agencies is reported in Appe A. The sanction data include: the type of
sanction, the fine amount, the fine date, a shestdption of the offense, an indication of whetther
sanction is civil or criminal, and the sanctionirggulatory body. The sanctions relate to, among
others, charges for banking violations, money l&uimgj practices, economic sanction violations,
market manipulations, investor and consumer priatectiolations, tax violations, accounting and
data submission deficiencies, and employment discation. Overall, we compile a list of 146
sanctions, resulting in either civil or criminahéis, against 13 out of 83 sample banks (arounddf6%
the sample) during the period 2008-18.

Finally, we augment the sample with country-levatadcollected from the World Economic Forum
(2018) Global Gender Gap Report and the Internatibfonetary Fund.

3.2. Variables

To test Hypotheses 1 and 3, we calculate the deperdriableN.Fing as the number of misconduct

fines imposed on a bank in a given year. To tegpdthesis 2, we employ a binary dependent

™ The countries included in our sample are AustBalgium, Cyprus, the Czech Republic, Denmark,
Finland, France, Germany, Greece, Hungary, Ireldaly, Lithuania, Malta, the Netherlands, PolaRdrtugal,
Romania, Spain, Sweden, and the United Kingdom.

12 Violation Tracker is a publicly available searafgime on corporate misconduct. It covers casemied
by more than 40 federal regulatory agencies andiBions of the Justice Department since 2000.
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variable,D.Fine_Criminal which takes a value of one if a bank receivesiraigal fine in a given
year. We also use as dependent variable the nushibgisconduct fines imposed on a bank in a given
year distinguishing between four types of finesattiis, those related toi)(banking business
violations, N.Fine_Banking (ii) economic sanction violationd\.Fine_Economic (iii) market
violations,N.Fine_Marketand (v) administrative violationd\.Fine_Admin

To test all our three hypotheses, we Heeale Director %the proportion of female directors on the
board in a given year, as our main board gendersity variable (Cumming et al., 2015; Liu, 2018).
In additional tests, we use a second board geridersity variable A Female Director %calculated

as the change in the proportion of female direaborghe board in a given year. This variable castur
the change in female representation in the boamdn@wmardless of the initial level, thereby reducing
potential concerns that larger banks may have aehigroportion of female directors. We also
consider the absolute number of female directo@naalternative to the proportion of women on the
board to assess the validity of the critical mabksoty concerning board gender diversity.
Additionally, in order to investigate whether tHéeetiveness of female directors can be reinforoed
the presence of women in other leadership positiaesuse a dummy variabl&emale Leader
which indicates a female chief executive officeE@®@) and/or chairperson or president.

In additional analyses, we include other dimensmiisoard diversity, besides female representation.
We add director age diversitpirector Age Diversity measured as the coefficient of variation for
board directors’ age, which shows the dispersiomgg within the board. We also include board
internationalisationForeign Director %, measured as the proportion of foreign directorstlmn
board. We add employee representatlmployee Representative, ¥heasured as the proportion of
employee representatives on the board.

We employ a series of control variables, includbward, bank, and country characteristics. Board
size,Ln(Board Size)is measured as the natural logarithm of the nurobelirectors on the board.
Director tenurelL.n(Director Tenure)is the natural logarithm of the average tenungtle of directors

on the board. Director agken(Director Age) is the mean age of board directors in logaritionmf

We also include CEO characteristics: CEO tenurdCEO Tenure)js the natural logarithm of the
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CEOQ’s tenure length; CEO agen(CEO Age),is the natural logarithm of the CEO’s age; CEO
turnover CEO Turnoveris a dummy variable equal to one in the year a G&® is appointed.

Turning to bank-specific controls, we include baike, Size measured as the natural logarithm of
total assetdLarger banks tend to be more frequently fined. &doer, large banks tend to be complex
organisation, which can potentially impact the etifeeness of the board in preventing misconduct.
Return on equityROE,is included to account for the profitability of arik, whereas risk is captured
using the volatility of stock return§tock Return Volatilitymeasured as the annualised volatility of
daily stock market returns. We use the two lattiables as proxies for the financial health of a
bank, to account for the existing evidence thandirin financial distress are more likely to commit
fraud (Beasley, 1996; Cumming et al., 2015). We atslude Tobin’s QLn(Tobin’s Q) to control

for bank charter value (Liu, 2018). All bank-spécifontrols are winsorised at the 5 percent level.

In our set of country-specific controls, we incluthe country’s gender index ran&ender Index
Rank which is based on the gender gap index scoraghdual by the World Economic Forum (2018).
The index captures the relative gaps between wandmmen in a country across four areas: health,
education, economy, and politics. We also controkiie macroeconomic conditions by including the
GDP growth rateGDP Growth Finally, we include a dummy variablg10, which takes the value of
one for the G10 countries, that is, most develogpamhomies. The definition and construction of all
the variables used in the study are reported ineAdjx B.

3.3. Model specification

To determine whether the gender diversity of thartbds associated with bank misconduct, we

employ the following model in a panel setup for logearit in countryj:
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Misconduct;=B,+p,Gender divers'}q’t_l+BzGender Index Rapk
+ B,Female Leadeg; +B,N. Fine; .1 + BLn(Fine);.., + BLn(Board Sizq‘)_1
+ B,Ln(Director Tenureh)t_1 + BgLn(Director Ageg 1 T BoLN(CEO Tenurq’}_l
+ B,,LN(CEOC Agel)t_1 + B,,CEO Turnover., + B,,Siz&.1 + B,3ROE .1

+ B,,Stock Return Volatili;)(_l + B,sLn(Tobin's Qi)t_l + B,,GDPGrowth ,_,

+ B,,G610; + z Year! + Z Agency! + Eitj

)
Our dependent variable measures the number of famsived by bank in yeart. We include the
number and dollar amount of fines received by bankyeart-1 in the specification, to control for the
impact of previous sanctions on the bank’s miscohdand the expected additional effort of
regulatory authorities with recently+1) sanctioned banks. Year fixed effects are incluedontrol
for changes in the macroeconomic environment avee.tWe also include agency fixed effects to
control for the different bank activities the saoing agencies supervise. The correlation matix f
the variables used in the regression analysigisrted in Appendix C.
To test our hypotheses, we deploy a negative bialooaunt model as the appropriate approach for
modelling the number of fines per year in the pneseof overdispersion in the dependent variable.
We model the frequency rather than the amount@démce of fines for a number of reasons. First,
the disaggregate level of fine information is aquei aspect of our hand-collected data set. A bank
might incur multiple fines of different type in tlteame year - this information would have been
masked had we opted to model the aggregate finemnao the binary outcome of fine occurrerée.
Second, the fine amount may not be a good measuhe ceverity of misconduct as the size of the

penalty imposed may be susceptible to regulatoag lsitemming from political reasons and the

3 The two candidate exponential models to descrilefiae frequency random variable are Poisson and
negative binomial. The main difference betweentit®lies in the characterisation of the dispersiothe data,
the negative binomial distribution being more ampiate in cases where data exhibit overdisperdiorour
sample the dispersion statistic is equal to 20g@ssting that a negative binomial model fits theadzetter. In
this case, the Poisson model underestimates thdastherrors albeit still generating unbiased d¢oiefiits. The
use of the negative binomial model is also suppooethe comparison between the observed fine &ecjas
and the fitted probabilities derived from the twandidate models.

! For instance, Société Générale has been issubdiines in 2018, Deutsche Bank with 7 fines i120
Crédit Agricole with 6 fines in 2015, and RBS wiHines in 2013.
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systemic nature of the financial institutions. tiddion, the fine amount is the subject of negaiiat
between regulatory agencies and banks and miglendepn banks’ willingness to settle the claims.
Furthermore, the long-term cost of committing frglmbt reputation shown by lower share price)
outweighs the direct costs of sanctions in the fofriine amount.

The frequency or incidence of fines has been usdtiexvariable of interest in a similar setup i Li
(2018) in the context of environmental lawsuits andCumming et al. (2015) in the context of
securities fraud. To allow for comparison with poes studies, however, in the robustness analysis,
we employ an alternative binary dependent varialbtldch captures the occurrence of one or more
fines for bank in yeart, and estimate a probit model. We also use a pnobitel for the incidence of
criminal fines as part of the analysis related ypéthesis 2. Additionally, in the robustness arnedys
we re-run the regressions using a Poisson model. rébults of the alternative specifications are
consistent with those produced by our negativerhiabregression model.

3.4. Endogeneity

As in many corporate governance analyses, enddgeoaild pose an issue when modelling the
relationship between female representation on tiaedoand bank misconduct. Endogeneity of board
gender diversity could be attributed to the potdiytinon-random selection of women on the board,
giving rise to the problem of reverse causalityefehis consensus that gender diversity might be a
choice that firms endogenously make to suit thein gtrategic goals and functioning environments
(Adams and Ferreira, 2007; Coles et al., 2008; &ilal., 2016). Existing evidence suggests that
female directors are more likely to be appointedabgady troubled firms in a bid to reverse past
problems, a phenomenon knownglass cliff(Ryan and Haslam, 2005). On the other hand, banks
that are more inclined to transgress might decidavioid having diverse boards. Equally, female
directors might self-select into banks that ars leslined to misconduct or decide to resign ay the
acquire information about misconduct becoming nhidey.

Omitted variable bias could be another source dbganeity due to the challenges of determining all
the factors driving bank misconduct. It could bgusd that omitted observable or unobserved bank

characteristics could drive both the extent of Hogender diversity and the propensity of bank
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misconduct, thus leading to correlation betweenettier term and the gender diversity proxy. Prior
evidence suggests that the complexity of the fsra determinant of board characteristics (Hermalin
and Weisbach, 1988) and, thus, firms with a morapiex structure may opt for more gender-diverse
boards (Coles et al., 2008). However, more comfites can also be opaque and have a more diffuse
management structure, which can lead to more oppitigs to commit misconduct. Therefore, bank
complexity can drive both board gender diversitg amsconduct and can result in endogeneity.

Other examples of omitted unobserved factors in ritisconduct generating process could be
managerial stability. CEOs that are longer withfih@ may be more effective in terms of managing
conduct risk and also be more influential over #edection of board candidates (Hermalin and
Weisbach, 1988; Cai et al., 2009; Coles at al. 420CEOs with a track record in the firm might
prefer to appoint directors who are less likelyplay an effective supervising role. Adams and
Ferreira (2009) suggest that female directors @ewobre effort in monitoring CEOs than male
directors. Adams and Funk (2012) show that womennaore independent, more open-minded, and
less power-oriented than their male counterpadsyell as less concerned about job security. It is
therefore possible that managerial preferencesaftass effective board would be correlated with
gender diversity (Sila et al., 2016).

We use the following three approaches to addredegameity concerns. First, to mitigate potential
reverse causality that may bias our estimates,umeatl the regressions using lagged independent
variables for both board characteristics and bantkll controls (Dittmann et al., 2010; Liu, 2018).
Controlling for previous fines also helps to alkte the concern that results are driven by women
joining boards of banks that have a recent hisbéigood conduct. One additional challenge is relate
to the lack of specific information regarding thetual timing of misconduct. We consider realised
misconduct, that is, the cost that the bank inasrs result of the breach of rules and regulations.
Although there is a possibility that the board des between the actual misconduct and its
realisation, the fines received are relevant toctimeent board, for several reasons. First, thesfiare
harmful both financially and from a reputationaimiaf view. Second, the current board of directors
is liable for past misconduct and is in chargeiaiting with regulators, which ultimately defindget

outcome of the legal process.
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Secondly, we deal with the problem of endogenejtyatiopting an instrumental variable approach.
Albeit finding valid instruments is challenging,ethiterature (Becker et al., 2011; Wahid, 2019)
suggests that board characteristics can be adéguaserumented by characteristics of the firm’'s
geographical locatiol. Our selected instrument for the board gender dityeproxy is the level of
female education (relative to male) in the coumthere the bank is headquartered. The educational
attainment gender gap is published by the WorldnBodc Forum (2018) and is a component of the
gender index that we use as a control variableaptures the gender gap in access to educatiog usin
four ratios: female enrolment rate over male valugrimary, secondary, and tertiary education,
respectively, and the relative gap in the litereate. The country-level educational attainment sub-
index is time-varying and ranges from O to 1 (geneity).

The educational gender gap can be conceptuallyrdedaas an appropriate instrument for the
presence of female directors in a given bank, agptbbability of female board membership can be
assumed to be higher where the educational gerajeingthe main pool of candidate directors is
smaller. Thus, the selected instrument is bounithdace changes in the presence of women on the
board and, additionally, does not have any independffect on misconduct incidence (our
dependent variable) beyond its effect through treetation with female board representation. As it
expected to be strongly correlated with the endogemegressor and uncorrelated with the error term,
it fulfils the required properties for a valid ingtent. Proxies for economic and political gendirsy
were also considered but did not qualify as valgtruments.

Third, we address endogeneity caused by omittethhlar bias by using bank-specific controls to
capture unobserved bank characteristics that nigg the diversity-misconduct relationship. We use
bank size as a proxy for bank complexity and inooate it as a control variable in the baseline
specification. It has also been shown that womeiffiepito join larger boards (Liu et al., 2014), whic
adds to the relevance of bank size as a determafdmbard gender diversity and the likelihood of
misconduct. In addition, we use measures of chaimgesrporate governance, such as CEO turnover

and CEO tenure, as a proxy for managerial prefeenver a less effective board. Equally, such

15 To proxy for board gender diversity, Wahid (2018gs as instrument the female population at thedir
headquarter location. Instead, we use a countstlimstrument as in our context the director appoent is
conducted at least nationwide.
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changes in bank corporate governance might disgeurégomen from joining the board. Finally,
industry or country effects might drive the relasbip between gender diversity and bank
misconduct. We employ country-level controls to aot for unobserved country-specific
characteristics (time-invariant and not) that maycbrrelated with the level of gender diversityafth

is, a country’s corporate culture). We also emplegulatory agency fixed effects to proxy for a
bank’s business model. As a robustness check, \@stimate our baseline model using country fixed
effects.

More in general, in our set-up, the issue of theneo reacting to future misconduct is mitigated by
our exogenous identification of bank misconductedasn fines issued by US regulators. During the
post-crisis period, the activism of the US reguisitmn European banks was exceptional, both in reach
and severity of fines. To some extent, only in megeent years, the role of the US regulators as a
global regulator has been established. This inegkagensity in their supervisory effort on Europea
banks also mitigates the concerns of undetectechmisict.

Finally, we consider regulatory reforms aimed atré@asing gender representation on listed
companies’ boards of directors to represent anenxags shock to board composition by introducing
either discretionary or mandatory gender quotad, tast the role of gender diversity in mitigating
misconduct following the reforms. Building upon Aboldi et al. (2020a), we consider all diversity-
related reforms during our sample period. The begemeity in the timing and the type of these
reforms across European countries facilitates #sgd of a treatment-based empirical approach that
overcomes the endogeneity issues arising in atteqpd explain the link between board gender

diversity and misconduct.
4. Empirical results

4.1. Descriptive statistics

Table 1, Panel A, reports the descriptive staistar the sample used in the regression analysis.
Female directors are present in 86.8% of the baak-pbservations. The sample banks average 16

directors on their boards, of which 16.4% are womeith a maximum of 60% and a minimum of
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0%. Only 4.7% of the bank-year observations ha¥enaale CEO, whereas 23.2% have a female
chairperson, and 25.5% have women in leadershifigos

[Insert Table 1 about here]
Panel B of Table 1 reports the summary statisticsttie fines issued against the sample banks.
Around 8% of the bank-year observations have recemisconduct fines. Of those, over one third
relate to criminal sanctions (2.6% of the bank-yebservations). On average, sample banks are
levied 0.183 misconduct fines per year, with a mmaxn of 8 and a minimum of 0. The most frequent
type of fine is related to market violations; oneeage, sample banks experience 0.061 market
lawsuits per year.
The statistics pertaining to the bank-specific alales are presented in Panel C. The average bank in
our sample has about $306.8bn in total assetseTibex significant variation in bank size, withatot
assets ranging from $3.3bn to $1.6tn.
Table 2 reports the evolution of female participatin the governance of the sample banks. Gender
diversity increased over the sample period (andsistently so from 2010), with female directors
being present in more banks and in a higher praporin particular, the number of banks with
female directors increased from 80% to 96.1% of sheple between 2007 and 2017. Female
representation on the board gradually increased &ip average of 10.4% in 2007 to 26.1% in 2017.
The presence of female leaders also shows an upvesrd during the sample period. Female CEOs
witnessed the highest increase, from only 1.5%oairtis with female CEOs in 2007 to 7.9% in 2017.
The proportion of banks appointing female chairpessincreased from an average of 16.9% to
36.8%, while the presence of female leaders in rgéiecreased from an average of 18.5% of boards
with female leaders to 38.2%. Nevertheless, degbite tendency of banks to improve gender
diversity, their boardrooms remained male-dominatest the sample period.

[Insert Table 2 about here]
Table 3 reports detailed summary statistics forcomsluct fines of the sample banks by year. The

total number of fines issued over the sample peisod46, with an average (unreported) dollar
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amount per fine of $364.6m and a maximum of $8tPanels B and C of Table 3 report for each year
in the sample the average aggregate fine amouaivezt by each bank and the total amount fined
across banks, respectively. The mean dollar amfioed in a bank-year is $872.7m, and the total
dollar amount fined across the sample is $53.2lme. ifcidence of fines increased over the sample
period, especially post-2012, peaking at 36 fime2015. The major share of fines, both in incidence
and dollar amount, is related to market violationgh 49 fines over the sample period averaging
$1.1bn per bank-year and amounting close to $30i6kotal. Fines related to economic sanction
violations, albeit not as frequent (25 fines), hibld second largest share, accounting for overR2bi4.

in total, with an average fine value per bank-yef$791.1m. Fines related to banking business
violations are relatively frequent (41 fines), lith a substantially smaller average amount pekban
year of $248.9m and a total amount of $6.5bn. Fimdasted to administrative violations are the
lowest, both in average amount per bank-year ($78md)numbers (31 fines), amounting to $1.9bn.
Overall, market and economic sanction violatioresthe most heavily penalised types of misconduct.

[Insert Table 3 about here]

4.2. Univariate analysis

Table 4 reports the results of the univariate asiglywhere the sample banks are grouped on the basi
of board gender diversity. In Panel A, we distislubanks with at least one female director (in year
t-1) and banks without female directors. In Panel8 differentiate between banks with high and low
board gender diversity, according to whether tlapeortion of female directors in yetd is above or
below the sample median, respectively. The data dhat banks with greater board gender diversity
- defined using either a binary or median thresHalded classification of female board represemtatio

- experience a higher number of misconduct fineswéter, this does not take into account other
board and bank-level characteristics that coulceipdlly drive the difference. Banks with more
gender-diverse boards tend to be larger; they aee riikely to also have women in leadership
positions, including both the CEO and chairpersaias; and greater employee representation on the

board.

' The maximum amount of about $9bn was levied ag&@N$ Paribas in 2015, followed by $7.9bn against
Deutsche Bank in 2017, and $5.6bn against the Rgak of Scotland in 2017.
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[Insert Table 4 about here]

4.3 Regression analysis

4.3.1 Do female directors reduce misconduct?
Table 5 reports the results of our negative binbmeigression model for Hypothesis 1. Drawing on
the agency theory, we hypothesise a negative oaktiip between board gender diversity and bank
misconduct. The negative binomial regression moesisnate the relationship between our proxy of
board gender diversity and the number of finesivedeby banki in yeart, employing a set of
governance or board-level controls, bank- and agtdatvel controls, and year and regulatory agency
fixed effects. Standard errors are clustered at dbentry level to accommodate country-wise
contemporaneous correlation caused by economidtammsland regulatory standards.
Models (1)-(3) focus on the effect of female dicgston bank misconduct, and employ as the key test
variable the fraction of women on the boarBerhale Director % To capture bank-level
autocorrelation caused by the regulators’ impogjraater scrutiny towards banks that have a recent
misconduct record, all models include the misconéines (number and dollar amount) received by a
bank in the previous year as additional regressorslodel (2) we add a time-invariant country-level
control to capture the progress towards genderliggiirathe country where the bank is headquartered
(Gender Index RankIn Model (3) we control for the effect of theegence of women in leadership
positions, including the CEO, chairperson, or mlest roles Female Leadgr These models
constitute our baseline specifications.

[Insert Table 5 about here]
The coefficient of our board gender diversity vhlgais negative and significant in all models: this
indicates that female representation on the boardegatively associated with the frequency of
misconduct fines. The coefficients in a negativeohiial model can be directly interpreted as the
change in the log differential of expected coursymit change in the regressor, or convertedthrto
incidence rate ratio (IRR) which represents thengkan the rate of incidence of fines. We transform
the reported coefficients into the IRR using thpanential of the estimated coefficient multiplieg b

the change in the independent variabfé(eto obtain the ratio of the rate of fines perry®&aFines /
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N.Fines, generated by the given change in our measure alegativersityAx = X; - Xo. Thus, our
parameter estimates suggest that a one-unit irergaghe proportion of women on the board
decreases the frequency of fines by a fraction.27,@eteris paribusFor the average change in the
fraction of women in our sample (0.016), the numbkfines will decrease by a fraction equal to
(0.27§'°= 0.98. Given that the average fine amount in amne is $364.6 million, about 0.12% of
banks’ average total assets, the estimated deciredise frequency of banks’ misconduct incidences
as a result of greater gender diversity on thed@aequivalent to saving approximately $7.48 mwili
per year. The merit of female directors remainseafter controlling for the level of gender equalit
in the country where the bank is headquarteredtiadgresence of women in leadership positions
within the bank’s governance.

The coefficient for the number of previously reeelvmisconduct fines is positive and significant,
suggesting that misconduct episodes tend to berestu However, the coefficient for the dollar
amount of misconduct fines in the previous yeardaggative and significant sign, suggesting that a
more severe regulatory penalty can have a benkeffiact in decreasing the incidence of future
misconduct (disciplining effect). Both the gendeuality index and the presence of women in
leadership positions show the expected negativesdigt are not significant.

As to the other controls, we find a positive arghgicant sign for bank size. This is not surprigias
larger banks with more cross-border activities rage frequently in the spotlight of regulators and
thus more frequently fined. We also find a positara significant coefficient for our proxy of bank
risk (Stock Return Volatiliy confirming that riskier banks are more likely ltave lower conduct
standards. Among our governance controls, we firad the length of the CEO tenure is positively
associated with the frequency of misconduct finBsis is in line with the CEO entrenchment
literature, suggesting that longer tenure mightiltegs the CEO becoming more powerful and more
likely to take risks (Bebchuk and Kamar, 2010)atidition, Hermalin and Weisbach (1998) show that
monitoring declines as CEO tenure increases, pgssilggesting that the board becomes more
entrenched and thus slower in detecting potentistonduct.

Critical mass
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To explore the drivers of the effect of board gerdieersity on bank misconduct, we consider several
tests. Our first test draws upon the critical nthg®ry, which posits that female directors woulgena
to exceed a certain minority threshold for thenbéoable to have any material impact on corporate
outcomes such as monitoring, performance, and ptieweof misconduct. There is consensus in the
empirical literature that three or more directavenf a critical mass, and, in such instances, female
directors would be more effective in voicing thepinion and influencing corporate decision-making
(Liu et al., 2014; Liu, 2018). Thus, we run our &ase specifications in Eqg. (1) using as a proxy of
gender diversity a dummy variabler{tical Mass> 3) for a minimum of three female directors on the
board. Banks with at least three women on theirrda@onstitute about 43% of the bank-year
observations in the sample. The results are regppantd able 6, Models (1)-(3). All models show a
more statistically significant role of gender disi¢y in curbing misconduct when the number of
female directors reaches a critical mass.

[Insert Table 6 about here]
In Models (4)-(5) we test whether the role of feendlrectors, either in the form of critical mass or
simply proportional presence, becomes more effectiv reducing bank misconduct if they are
supported by a female CEO, president, or chairperd@male Leaderinteraction terms). The
incremental effect of women in leadership positiahstatistically significant only when there is no
critical mass. This is evident by the fact that ittn@act of the proportion of female directors idyon
significant when there is also a woman in a leddprsole; this additional effect disappears if féena
directors reach a critical mass.
Finally, in Models (6)-(7) we further test the @#tl mass theory by examining how the absolute
number of female directors (rather than their probpoal presence on the board) matters for bank
misconduct. We employ dummy variables that indidateboard comprises one, two or more female
directors. In particular, Model (6) replaces thenduy variable for three or more wome@ritical
Mass> 3) with a dummy for two or more female directo@rifical Mass> 2). Boards with at least
two women comprise about 63% of the sample bank-pbaervations. The dummy variable is
insignificant, indicating that two female directaannot be regarded as a critical mass in the xbnte

of board gender diversity. Model (7) includes a &ardirector dummy that captures boards with one
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woman (Critical Mass =1), alongside the conventional critical mass dumm@yitical Mass > 3).
About 24% of the bank-year observations have boaitls a sole female director. It emerges that a
board with one female director exerts no signiftdeapact on misconduct frequency, whereas a board
of three or more female directors is still ass@dawith a reduction in misconduct.
Overall, the results indicate that the absolute lmenmnas well as the percentage of female directors,
does matter for bank misconduct. In support of thiéical mass theory, the effect enters the
relationship in a nonlinear way, implying that threr more female directors have to be on the board
for a significant reduction in misconduct frequency
Bank size effect
Our univariate analysis reveals that larger bamksnaore gender-diverse but also more frequently
fined. To control for the fact that larger bankseige more fines, we introduce size effects in the
baseline model by categorising the banks into dearbased on the total value of assets. We then
assess the differential impact of gender diversitymisconduct for the largest (top quartile) banks
versus other banks by incorporating interactiomgbetween the fraction of female directors and the
size dummy variablesS{ze Q). The results of this test are presented in Téble

[Insert Table 7 about here]
We find that large banks (first and second quasjjlas expected, receive on average a higher number
of fines. Still, there is no evidence of an impattboard gender diversity on misconduct for thekisan
of the top size quartile - the interaction termtoapg the fraction of female directors 8izeQ, has
the expected negative sign but is statisticallygm§icant. Instead, we find a misconduct-reducing
effect for the rest of the sampled banks, as inditeby the negative and strongly significant
interaction coefficient irSize Qs This result reveals that the aggregate findimg$able 5 exhibit
bank size heterogeneity, that, when accounteddads to even more robust support for Hypothesis 1.
Change in the proportion of female directors
To complete our evidence in support of Hypothesise run the baseline specifications using as key
variable the change in the fraction of female doexon the board between ydasnd yeart-1 (A
Female Director % This proxy has two advantages. While the previgpecifications in Table 5 test

for the level of women participation, this proxyptares the change in the degree of women
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participation regardless of the initial level. 4t therefore, less influenced by board size, widcln
turn, related to bank size. The results of thisdes presented in Table 8.

[Insert Table 8 about here]
We find that with a one-unit increase in the chaimgthe representation of women on the board, the
number of fines decreases by a factor of 4-5%ieris paribus Overall, the beneficial impact of
female directors on bank conduct, as predictedyipathesis 1, is confirmed.
4.3.2 Gender diversity and ethicality/risk aversion
In this section, we attempt to shed light on thanetels through which women’s presence on the board
can reduce bank misconduct. One of the challerggeeidifficulty in disentangling the ethicalitydan
risk aversion channels. The gender socialisati@orth argues that women’s influence derives from
their ability to foster more ethical decision-makiCumming et al., 2015; Byron and Post, 2016;
McGuinnes et al., 2017; Liu, 2018). A higher femadeticipation should improve the board’s attitude
towards more ethical issues, such as avoiding wevoént in activities that could potentially
undermine trust and confidence in the bank, and aad to a reduction in misconduct. On the other
hand, gender might help explain differences ingmexices and behaviour (Croson and Gneezy, 2009;
DellaVigna et al., 2013), and the risk attitude Imige driven by the existence ofander punishment
gap (Egan et al., 2018). In our context, female dwegtrole in improving conduct could be driven by
their ethical values and/or risk aversion. To thigl, we explore whether the mechanism through
which gender diversity relates to bank miscondumt ©e identified in the link between female
directors and the occurrence of severe offences.
First, we distinguish between civil and criminalds. The underlying assumption is that criminagdin
reflect more severe and less ethical offences.elihderiminal fines are rare (amounting to less tBan
% of the bank-year observations), but also oftemyca custodial sentence and a lifetime ban from
working in the industry. We use a probit modeltfoe occurrence of criminal fines and the same fset o
controls as the baseline specifications in Eq. {1)e dependent variable is a dummy variable
(D.Fine_Crimina) equal to one if a bank receives a fine imposed byurt for criminal offences and
zero otherwise. The results of this test are replart Table 9.

[Insert Table 9 about here]
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In Model (1) the coefficient on gender diversityggasts that the higher the proportion of women on
the board, the lower the probability of criminalseonduct. However, the coefficient is weakly
significant in Model (1) and insignificant in Mode(2)-(3), providing only weak support for the
ethicality channel.

In Model (4) we augment the specification with ateraction term between the fraction of female
directors on the board and the level of gender lggua the country where the bank is headquartered
This additional test aims to investigate whetherdksociation of female directors with bank crirhina
misconduct depends on the country’s institutiondture, that is, more or less supportive of gender
equality. The coefficient for the interaction tersnnegative and significant, while the coefficiéot
female directors loses significance. We interphét tesult as evidence that the role of women in
supporting a more ethical behaviour of the boardasely intertwined with the recognition of their
role in the society in which they operate. In otiverds, the ethical impact of female directorsngyo
effective in countries with a higher level of gendguality.

In Model (5) we augment the specification with ateraction term between the fraction of female
directors on the board and the presence of womégattership positions. This test further examines
whether the ethical role of board gender divergtymore prominent in banks with women in
leadership positions (ethical behaviour encouragdtie top). The results suggest that the ethatal r
of female directors on the board is not enhancedidayen in leadership roles within the governance
of the bank.

Second, following Cumming et al. (2015), we conjeetthat the severity of fines and, in turn, their
reputational effect are represented by the extérnhe stock market reaction triggered by the fine
announcement. In an event study set-up, we medsareffect of fines on share prices based on the
abnormal reaction of the bank receiving the firmmputed as the deviation of its stock return frésn i
expected value. The latter is estimated using dmstant mean return model computed over the whole

sample period’ The Cumulative Abnormal Return (CAR) associatethwmisconduct fines is then

17 The gains from employing the market model as oppdsethe constant return model for the estimatibn o
abnormal return in event studies are linked to ceduthe variance of the abnormal return. HoweBeown and
Warner (1985) find that for random samples andtditoe periods, the market model is not systembyideetter
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regressed on four dummy variables indicating thpe tgf fine. The estimated regression coefficients
represent the Cumulative Average Abnormal RetudiR) and its significance is assessed using the
cross-sectional variation across the events thrdabgl-statistic. The results of the event study are
reported in Table 10.

[Insert Table 10 about here]
The findings are supportive of the view that ecoiwosanction violations are more severe and carry
higher reputational risk than the other types afe$i Economic sanction violations prompt
significantly negative stock market returns in cast to banking business, market, and adminis&rativ
violations. The effect becomes apparent for lasgemt windows with a significant CAAR of —5.1%
for the [0, 6] day event window, —7.6% for up tal&ys after the event, and —6.0% for 10 days after
the event. The abnormal returns associated witlotier three types of fines are insignificant asros
all event windows.
The results are robust to the choice of expecteatrreised as input for deriving the abnormal return
as well as alternative regression specificatf8ne then turn to examine whether the role of board
gender diversity in reducing the number of finesesadepending on the severity of fine. Building on
our event study finding of a more aggravate markgponse to economic sanction violations, we run
our baseline specification in Eq. (1) linking gendeversity and frequency of fines for each of the
four fine sub-samples. The results of this testeperted in Table 11.

[Insert Table 11 about here]
We find a negative and significant coefficient four proxy of board gender diversitfFdmale
Director % only in relation to economic sanction violatiomghich, as indicated by our event study,
are considered to be the most severe type of fifieis. provides further support to the view that
gender has a significant effect on the attitudesnahagers towards business ethics but also risk-
taking. Economic sanction violations are the resfilcomplex and sometimes inconsistent global

regimes, coupled with the increasing rigor in ecéonents by US regulators. In this context, female

at identifying the presence of abnormal returnstheodels that do not incorporate market-wide factamd
firm-specific risk.

18 Using the mean return over the 252 and 504 daigsdthe announcement to estimate the expectethretu
as well as including year and country fixed effentthe CAR regressions, we obtain virtually ideatiresults,
which are available upon request.
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directors can be influential in helping banks natégthe regulatory landscape and decrease the
incidences of economic sanction violations, whioh @nsidered by the market as the ones that incur
the highest reputational costs.
Overall, the results in this sub-section suppoet ¢thicality/risk aversion channel as the mechanism
through which gender diversity improves bank comduc
4.3.3 Gender diversity over other types of diversity
Our Hypothesis 3 postulates that the impact of ferdaectors might be less important in boards that
are more diverse overall. We test this hypothegialdgmenting our baseline model with three other
measures of board diversity (Arnaboldi et al., 2§)20namely, age diversity captured by the
coefficient of variation of the board directors’ ea@Director Age Diversity, internationalisation
proxied by the fraction of foreign director&aofeign Director %, and employee representation
measured as the fraction of employees on the &ngloyee Representative.%
Our choice of board diversity indicators is guidky the European regulatory guidelines and
encompasses all aspects of diversity proposedéyethulators, with the exception of educational and
professional background, due to data limitatibhslowever, we use employee representation as a
proxy of professional background and experience. Etropean Banking Authority (2017) document
argues that employee representation in the boardimmild be seen as a positive way of enhancing
diversity, as it adds a different perspective amoviedge of the internal workings of companies.
The results of the regressions including the différcomponents of board diversity are reported in
Table 12.

[Insert Table 12 about here]
We find that the coefficient for gender diversiyriegative and significant in all models. Interegi,
none of the other board diversity characteristieenss to have an impact on the frequency of
misconduct. These findings suggest that femaleutire exert a strongly significant negative effeact

bank misconduct even in the presence of other &spéboard diversity. Overall, the results vindé&a

¥ The European Banking Authority (2017) Guidelin&&le V, Diversity within the Management Body,
state: “The diversity policy should at least ref@ethe following diversity aspects: educational gndfessional
background, gender, age and, in particular forititgtns that are active internationally, geographi
provenance, unless the inclusion of the aspecteofygphical provenance is unlawful under the lafvthe
Member State”.
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rejection of Hypothesis 3 and support the view thatreduction in bank misconduct can be attributed
to the role of female directors rather than a gareffect of a more diverse board.
4.3.4 Robustness tests
We conduct the following additional tests. Firste wun our baseline regressions using a Poisson
model for the rate of fine occurrence, as it ismapter model for count variables but disregards the
overdispersion exhibited by our count data withasgé number of zeros. The results remain
unchanged and are available upon request. Thehida ratio test for the significance of the
overdispersion parameter also shows that the twaelaa@re statistically identical.
Second, we run our baseline specifications inclydoountry fixed effects on a sub-sample of
countries with at least three banks. The resulthisftest are presented in Table 13. We find megat
and significant coefficients for our proxies of bagender diversity and evidence of bank size
heterogeneity in the impact of female directorsthboonsistent with the results obtained using
country-level controls. Therefore, we can exclutde possibility that our results are driven by
unobserved fundamental differences in the soatainemic, and regulatory contexts across countries.
[Insert Table 13 about here]
In a third test, we address the literature on tlasgycliff effect, which posits that women are ofte
appointed into leadership positions that are aasediwith increased risk of failure (Ryan and
Haslam, 2005; Haslam and Ryan, 2008; Liu, 2018)teBb whether our results are driven by female
directors joining boards of banks that are alreaglperiencing distress, we exclude the cases of
women joining the board during “troubled” times. \Weceed by dropping observations where the
change in stock price volatility in the previousayés equal to or higher than the™ercentile of the
sample. The results of this test are reported inleTd4. The coefficients for our proxies of board
gender diversity remain negative and significambosg all models after controlling for the potential
glass cliff effect, which supports the validityair Hypothesis 1.
[Insert Table 14 about here]
Next, we test the robustness of our baseline esolthe model specification using a pooled probit
model for the probability of being sanctioned. Tdependent variable is a dummy variable equal to

one when a bank is fined and zero otherwise. Theltseof this test are reported in Table 15. The
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findings for our main proxy of gender diversity tiplthe size differences in the effect of female
directors on bank misconduct are also evidentighgpecification.

[Insert Table 15 about here]
Next, we re-estimate our baseline negative binomaigdession model for the frequency of fines using
a control function-based instrumental variable apph, which is suitable in the context of nonlinear
models of discrete and count variables with comtirsu endogenous regressors. Control function
estimators first estimate the model of endogenegsessors as a function of the instruments, as the
“first stage” of 2SLS, then use the errors frons timodel as an additional regressor in the main mode
This approach is more general than maximum likelthas it allows flexibility in the specification of
the first stage function, and the joint distributiof errors need not be fully parameterised (Levébel
al., 2012).
The results of this test are reported in TableTI® instrumental variable approach confirms that th
findings of our analysis regarding the effect ofnéde directors hold after controlling for the
potentially endogenous nature of board characiesist

[Insert Table 16 about here]
Finally, building upon Arnaboldi et al. (2020a), wensider diversity-related corporate governance
reforms during our sample period to test whetherithpact of women in curtailing misconduct is
significant following reforms aimed at increasingnger representation on listed companies’ boards
of directors. To this end, data are collected frima European Corporate Governance Institute
(ECGI), the European Commission (EC), the WorldiBReport on the Observance of Standards and
Codes (ROSC), and publications from each countsfavant regulator. During our sample period,
EU countries such as France and ltaly introducechdat®ry gender quotas (2011 and 2012,
respectively). Using a difference-in-difference émapl framework that controls for agency and time
fixed effects and allows for country-specific resdl serial correlation, we find evidence that
following the exogenous shock of board diversitipnas the misconduct-reducing impact of female
directors is significant and stronger, although #ffect takes up to two years to materialise. The
results of this test are reported in Table 17.

[Insert Table 17 about here]
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5. Conclusions

This study examines the relationship between bgandler diversity and bank misconduct as captured
by the fines imposed by US regulators on Europeankdr Bank misconduct has significant
implications not only for individual financial ingitions, as large regulatory fines can harm their
soundness, but also for the whole banking indu3tngrefore, understanding the role of board gender
diversity in curbing bank misconduct can contribtereducing systemic risk and strengthening
financial stability.

Post-crisis, US regulators have issued a recorceumf fines to foreign financial institutions. hi
offers a unique set-up for our analysis. We harltecband analyse misconduct fines issued to
European listed banks by all US regulatory agendeth relating to criminal sanctions and civil
infringements. We find that a larger presence ofmen on the board of directors is associated with
fewer misconduct fines. The effect is economicadignificant: the estimated decrease in the
frequency of banks’ misconduct fines as a resulyrefater board gender diversity is equivalent to a
saving of $7.48 million per year. Boards with th@emore women are found to have a stronger
impact in curbing misconduct compared to those with or fewer women, corroborating the critical
mass theory in the context of board gender diwer3ihese results seem to provide support to the
view that increased gender diversity helps reducomguct risk by helping to foster a better corpora
culture.

To understand the mechanisms through which theepoesof women on the board affects bank
misconduct, we test the ethicality/risk aversioarutel and the diversity/human capital channel. We
find evidence to support the ethicality channel,iraficated by the negative association of board
gender diversity with criminal misconduct, condiid on the bank being based in a country with a
higher level of gender equality. We also find supgdor the risk aversion mechanism, as board
gender diversity is associated with a lower freqyeof economic sanction violations that trigger a
more severe stock market reaction and are curremtty of the biggest challenges for US and
European banks. To test the diversity channel, amsider other aspects of board diversity, including

age diversity, the presence of foreign directord employee representatives. We find no evidence to
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support board diversity, rather than the presencevamen, playing a role in curbing bank
misconduct. Our results therefore suggest that wobnmg a unique set of skills to corporate boards,
in line with the gender socialisation theory intetation.

Overall, our findings support the view that gendimersity has a significant effect on the attitudés
managers towards business ethics but also riskgakjender diversity improves bank culture and
reduces conduct risk. We also find that women impamte governance are more influential in
countries with higher gender equality. While mosirdgpean countries have made considerable
progress in terms of gender equality in areas sischducational attainment and health, substantial
inequality remains in areas such as economic aation and political empowerment. One of the
biggest challenges lies in changing stereotypeshaasl in society, highlighting the importance of
government and regulatory initiatives aimed at ddeg gender diversity. Our results provide
evidence that policymakers should take a holistitfom-up approach to gender issues to ensure the
impact of gender diversity in corporate governance.

Interestingly, we find that female board represgmtahas no impact on bank misconduct for the
largest banks. While current reforms often targetihclusion of more female directors on the boards
of larger banks, our results point towards a beradfieffect of board gender diversity also for
medium-sized and smaller banks. Such banks magawa the same relevance for financial stability
as larger banks; however their role in maintainiugt and confidence in the financial system should
be taken into consideration. Additional evidencenfsoto a recidivism of bank misconduct and a
strong deterrent represented by larger monetarglipesn

An interesting avenue of further research is toegtigate whether the regulatory fines, as a
consequence of misconduct events, trigger chamgiae igovernance of the bank, or prompt the bank
senior management to consider including more woometihe board in order to increase the perceived

ethicality of the board in the eyes of stakeholdsrd regulators.
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Table 1: Summary statistics

Variable N Mean Median Std. dev. Minimum Maximu
Panel A: Corporate governance

Female Director 789 0.868 1.000 0.339 0.000 1.000
Female Director % 789 0.164 0.148 0.121 0.000 0.600
A Female Director % 693 0.016 0.000 0.058 -0.250 0.222
Female CEO 789 0.047 0.000 0.212 0.000 1.000
Female Chair 789 0.232 0.000 0.422 0.000 1.000
Female Leader 789  0.255 0.000 0.436 0.000 1.000
Board Size 789 16.129 15.000 5.916 4.000 41.000
Director Tenure 789 6.203 5.900 2.781 0.100 16.671
Director Age 789 58.325 58.588 4.602 35.800 70.385
CEO Tenure 789 5.857 4.000 5.110 1.000 28.000
CEO Age 789 56.103 56.000 7.278 33.000 79.000
CEO Turnover 789 0.147 0.000 0.354 0.000 1.000
Director Age Diversity 789 0.145 0.142 0.047 0.013 0.905
Foreign Director % 789 0.197 0.182 0.204 0.000 1.000
Employee Representative % 789 0.074 0.000 0.127 0.000 0.600
Panel B: Misconduct fines

D.Fine 798 0.076 0.000 0.266 0.000 1.000
N.Fine 798 0.183 0.000 0.799 0.000 8.000
N.Fine_Banking 798 0.051 0.000 0.311 0.000 3.000
N.Fine_Economic 798 0.031 0.000 0.230 0.000 3.000
N.Fine_Market 798  0.061 0.000 0.354 0.000 4.000
N.Fine_Admin 798  0.039 0.000 0.229 0.000 2.000
Fine (m) 798 66.711 0.000 540.610 0.000 9033.557
D.Fine_Criminal 798 0.026 0.000 0.160 0.000 1.000
Panel C: Bank- and country-level controls

Total Assetgbn) 789 306.766 76.275 473.087 3.263 1641.308
ROE 789 0.064 0.076 0.106 -0.210 0.248
Stock Return Volatility 787 0.384 0.338 0.183 0.140 0.811
Tobin's Q 785 2.278 1.004 3.333 0.927 13.612
GDP Growth 789 0.992 1.400 2.844 -9.100 25.000
Gender Index Score 789  0.745 0.738 0.039 0.674 0.822

The table reports the summary statistics for timepdad banks on the variables used in the analysisel A and
Panel C report the statistics on corporate govemand bank- and country-level controls, respelstier the
2007-17 period. Panel B reports the statistics @tomduct fine variables over the 2008-18 pericgniBlevel
control variables are winsorised at the 5 peroarell Definitions of the variables are provided\ppendix B.
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Table 2: Female representation in bank governance

Female Director Female Director % Female CEO Fentalair Female Leader
2007 0.800 0.104 0.015 0.169 0.185
2008 0.806 0.113 0.015 0.209 0.224
2009 0.716 0.103 0.015 0.209 0.224
2010 0.750 0.101 0.044 0.176 0.206
2011 0.824 0.111 0.044 0.235 0.265
2012 0.859 0.132 0.042 0.197 0.225
2013 0.938 0.165 0.037 0.188 0.212
2014 0.944 0.204 0.070 0.211 0.239
2015 0.949 0.226 0.064 0.256 0.282
2016 0.949 0.250 0.077 0.308 0.333
2017 0.961 0.261 0.079 0.368 0.382

The table reports the statistics on gender diyeisibank governance over the sample period. Thenmalue
is reported for: (i) female director dummy varigh(&) fraction of female directors, (iii) femaleED dummy
variable, (iv) female chairperson / president dunvasiable, and (v) female leader dummy variabldirt@ons
of the variables are provided in Appendix B.
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Table 3: Misconduct fines - Time trend by the typef fine

Panel A: Number of bank fines

N.Fine N.Fine_Banking N.Fine_Economic N.Fine Marke N.Fine Admin
2009 6 1 2 0 3
2010 5 0 3 0 2
2011 2 0 0 1 1
2012 12 4 4 4 0
2013 12 1 5 4 2
2014 17 4 1 10 2
2015 36 11 5 9 11
2016 16 8 1 2 5
2017 18 6 1 8 3
2018 22 6 3 11 2
Total 146 41 25 49 31
Panel B: Average bank fine amount ($ m)
Fine Fine_Banking Fine_ Economic Fine_Market Fine_ Admin
2009  80.663 8.385 392.000 0.000 0.977
2010 270.454 0.000 266.200 0.000 276.835
2011 72.524 0.000 0.000 145.000 0.048
2012 915.638 1010.500 537.000 189.183 0.000
2013  521.408 50.000 34.010 1202.685 7.815
2014  292.976 107.540 258.661 394.500 41.500
2015 1652.255 333.330 2575.298 912.435 34.043
2016 137.744 201.075 2.486 0.655 4.592
2017 2043.182 98.387 425.000 2677.320 48.562
2018 1347.132 134.312 852.467 1415.925 445.895
Sample 872.710 248.862 791.136 1093.701 76.034
Panel C: Total bank fine amount ($ m)
Fine Fine_Banking Fine_ Economic Fine_Market Fine_ Admin
2009  403.315 8.385 392.000 0.000 2.930
2010 1352.269 0.000 798.600 0.000 553.669
2011 145.048 0.000 0.000 145.000 0.048
2012  3662.550 2021.000 1074.000 567.550 0.000
2013 2607.039 50.000 136.038 2405.370 15.630
2014  2636.781 322.620 258.661 1972.500 83.000
2015 16522.545 2333.311 10301.193 3649.740 238.301
2016  826.462 804.300 2.486 1.310 18.367
2017 14302.272 393.548 425.000 13386.600 97.124
2018 10777.057 537.250 852.467 8495.550 891.790
Total 53235.338 6470.414 14240.445 30623.620 1980.8

The table reports the summary statistics on misgciniihes of the sampled banks over the sampl®geRanel
A reports the number of fines across the sampleyday and in total; Panel B reports the averageuatnof
fines per bank-year, by year and for the full sampind Panel C reports the total amount of fineesacthe
sample, by year and in total. The statistics aponted for: (i) all misconduct fines and separately those
related to (ii) banking business violations, (&fonomic sanction violations, (iv) market violatorand (v)
administrative violations. Definitions of the varlas are provided in Appendix B.
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Table 4: Univariate analysis by board gender diverisy

Panel A: Presence of female directors

Boards with female Boards without female Difference

directors directors

N Mean N Mean Mean p-value
D.Fine 664 0.089 103 0.020 0.070** 0.016
N.Fine 664 0.217 103 0.020 0.198** 0.022
Fine (m) 664 78.972 103 7.748 71.225 0.223
Female CEO 664 0.061 103 0.009 0.052** 0.031
Female Chair 664 0.288 103 0.049 0.240*** 0.000
Female Leader 664 0.314 103 0.059 0.255%*+* 0.000
Board Size 664 16.471 103 14.389 2.083*** 0.001
Director Tenure 664 6.322 103 5.889 0.434 0.141
Director Age 664 58.533 103 58.178 0.354 0.456
CEO Tenure 664 6.016 103 6.204 -0.188 0.739
CEO Age 664 56.371 103 55.622 0.749 0.328
CEO Turnover 664 0.146 103 0.117 0.030 0.424
Director Age Diversity 664 0.144 103 0.148 -0.005 0.378
Foreign Directors % 664 0.208 103 0.159 0.050** 0.022
Employee Representative % 664 0.084 103 0.018 0.065*** 0.000
Total Assetgbn) 664 349.080 103 143.358 205.721**  0.000
ROE 664 0.060 103 0.045 0.014 0.206
Stock Return Volatility 664 0.379 103 0.402 -0.022 0.241
Tobin’'s Q 664 2.188 103 1.899 0.288 0.399

Panel B: Fraction of female directors (median ¥plit

Boards with high Boards with low Difference

gender diversity gender diversity

N Mean N Mean Mean p-value
D.Fine 342 0.135 425 0.035 0.099*** 0.000
N.Fine 342 0.354 425 0.059 0.295*** 0.000
Fine (m) 342 143.846 425 9.505 134.34**  0.001
Female CEO 342 0.100 425 0.019 0.081*** 0.000
Female Chair 341 0.419 425 0.124 0.294*** 0.000
Female Leader 342 0.456 425 0.137 0.320*** 0.000
Board Size 342 16.304 425 16.101 0.203 0.636
Director Tenure 342 6.343 425 6.201 0.143 0.479
Director Age 342 58.812 425 58.222 0.590* 0.070
CEO Tenure 342 6.12 425 5.979 0.141 0.715
CEO Age 342 55.661 425 56.76 -1.099** 0.036
CEO Turnover 342 0.146 425 0.139 0.007 0.771
Director Age Diversity 342 0.136 425 0.15 -0.015%*** 0.000
Foreign Directors % 342 0.202 425 0.201 0.001 0.957
Employee Representative % 342 0.099 425 0.057 0.042*** 0.000
Total Assetgbn) 296 462.507 415 218.606 243.901**  0.000
ROE 296 0.062 415 0.054 0.007 0.327
Stock Return Volatility 342 0.339 423 0.416 -0.077*** 0.000
Tobin’'s Q 294 1.65 412 2.502 -0.853*** 0.001

The table reports the results of the univariatdyasiaby the board gender diversity based on tlesqrce and
fraction of female directors on the board. In Paheh bank is assigned to the sub-sample of baitksfeamale
directors in yeat if it has at least one female director on the daaryeart-1, and to the sub-sample of banks
without female directors otherwise. In Panel B aalbis assigned to the sub-sample of banks with baard
gender diversity in yedrif the fraction of female directors on its boandyeart-1 is equal or greater than the
sample median, and to the sub-sample of bankslaithboard gender diversity otherwise. Thest for the
equality of means is reported in the last two calanwhere *, **, and *** indicate significance did¢ 1%, 5%,
and 10% level, respectively. Definitions of theightes are provided in Appendix B.
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Table 5: Board gender diversity and bank misconduct Baseline regressions

N.Fine N.Fine N.Fine
1) (2) 3)
Female Director % -1.293* -1.259* -1.731*
(0.743) (0.740) (0.950)
Gender Index Rank -0.019
(0.043)
Female Leader -0.366
(0.253)
N.Fine 0.235*** 0.244**=* 0.275***
(0.079) (0.085) (0.075)
Ln(Fine) -0.026* -0.027* -0.034**
(0.014) (0.014) (0.014)
Ln(Board Size) 0.178 0.132 0.217
(0.255) (0.273) (0.240)
Ln(Director Tenure) 0.580 0.639 0.564
(0.396) (0.453) (0.404)
Ln(Director Age) -2.653 -3.257 -2.752
(1.983) (2.557) (2.932)
Ln(CEO Tenure) 0.731*** 0.731*** 0.764***
(0.252) (0.247) (0.218)
Ln(CEO Age) -0.961 -1.050 -1.662
(0.937) (1.036) (1.249)
CEO Turnover 0.310 0.294 0.312
(0.537) (0.512) (0.489)
Size 1.311%* 1.344%* 1.438***
(0.216) (0.250) (0.276)
ROE 0.278 0.298 0.058
(1.575) (2.579) (1.142)
Stock Return Volatility 1.938** 1.867** 2.139%**
(0.776) (0.727) (0.732)
Ln(Tobin’s Q) 0.122 0.096 0.045
(0.261) (0.243) (0.278)
GDP Growth -0.043 -0.032 -0.043
(0.106) (0.097) (0.104)
G10 0.675 0.717* 0.602
(0.427) (0.422) (0.388)
Intercept -26.439** -24.266** -26.518**
(10.705) (11.896) (10.524)
Year FE Yes Yes Yes
Agency FE Yes Yes Yes
IRR Female Director % 0.274 0.284 0.177
Observations 700 700 700
Log-Likelihood -119.01*** -118.97*** -118.25***
Pseudo R-Squared 0.62 0.62 0.62

The table reports the results from the negativerial model for the number of misconduct fines @ast. All

independent variables are lagged by one year. Stdngfrors clustered at the country level are itegomn
parentheses. IRR indicates the Incidence Rate Ratithe main variable in the analysis. Agency F&nhds for
the type of agency that issues the fine. The Ldgliliood statistic pertains to the null hypothetiat the
model coefficients are jointly zero. ***, ** * deste significance at the 1%, 5%, 10% level, respebti
Definitions of the variables are provided in ApperB.
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Table 6: Board gender diversity and bank misconduct Critical mass and female leadership

N.Fine N.Fine N.Fine N.Fine N.Fine N.Fine N.Fine
(1) (2) (3) (4) (5) (6) )
Critical Mass -0.734** -0.734*  -0.807***  -0.871** -0.870**
(=3)
(0.324) (0.327) (0.310) (0.347) (0.343)
Critical Mass 0.673
(=2) (0.497)
Critical Mass -0.820
(=1)
(0.788)
Gender Index -0.021
Rank
(0.041)
Female Leader -0.382 -0.589
(0.254) (0.388)
Critical Massx 0.237
Female Leader (0.407)
Female Director -1.189
%
(0.750)
Female Director -1.318**
% x Female (0.666)
Leader
N.Fine 0.255***  0.264**  0.303**  0.300*** 0.286*** 0.226** 0.235**
(0.081) (0.085) (0.071) (0.072) (0.075) (0.091) (0.094)
Ln(Fine) -0.034** -0.034**  -0.044***  -0.044*** -0.035** -0.®5 -0.030*
(0.016) (0.016) (0.016) (0.017) (0.014) (0.016) (0.018)
Ln(Board Size) 0.432 0.379 0.519* 0.505** 0.190 0.194 0.473
(0.300) (0.301) (0.275) (0.257) (0.242) (0.319) (0.320)
Ln(Director 0.496 0.563 0.482 0.469 0.651 0.554 0.424
Tenure)
(0.334) (0.397) (0.362) (0.387) (0.436) (0.472) (0.394)
Ln(Director Age) -3.087 -3.759 -3.179* -3.327* -2.468 -1.769 -2.261
(1.955) (2.331) (1.889) (1.857) (2.023) (2.421) (2.198)
Ln(CEO Tenure) 0.737**  0.737**  0.761**  0.771** 0.729*** 0.600** 0.714***
(0.262) (0.258) (0.236) (0.216) (0.217) (0.255) (0.245)
Ln(CEO Age) -1.189* -1.296 -1.865* -1.947** -1.481 -0.586 -1a10
(0.689) (0.814) (0.960) (0.955) (1.058) (0.850) (0.746)
CEO Turnover 0.341 0.321 0.355 0.373 0.271 0.205 0.343
(0.545) (0.517) (0.506) (0.480) (0.478) (0.542) (0.547)
Size 1.348**  1.385**  1.471**  1.495*** 1.389*** 1.245%*  1.313**
(0.180) (0.216) (0.230) (0.223) (0.231) (0.194) (0.187)
ROE -0.401 -0.382 -0.651 -0.602 0.081 0.498 -0.603
(1.965) (1.986) (1.505) (1.487) (1.215) (1.643) (2.176)
Stock Return 1.132 1.055 1.348 1.440* 2.020*** 2.694** 1.044
Volatility
(0.920) (0.856) (0.840) (0.797) (0.775) (1.048) (0.957)
Ln(Tobin’s Q) 0.112 0.081 0.052 0.063 0.027 0.214 0.083
(0.2112) (0.184) (0.206) (0.191) (0.275) (0.245) (0.226)
GDP Growth -0.023 -0.011 -0.023 -0.028 -0.037 -0.075 -0.022
(0.109) (0.101) (0.109) (0.109) (0.098) (0.111) (0.112)
G10 0.590 0.637 0.494 0.481 0.678* 0.590 0.615
(0.458) (0.438) (0.436) (0.434) (0.373) (0.508) (0.503)
Intercept -24.827*  -22.371* -25.096** -25.451* 7253** -30.744* -27.383**
(11.148) (11.599) (10.910) (10.946) (10.565) 402) (12.047)
Year FE Yes Yes Yes Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes Yes Yes Yes
Observations 700 700 700 700 700 700 700

39



Log-Likelihood -117.9%*  -117.9%*  -117.1%*  -117.0**  -118.0***  -118.6%**  117.3***
Pseudo R- 0.623 0.623 0.626 0.626 0.623 0.620 0.624
Squared

The table reports the results from the negativernial model for the number of misconduct fines éast. The
key variable isCritical Mass &k), which is a dummy variable indicating that themier of women on the
board is=k. All independent variables are lagged by one yetandard errors clustered at the country level are
reported in parentheses. Agency FE stands foryihe of agency that issues the fine. The Log-Lilaith
statistic pertains to the null hypothesis thatrttedel coefficients are jointly zero. ***, ** * degte significance

at the 1%, 5%, 10% level, respectively. Definitiafishe variables are provided in Appendix B.
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Table 7: Board gender diversity and bank misconduct Bank size effect

N.Fine N.Fine N.Fine
1) 2 3)
Female Director % Size Q -0.517 -0.506 -0.936
(0.643) (0.655) (0.904)
Female Directofb x Size Qs -9.702%** -9.743%* -9.835*%**
(2.348) (2.402) (2.395)
Size Q 10.910%*** 10.519%** 11.030%***
(0.851) (0.853) (0.893)
Size Q 12.209%** 11.830%** 12.387***
(0.8210) (0.820) (0.970)
Size Q -5.298*** -5.295%*** -5.64 1%
(0.547) (0.563) (0.588)
Gender Index Rank -0.016
(0.043)
Female Leader -0.253
(0.253)
N.Fine 0.254** 0.262*+* 0.279*+*
(0.076) (0.085) (0.070)
Ln(Fine) -0.033** -0.033** -0.037***
(0.015) (0.015) (0.014)
Ln(Board Size) 0.155 0.116 0.184
(0.248) (0.280) (0.247)
Ln(Director Tenure) 0.610* 0.654 0.578
(0.365) (0.440) (0.395)
Ln(Director Age) -3.036 -3.590 -3.059
(1.923) (2.809) (1.951)
Ln(CEO Tenure) 0.679*** 0.681**+* 0.713**
(0.233) (0.231) (0.216)
Ln(CEO Age) -0.742 -0.832 -1.263
(0.811) (0.920) (1.124)
CEO Turnover 0.375 0.363 0.366
(0.521) (0.498) (0.492)
Size 1.052%** 1.084*** 1.212%**
(0.109) (0.146) (0.179)
ROE 1.041 1.065 0.796
(2.377) (1.383) (1.053)
Stock Return Volatility 1.911* 1.841* 2.028***
(0.759) (0.721) (0.757)
Ln(Tobin’s Q) 0.143 0.119 0.077
(0.241) (0.217) (0.238)
GDP Growth -0.067 -0.057 -0.067
(0.095) (0.084) (0.093)
G10 0.652** 0.678** 0.578*
(0.308) (0.324) (0.299)
Intercept -29.605*** -27.220* -31.731***
(9.496) (12.510) (9.911)
Year FE Yes Yes Yes
Agency FE Yes Yes Yes
Observations 700 700 700
Log-Likelihood -116.231 -116.200 -115.902
Pseudo R-Squared 0.628 0.629 0.629
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The table reports the results from the negativernial model for the number of misconduct fines @ast accounting

for the size of the baniSize Qji = 1, 2, 3, 4, represents banks in tRquartile as grouped by total asset value, where
1 stands for the top quartile. The interaction téremale Director% x Size Qiis the key variable defined as the
percentage of female directors in fflesize quartileAll independent variables are lagged by one ye@ndrd errors
clustered at the country level are reported in mheses. Agency FE stands for the type of ageratyighues the fine.
The Log-Likelihood statistic pertains to the nuliplthesis that the model coefficients are jointiya ***, ** *
denote significance at the 1%, 5%, 10% level, rethpady. Definitions of the variables are providedAppendix B.
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Table 8: Change in board gender diversity and banknisconduct

N.Fine N.Fine N.Fine
1) 2) 3)
A Female Director % -2.968* -3.067* -3.072*
(1.769) (1.765) (1.855)
Gender Index Rank -0.028
(0.047)
Female Leader -0.326
(0.228)
N.Fine 0.257*** 0.270*** 0.300***
(0.081) (0.088) (0.078)
Ln(Fine) -0.036** -0.037** -0.045%**
(0.015) (0.015) (0.015)
Ln(Board Size) 0.269 0.193 0.334
(0.311) (0.332) (0.301)
Ln(Director Tenure) 0.500 0.591 0.482
(0.393) (0.459) (0.404)
Ln(Director Age) -2.266 -3.239 -2.245
(2.430) (3.010) (2.406)
Ln(CEO Tenure) 0.662** 0.667** 0.670***
(0.263) (0.262) (0.234)
Ln(CEO Age) -0.993 -1.153 -1.522
(0.728) (0.876) (0.946)
CEO Turnover 0.287 0.270 0.282
(0.560) (0.532) (0.525)
Size 1.290*** 1.342%* 1.385***
(0.199) (0.244) (0.237)
ROE 0.672 0.687 0.581
(1.556) (1.575) (1.163)
Stock Return Volatility 2.230*** 2.092%** 2.500***
(0.735) (0.664) (0.727)
Ln(Tobin’s Q) 0.194 0.153 0.146
(0.236) (0.208) (0.243)
GDP Growth -0.072 -0.057 -0.078
(0.105) (0.094) (0.102)
G10 0.481 0.543 0.392
(0.491) (0.483) (0.476)
Intercept -27.598** -23.963* -28.153**
(12.154) (13.229) (12.095)
Year FE Yes Yes Yes
Agency FE Yes Yes Yes
IRR A Female Director % 0.0514 0.0466 0.0463
Observations 672 672 672
Log-Likelihood -118.41*** -118.31%** -117.77%**
Pseudo R-Squared 0.611 0.611 0.611

The table reports results from the negative binbmidel for the number of misconduct fines in yedrhe key
variable is the change in the fraction of femalectiors,A Female Director % All independent variables are
lagged by one year. Standard errors clustereceatdhintry level are reported in parentheses. IRIR@tes the
Incidence Rate Ratio for the main variable in thalgsis. Agency FE stands for the type of ageney igsues
the fine. The Log-Likelihood statistic pertainstbe null hypothesis that the model coefficientsjanatly zero.
*x xx % denote significance at the 1%, 5%, 10%\el, respectively. Definitions of the variables arovided

in Appendix B.
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Table 9: Ethicality/risk aversion channel - Criminal vs.

civil fines

D.Fine D.Fine D.Fine D.Fine D.Fine
Criminal Criminal Criminal Criminal Criminal
1) (2) 3) (4) (5)

Female Director % -1.576* -1.062 -1.138 5.528 -1.559

(0.884) (1.091) (1.515) (4.103) (0.952)
Gender Index Rank -0.068

(0.061)
Female Leader 0.170
(0.294)
Female Directofo x Gender -0.414*
Index Rank
(0.246)

Female Director %x Female 0.811
Leader (1.195)
N.Fine -0.084 -0.099 -0.079 -0.141 -0.055

(0.312) (0.311) (0.286) (0.305) (0.247)
Ln(Fine) 0.068* 0.074* 0.070** 0.078** 0.066**

(0.036) (0.040) (0.035) (0.035) (0.032)
Board Controls Yes Yes Yes Yes Yes
Bank Controls Yes Yes Yes Yes Yes
Country Controls Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes Yes
Observations 700 700 700 700 700
Log-Likelihood -23.06*** -22.87*** -23.01%** -22.68** -22.98***
Pseudo R-Squared 0.76 0.76 0.76 0.76 0.76

The table reports the probit model results forghabability of receiving a criminal fine for miscduact in year
t. All independent variables are lagged by one ygtamdard errors clustered at the country leveteperted in
parentheses. Board controls include board size¢idirs’ tenure and age, and CEO'’s tenure, agetuandver.
Bank controls include bank size, profitability, tareturn volatility, and Tobin’s Q. Country consanclude
gender index rank, GDP growth, and G10 indicatagercy FE stands for the type of agency that istues
fine. The Log-Likelihood statistic pertains to thall hypothesis that the model coefficients arenfjgi zero.
*x % * denote significance at the 1%, 5%, 10%\el, respectively. Definitions of the variables arovided

in Appendix B.
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Table 10: CARs around fine announcement

Announcement Window  Market Reaction t-Stat.
1) (2) 3)
D.Fine_Banking (0, 5) 0.012 1.03
(0, 6) 0.019 0.97
0, 7) 0.016 0.58
(0, 8) 0.017 0.61
0, 9) 0.017 0.63
(0, 10) 0.015 0.58
(0, 15) 0.017 1.01
D.Fine_Economic (0, 5) -0.026 -1.56
(0, 6) -0.051 -1.92*
0, 7) -0.076 -2.03**
(0, 8) -0.076 -2.02**
0, 9) -0.076 -1.97**
(0, 10) -0.060 -1.64*
(0, 15) 0.002 0.11
D.Fine_Market (0, 5) 0.010 1.03
(0, 6) 0.008 0.53
0, 7) 0.011 0.50
(0, 8) 0.008 0.35
0, 9) 0.004 0.20
(0, 10) 0.014 0.66
(0, 15) 0.013 0.91
D.Fine_Admin (0, 5) 0.014 1.10
(0, 6) 0.010 0.50
0, 7) 0.016 0.53
(0, 8) 0.019 0.63
0, 9) 0.022 0.71
(0, 10) 0.023 0.80
(0, 15) 0.026 1.42

The table reports cumulative average abnormal met(€ARs) following the announcement of misconduct
fines. The fines are categorised into four typak:b@nking business violations; (ii) economic sé&ott
violations; (iii) market violations, and (iv) adnistrative violations. For each type of fine, we sgpgCARSs over
different event windows. The event study is based D2 events. There are 39 cases of multiple sargtihat

is, concurrent fines from different agencies odifferent type. On days with multiple fine annoumamnts, the
type of fine is determined using the majority ratel, in the few cases of tie, by considering thewarhof fine.
Cumulative abnormal returns are based on constqrected return model estimated over the whole sampl
period. Thet-statistics are derived based on the cross-setttaadard error of the abnormal returns. *** ***

denote significance at the 1%, 5%, 10% level, rethpedy. Definitions of the variables are providéd
Appendix B.
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Table 11: Ethicality/risk aversion channel - Type bfine

N.Fine_Banking N.Fine_Economic N.Fine_Market N.Fine_Admin
1) 2) 3) 4)
Female Director % -2.486 -4.298*** 1.260 1.407
(2.351) (1.235) (1.002) (2.330)
N.Fine 0.149 -0.556** -0.206* -0.187***
(0.284) (0.254) (0.116) (0.042)
Ln(Fine) -0.025 0.036 0.050*** 0.037
(0.055) (0.034) (0.015) (0.031)
Board Controls Yes Yes Yes Yes
Bank Controls Yes Yes Yes Yes
Country Controls Yes Yes Yes Yes
Year FE Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes
Observations 700 700 700 700
Log-Likelihood -53.78%** -60.64*** -55.02*** -52.45**
Pseudo R-Squared 0.62 0.40 0.64 0.58

The table reports the results from the negativerial model for four types of misconduct fines ayt. The

types of fines are: (i) banking business violatiq(iy economic sanction violations; (iii) markeiolations, and
(iv) administrative violations. The key variabletig fraction of female directors. All independeatiables are
lagged by one year. Standard errors clusteredeatdhintry level are reported in parentheses. Boandrols

include board size, directors’ tenure and age,@B@'’s tenure, age, and turnover. Bank controlsuthelbank
size, profitability, stock return volatility, andobin’s Q. Country controls include gender indexk;a@DP

growth, and G10 indicator. Agency FE stands fortipe of agency that issues the fine. The Log-Litadd

statistic pertains to the null hypothesis thatrieel coefficients are jointly zero. ***** * denetsignificance
at the 1%, 5%, 10% level, respectively. Definitiafithe variables are provided in Appendix B.
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Table 12: Diversity channel

N.Fing N.Fine N.Fine N.Fine
€] 2 3 )
Female Director % -1.724* -1.561*** -1.766* -1.659***
(0.942) (0.471) (1.043) (0.558)
Director Age Diversity 1.609 1.708
(2.529) (2.118)
Foreign Director % -0.206 -0.185
(2.178) (1.190)
Employee Representative % 0.351 0.475
(2.700) (1.526)
Gender Index Rank -0.019 -0.028 -0.032 -0.026
(0.050) (0.045) (0.062) (0.064)
Female Leader -0.415 -0.377 -0.389 -0.430
(0.275) (0.255) (0.296) (0.278)
N.Fine 0.295*** 0.290*** 0.290*** 0.300%**
(0.082) (0.086) (0.090) (0.088)
Ln(Fine) -0.035** -0.034** -0.035** -0.036**
(0.014) (0.014) (0.016) (0.016)
Board Controls Yes Yes Yes Yes
Bank Controls Yes Yes Yes Yes
Country Controls Yes Yes Yes Yes
Year FE Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes
Observations 700 700 700 700
Log-Likelihood -118.06*** -118.13*** -118.14*** -1B.015%**
Pseudo R-Squared 0.622 0.622 0.622 0.623

The table reports the results from the negativernial model for misconduct fines in ygaiThe key variable is
the fraction of female directors. Additional proxifr board diversity are added to test for thediity channel.
All independent variables are lagged by one yewmmdard errors clustered at the country level aponted in
parentheses. Board controls include board size¢idirs’ tenure and age, and CEO'’s tenure, agetuandver.

Bank controls include bank size, profitability, dtareturn volatility, and Tobin’s Q. Country consanclude

gender index rank, GDP growth, and G10 indicataercy FE stands for the type of agency that istues
fine. The Log-Likelihood statistic pertains to thall hypothesis that the model coefficients arenfjgi zero.
*xx % * denote significance at the 1%, 5%, 10% lely respectively. Definitions of the variables arevided in

Appendix B.
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Table 13: Board gender diversity and bank misconduc- Country fixed effects

N.Fine N.Fine N.Fine N.Fine N.Fine N.Fine
1) (2) 3) (4) ) (6)
Female Director %x Size Q 0.988 0.526
(1.033) (1.252)
Female Director %x Size Qs -7.226%* -7.633***
(2.813) (2.687)
(17.567) (22.035)
AFemale Director % -3.245%** -3.140%**
(1.025) (2.121)
Critical Mass -0.656** -0.710%**
(0.326) (0.247)
Female Leade -0.371 -0.305 -0.368
(0.307) (0.270) (0.293)
N.Fine 0.211** 0.246*** 0.232*** 0.261*** 0.215** Q254***
(0.088) (0.080) (0.085) (0.073) (0.091) .0{@)
Ln(Fine -0.034** -0.040%** -0.038*** -0.043*** -0.033* -0.040***
(0.014) (0.014) (0.014) (0.013) (0.015) .0(@(B)
Board Controls Yes Yes Yes Yes Yes Yes
Bank Controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes Yes Yes
Size FE Yes Yes
Observations 674 674 592 592 674 674
Log-Likelihood 109.63*** 108.91***  -109.96*** -109.44*** -109.84** -109.11***
Pseudo R-Squared 0.64 0.64 0.63 0.63 0.64 4 0.6

The table reports the resuftem the negative binomial model with country fixeffects for the number of miscond
fines in yeat. Size Qji = 1, 2, 3, 4, represents banks in tRquartile as grouped by totasset value, where 1 stands
the top quartile. In Models (1) and (2), the intdi@n termFemale Director %x Size Qidefines the percentage
female directors in th¥' size quartile. Size FE denotes the size quartileatorsSize Qi In Models (3) and (4), the k
variable is the change in the fraction of femalectors,4Female Director %In Models (5) and (6), the key variabli
the critical mass dummy variabl€ritical Mass. All independent variables are lagged by one year. Stdnerror
clustered at the country level are reported in mhesesBoard controls include board size, directors’ tenand ag:
and CEOQO'’s tenure, age, and turnover. Bank coninolside bank size, profitability, stock return viilisy, and Tobin’s
Q. Country controls include gender index rank, GiFtBwth, and G10 indator. Agency FE stands for the type
agency that issues the fine. The Ldgelihood statistic pertains to the null hypottesiat the model coefficients
jointly zero. ****** denote significance at the %, 5%, 10% level, respective Definitions of the variables a

provided in Appendix B.
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Table 14: Board gender diversity and bank misconduc Glass cliff effect

N.Fine N.Fine N.Fine
1) (2) )

Female Director % -6.413***

(1.913)
AFemale Director % -2.848*

(1.470)
Critical Mass -0.609***
(1.025)

Gender Index Rank -0.090 -0.064 -0.063

(0.075) (0.063) (0.067)
Female Leader -0.944** -0.437 -0.637*

(0.352) (0.356) (0.330)
N.Fine 0.531*** 0.236 0.526***

(0.156) (0.255) (0.184)
Ln(Fine) -0.040*** -0.035 -0.050***

(0.015) (0.077) (0.018)
Board Controls Yes Yes Yes
Bank Controls Yes Yes Yes
Country Controls Yes Yes Yes
Year FE Yes Yes Yes
Agency FE Yes Yes Yes
Observations 490 404 310
Log-Likelihood -77.87%* -72.41%* -79.46%**
Pseudo R-Squared 0.65 0.62 0.64

The table reports the results from the negativerial model for the number of misconduct fines @ant for
different proxies for gender diversity. The sub-ptamonly includes observations for which the chaingéhe
stock return volatility in the previous period swler than the 7% percentile. Standard errors clustered at the
country level are reported in parentheses. Boandrals include the board size, directors’ tenurd age, and
CEO's tenure, age, and turnover. Bank controlsuchelthe bank size, profitability, stock return vibity, and
Tobin’s Q. Country controls include the gender indank, GDP growth, and G10 dummy variable. AgeREy
stands for the type of agency that issues the firtee Log-Likelihood statistic pertains to the najipothesis that
the model coefficients are jointly zero. ***, ** #enote significance at the 1%, 5%, 10% level, eetpely.
Definitions of the variables are provided in ApperB.
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Table 15: Board gender diversity and bank misconduc Probit regressions

D.Fine D.Fine D.Fine
(1) (2) 3)

Female Director % Size Q 1.443 1.444 1.756*

(0.929) (0.947) (1.054)
Female Directofo x Size Qs -5.470%** -5.473%** -5.396***

(1.578) (1.638) (1.398)

(9.032) (12.179) (9.176)
Gender Index Rank -0.001

(0.062)
Female Leader 0.407*
(0.244)

N.Fine 0.004 0.005 -0.014

(0.109) (0.119) (0.094)
Ln(Fine) 0.017 0.017 0.020

(0.020) (0.021) (0.020)
Board Controls Yes Yes Yes
Bank Controls Yes Yes Yes
Country Controls Yes Yes Yes
Year FE Yes Yes Yes
Size FE Yes Yes Yes
Observations 700 700 700
Log-Likelihood -82.65*** -82.65*** -80.78***
Pseudo R-Squared 0.61 0.61 0.62

The table reports the results from the probit mddelthe incidence of misconduct fine in ydaiGender
diversity is proxied by the fraction of female diters on the boar®&ize Qji = 1, 2, 3, 4, represents banks in
thei" quartile as grouped by total asset value, whetarids for the top quartile. The interaction téfemale
Director % x Size Qiis thekey variable defined as the percentage of femaktirs in thé™ size quartile
Size FE denotes the size quartile indicatBize Qi All independent variables are lagged by one year.
Standard errors clustered at the country leveregperted in parentheses. Board controls includedbsize,
directors’ tenure and age, and CEO'’s tenure, agkfirnover. Bank controls include bank size, patbility,
stock return volatility, and Tobin’s Q. Country d¢mis include gender index rank, GDP growth, and G1
dummy variable. Agency FE stands for the type @fnag that issues the fine. The Log-Likelihood stati
pertains to the null hypothesis that the model faciehts are jointly zero. ***, **/ * denote signifance at
the 1%, 5%, 10% level, respectively. Definitionglué variables are provided in Appendix B.

50



Table 16: Board gender diversity and bank misconduc- Instrumental variable

N.Fine N.Fine N.Fine
1) (2) 3)

Female Director % -1.322%** -1.291%** -1.706%**

(3.228) (5.787) (3.774)
Gender Index Rank 0.076

(0.058)
Female Leader 0.225
(0.307)

N.Fine 0.301*** 0.326*** 0.347***

(0.072) (0.083) (0.073)
Ln(Fine) -0.008 0.012 -0.018

(0.017) (0.021) (0.015)
Board Controls Yes Yes Yes
Bank Controls Yes Yes Yes
Country Controls Yes Yes Yes
Year FE Yes Yes Yes
Agency FE Yes Yes Yes
Observations 689 689 689
Log-Likelihood -118.35*** -118.32*** -117.76%**
Pseudo R-Squared 0.61 0.61 0.62
Wald Test of Exogeneity 8.13*** B0* 8.28***

The table reports the results from the negativerial model for the number of misconduct fines aant
estimated using an instrumental variable controicfion approach. The instrument used is the edualti
attainment sub-index compiled by the World Econofrarum that captures the gender gap in access to
education and is constructed using four ratios:aienenrolment rate over male value in primary, sdagy and
tertiary education, respectively, and the relagae in the literacy rate. All independent variatdes lagged by
one year. Standard errors clustered at the colewey are reported in parentheses. Board contnolsde board
size, directors’ tenure and age, and CEQ'’s tenage, and turnover. Bank controls include bank size,
profitability, stock return volatility, and Tobin'®. Country controls include gender index rank, Gipéwth,
and G10 indicator. Agency FE stands for the typag#ncy that issues the fine. The Log-Likelihoctistic
pertains to the null hypothesis that the model famehts are jointly zero. The Wald test of exoggnef the
instrumented variable tests the hypothesis of moetation between our board gender diversity pr(xgmale
Director %) and the residuals. ***, **, * denote significane¢ the 1%, 5%, 10% level, respectively. Definiton
of the variables are provided in Appendix B.
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Table 17: Board gender diversity and bank misconduc- Reforms

N.Fine N.Fine N.Fine N.Fine
() (2) (©) (4)
Female Director % Reform -0.462
(0.884)
Female Director %x Refornp .1 -0.366
(2.085)
Female Director %x Reform.y .1 0.202
(1.838)
Female Director %x Refornp., 1 -4.054*** -3.919** -4.099***
(1.509) (1.591) (1.478)
Female Director %x Refornp.y, -0.221
(0.257)
Female Director %x Refornp, -0.848**
(0.373)
Female Director % Refornp,y; 0.960
(0.568)
N.Fine 0.242** 0.450%*** 0.444%* 0.429***
(0.083) (0.123) (0.119) (0.139)
Ln(Fine) -0.028** -0.039 -0.038 -0.026
(0.790) (0.397) (0.064) (0.491)
Board Controls Yes Yes Yes Yes
Bank Controls Yes Yes Yes Yes
Country Controls Yes Yes Yes Yes
Year FE Yes Yes Yes Yes
Agency FE Yes Yes Yes Yes
Observations 765 539 539 539
Log-Likelihood -119.2 %+ -69.35** -69.35%** -68.58***
Pseudo R-squared 0.62 0.66 0.66 0.66

The table reports the results from the negativerial model for the number of misconduct
fines in yeart estimated using a difference-in-difference approd&formis a postreform
dummy equal to 1 when the first board diversityoref is introduced in a country and
thereafter, and 0 otherwise. In Model (1), the keyiable is the interaction terfAemale
Director % x Reform.Models (2) and (3) split the pestform period into two windows [0, +1]

and [+2, T] and [-1, +1] and [+2, T], respectivelyhere T denotes the end of the sample
period. Model (4) splits the window surrounding teéorm, [-1, +1], into the individual reform
dummy variables for years = -1, 0, 1. All indepamdegariables are lagged by one year.
Standard errors clustered at the country levetgmerted in parentheses. Board controls include
board size, directors’ tenure and age, and CEQisr&e age, and turnover. Bank controls
include bank size, profitability, stock return wvility, and Tobin’s Q. Country controls include
gender index rank, GDP growth, and G10 indicatayercy FE stands for the type of agency
that issues the fine. The Log-Likelihood statigt@rtains to the null hypothesis that the model
coefficients are jointly zero. ***, ** * denote ghificance at the 1%, 5%, 10% level,
respectively. Definitions of the variables are pded in Appendix B.
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Appendix A: List of sampled sanctions and sanctiomig regulatory agencies

Sanction type

Sanction

Sanctioning regulatory ageyc

Banking business
violations

Economic sanction
violations

Market violations

Administrative
violations

Banking violation

Office of the Comptroller of tii&urrency (OCC)
Federal Reserve

New York State Department of Financial
Services (NYSDFS)
New York County District Attorney (NYCDA)

Anti-money laundering deficiency Federal Reserve

Fraud
Mortgage abuse

Financial institution supervision
failure
Investor protection violation

Economic sanction violation

US sanction violation

Toxic securities abuse

Securities issuance or trading
violation

Interest rate benchmark
manipulation

Foreign exchange market
manipulation

Energy market manipulation

Tax violation

Accounting fraud or deficiency

Falsification of records of NY
financial institutions

Justice Department Criminal Division

New York State Department of Financial
Services (NYSDFS)
Justice Department Criminal Division

US Attorney
Justice Department multiagency referral
Commodity Futures Trading Commission

Securities and Exa@@ommission (SEC)
Commodity Futures Trading Commission

Justice Department @rahDivision
Office of Foreign Assets Control
US Attorney

New York State Department of Financial
Services (NYSDFS)
Federal Reserve

Office of Foreign Assets Control
Office of Foreign Assets Goht

Federaliging Finance Agency

National Credit Union Administration
US Attorney
Justice Department Civil Division
Securities and Exchange Commission (SEC)
Securities and Exchange Commission (SEC)
Commodity Futures Trading Commission
Justice Department Criminal Division
Commodity Futures Trading Commission
Federal Reserve
Justice Department Criminal Division
Federal Reserve
Justice Department Antitrust Division

Federal Energy RegwaBmmmission

Justice Department Tax Division
US Attorney

Commaodity Futuresading Commission
New York County District Attorney (NYCDA)
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Data submission deficiency Commodity Futures Tradiommission

False Claims Act Justice Department Civil Division

US Attorney
Consumer protection violation Consumer Financiakt&uation Bureau
Employment discrimination Equal Employment Oppoitgi@ommission
Benefit plan administrator Employee Benefits Security Administration
violation
Wage and hour violation Labour Department Wagekodr Division
Workplace safety or health Occupational Safety & Health Administration
violation
Servicemembers Civil Relief Act  Justice Departnteivil Rights Division
Environmental violation Environmental Protectionehgy

The table presents the list of sampled sanctiorgxy and relevant sanctioning regulatory agencies.
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Appendix B: Variable definitions

Variable

Definition

Source

Misconduct fines
D.Fine

N.Fine
N.Fine_Banking
N.Fine_Economic
N.Fine_Market
N.Fine_Admin
Fine

Ln(Fine)
Fine_Banking
Fine_Economic
Fine_Market
Fine_Admin

D.Fine_Criminal

D.Fine_Banking

D.Fine_Economic

D.Fine_Market

D.Fine_Admin

Corporate governance

Female Director

Female Director %

A Female Director %

Critical Mass £&3)

Critical Mass &2)

Critical Mass (=1)

Dummy variable equal to 1 if a bank has Authors' calculation using Violation

been fined in year, and O otherwise

Number of fines (total) in a bank year

Number of fines related to banking
business violations

Number of fines related to economic
sanction violations

Tracker / Regulatory agency data
Authorstagdtion using Violation
Tracker / Regulatory agency data
Authors' calculation using Violation
Tracker / Regulatory agency data
Authors' calculation using Violation
Tracker / Regulatory agency data

Number of fines related to market Authors' calculation using Violation
violations Tracker / Regulatory agency data
Number of fines related to administrative Authors' calculation using Violation
violations Tracker / Regulatory agency data
Fine amount (total) in a bank-year ($) ViolatioraGker / Regulatory agency
websites

Authors' calculation using Violation
Tracker / Regulatory agency data
Authors' calculation using Violation
Tracker / Regulatory agency data
Authors' calculation using Violation
Tracker / Regulatory agency data
Amount of fines related to market Authors' calculation using Violation
violations ($) Tracker / Regulatory agency data
Amount of fines related to administrative Authors' calculation using Violation
violations ($) Tracker / Regulatory agency data
Dummy variable equal to 1 if a fine is Authors' calculation using Violation
addressed in a criminal court, and 0 Tracker / Regulatory agency data
otherwise

Dummy variable equal to 1 if a fine is Authors' calculation using Violation
related to banking business violations, andracker / Regulatory agency data

0 otherwise

Dummy variable equal to 1 if a fine is Authors' calculation using Violation
related to economic sanction violations, Tracker / Regulatory agency data
and 0 otherwise

Dummy variable equal to 1 if a fine is
related to market violations, and 0
otherwise

Dummy variable equal to 1 if a fine is Authors' calculation using Violation
related to administrative violations, and O Tracker / Regulatory agency data
otherwise

Ln(1+Fine)

Amount of fines related to banking
business violations ($)

Amount of fines related to economic
sanction violations ($)

Authors' calculation using Violation
Tracker / Regulatory agency data

Dummy variable equal to 1 if the gender ofuthors' calculation using BoardEx
at least one board director is female, and @ata
otherwise

Fraction of female directors on the board Authoastulation using BoardEx

data
Change in the fraction of female directors Authors' calculation using BoardEx
on the board data

Dummy variable equal to 1 if the number Authors' calculation using BoardEx
of female directors on the board is at leastata

3, and 0 otherwise

Dummy variable equal to 1 if the number Authors' calculation using BoardEx
of female directors on the board is at leastata

2, and 0 otherwise

Dummy variable equal to 1 if the number Authors' calculation using BoardEx
of female directors on the board is 1, and Gata
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Female CEO

Female Chair

Female Leader

Board Size

Ln(Board Size)
Director Tenure

Ln(Director Tenure)
Director Age
Ln(Director Age)
Director Age Diversity
CEO Tenure

Ln(CEO Tenure)
CEO Age

Ln(CEO Age)

CEO Turnover

Foreign Director %

Employee Representative

%

Bank-specific controls
Total Assets

Size

ROE

Stock Return Volatility
Tobin’s Q

Ln(Tobin’s Q)

Size Q

Size Q34

otherwise

Dummy variable equal to 1 if the gender ofuthors' calculation using BoardEx
the chief executive officer (CEO) is data

female, and O otherwise

Dummy variable equal to 1 if the gender ofAuthors' calculation using BoardEx
the chairperson of the board is female, andata

0 otherwise

Dummy variable equal to 1 if the gender ofAuthors' calculation using BoardEx
the CEO and/or the chairperson / presidemtata

(board leadership) is female, and 0

otherwise
Size of the board (number of board Authors' calculation using BoardEx
directors) data

Ln(Board Size)

Average board tenure (years) Authors' calculatisingiBoardEx

data

Ln(Director Tenure) Authors' calculation using BoardEx
data

Average age of board directors (years) Authorgutation using BoardEx
data

Ln(Director Age)

Coefficient of variation of directors' age = Authors' calculation using BoardEx
Standard deviation of directors’ age / data

Director Age

Tenure of the CEO (years) Authors' calculation gfwardEx

data

Ln(CEO Tenure) Authors' calculation using BoardEx
data

Age of the CEO (years) Authors' calculation usirapRIEX
data

Ln(CEO Age) Authors' calculation using BoardEx
data

Dummy variable equal to 1 if the CEO in Authors' calculation using BoardEx
yeart is different from the CEO in ye&r  data
1, and 0 otherwise
Fraction of foreign directors on the board Authgedtulation using BoardEx
data

Authors' catmiausing BoardEx

data

Fraction of employees on the board

Orbis Bank Focus
Authors' calculation using Orbis Bank

Total assets (euro)
Ln(Total Assets

Focus data
Return on equity Authors' calculation using Orbani®
Focus data
Annualised standard deviation of daily ~ Authors' calculation using Thomson
stock returns (3-year moving average)  Eikon data

Tobin’s Q = (Total assets — Equity +
Market value of equity) / Total assets
Ln(Tobin’s Q)

Authors' calculation using Orbis Bank
Focus and Thomson Eikon data
Authors' calculation using Orbis Bank
Focus and Thomson Eikon data

Dummy variable equal to 1 if a bank’s sizeéAuthors' calculation using Orbis Bank
(total assets) falls into thé'{top) quartile Focus data
of the sample, and 0 otherwise

Dummy variable equal to 1 if a bank’s sizeéAuthors' calculation using Orbis Bank
(total assets) falls into théd®2 4™ (bottom)  Focus data
quartiles of the sample, and 0 otherwise
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Country-specific controls
Gender Index Score

Gender Index Rank

GDP Growth
G10

Reform Variables
Reform

Reformy .1

Reformy 41

Reform, 1

Reformy;

Reforng,

Reformy

Country gender gap index score World Economic Fo@lobal Gender
Gap Report 2018

Country ranking based ddender Index  Authors’ calculations using the World

Score Economic Forum Global Gender Gap
Report 2018
GDP real growth rate International Monetary FundR)

Dummy variable equal to 1 if a bank is  Authors' calculation
headquartered in a G10 country, and 0
otherwise

Post-reform dummy variable equal to 1  Authors' calculation using: the

when the first board diversity reformis  European Corporate Governance

introduced and thereafter, and 0 otherwisénstitute (ECGI); the European
Commission (EC); the European
Foundation for the Improvement of
Living and Working Conditions
(Eurofound); the European Trade
Union Institute; the United Nations
Entity for Gender Equality and the
Empowerment of Women (UN
Women); the World Bank Report on
the Observance of Standards and Codes
(ROSC); and publications from each
country’s relevant regulator

Post-reform window dummy variable Authors' calculation
equal to 1 for the year the first board

diversity reform is introduced € 0) and

the subsequent year< +1), and 0

otherwise

Pre/post-reform window dummy variable Authors' calculation
equal to 1 for the year the first board

diversity reform is introduced € 0), the

prior year { = -1) and the subsequent year

(t=+1), and O otherwise

Post-reform window dummy variable Authors' calculation
equal to 1 for year 2 after the first board

diversity reform is introduced € 2) and

subsequent years, and 0 otherwise

Pre-reform dummy variable equal to 1 for Authors' calculation
the year before the first board diversity

reform is introducedt = -1), and 0

otherwise

Reform dummy variable equal to 1 for theAuthors' calculation
year the first board diversity reform is

introduced { = 0), and 0 otherwise

Post-reform dummy variable equal to 1 foAuthors' calculation
year 1 after the first board diversity reform

is introducedt(= 1), and 0 otherwise

The table provides definitions of the variablesdisethe analysis and the source of the data.
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Appendix C: Correlation matrix

Variables @ 2 3 4 5) (6) )] 8 9) (100 11) (@12 (13) (14 (15 (16)
(1) Female Director %  1.00
(2)A Female Director  0.29* 1.00
%
(3) Female Leader 0.33* 0.01 1.00
(4)Ln(Board Size) -0.04 -0.03 0.06 1.00
(5) Ln(Director Tenure) 0.07 0.01 0.01 0.03 1.00
(6) Ln(Director Age) 0.02 -0.01 -0.13* 0.14* 0.34* 1.00
(7) Ln(CEO Tenure) -0.02 -0.04 -0.02 -0.05 0.44* 0.21* 1.00
(8) Ln(CEO Age) -0.06 -0.04 -0.13* 0.17* 0.24* 0.36* 0.38* 1.00
(9) CEO Turnover 0.01 0.00 0.01 0.03 -0.23* -0.12* -0.68* -0.18* 0OQ.
(10)Size 0.27* 0.04 0.19* 0.37* -0.06 0.23* -0.14* 0.08 8.0 1.00
(11)ROE 0.02 -0.09 -0.02 -0.20* 0.212* -0.19* 0.12* -0.18%0.12* -0.21* 1.00
(12)Stock Return -0.18* -0.04 -0.04 0.08 -0.26* 0.03 -0.12* 0.02 ®.0 0.22* -0.43* 1.00
Volatility
(13)Ln(Tobin’s Q) -0.10* -0.05 -0.12* -0.20* -0.23* 0.07 0.01 -0.03-0.03  0.09 -0.02 0.12* 1.00
(14)Gender Index Rank 0.44* 0.01 0.21* -0.13* 0.03 -0.12* 0.01 -0.14* @ 0.34* 0.17* -0.15* 0.01 1.00
(15)GDP Growth 0.16* 0.04 0.16* -0.13* 0.02 -0.07 -0.08 -0.18* 08. -0.07 0.28* -0.34* -0.03 0.12* 1.00
(16)G10 0.24* 0.12* -0.03 0.03 -0.21* 0.09* -0.22* -0.10*0.06 0.32* -0.07 0.02 0.17* 0.26* -0.15* 1.00

The table reports the correlation matrix for theiatales used in the baseline regression analyshotws significance at the 1 percent level. Dating of the variables are

provided in Appendix B.
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