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ABSTRACT ARTICLE HISTORY

The utilisation of artificial intelligence (Al) is progressively emer- Received 30 September 2022
ging as a significant mechanism for innovation in human Accepted 21 September 2023
resource management (HRM). The capacity to facilitate the KEYWORDS
transformation of employee performance across numerous Artificial intelligence; Human
responsibilities. Al development, there remains a dearth of Resource Management;
comprehensive exploration into the potential opportunities it knowledge sharing
presents for enhancing workplace performance among employ-

ees. To bridge this gap in knowledge, the present work carried

out a survey with 300 participants, utilises a fuzzy set-theoretic

method that is grounded on the conceptualisation of Al, KS,

and HRM. The findings of our study indicate that the exclusive

adoption of Al technologies does not adequately enhance HRM

engagements. In contrast, the integration of Al and KS offers

a more viable HRM approach for achieving optimal perfor-

mance in a dynamic digital society. This approach has the

potential to enhance employees’ proficiency in executing their

responsibilities and cultivate a culture of creativity inside the

firm.

1. Introduction

The emergence of artificial intelligence (Al) and it's potential of affecting HRM
practices and jobs at different levels have been acknowledged and led to calls for
research on how Al will alter HRM practices, the trajectory of occupational change
and employment growth (Troth & Guest, 2020). Accordingly, there is a substantial
research gap on the reality of Al in human resource management practices in
organisations (Tambe et al., 2019). There is therefore limited research on how the
emergence of Al technologies could impact HRM practices and workplace perfor-
mance (Tambe et al., 2019; Troth & Guest, 2020). This paper seeks to cover this
research gap by examining the role of Al in employees’ workplace performance. Al
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can be described as a set of algorithm-based computer instruction, which has been
programmed to learn and self-adapt to a given environment (Huang & Rust, 2018;
Robbins, 2020). The adaptation of Al, however, can only be driven with data that
show forecasts and intelligent performances through understanding of human activ-
ities such as learning human interactions (Wright & Schultz, 2018). Al is also
a knowledge sharing (KS) tool that evolves from, for example, automated machine
learning, robotic business process automation and data mining (Mattsson et al., 2019;
Olan et al.,, 2022, 2022, 2022). Al thus have the ability of tackling real-world situa-
tions, identifying real-time errors on behalf of decision makers, and facilitating real-
time decision making (Pavlou, 2018). Al is therefore considered as part of the next
digital frontier with the potential of far-reaching opportunities in various parts of the
society including human resource management (HRM) and other organisational
activities both ‘now’ and in the near ‘future’ (Bughin et al.,, 2018; Manyika et al.,
2017).The future of organisational performance thus lie on its ability to efficiently and
effectively deploy the potentials of Al by generating relevant data from digital
collaborations (Zahraee et al., 2016). As such, it is becoming common practice for
existing and potential employees to have at least ‘basic’ information technology (IT)
skills, which was hitherto classified as expert skills for IT professionals. HRM is now
striving to increase employee’s familiarity with Al tools, productivity, and overall
organisational performance (Pak et al., 2019). That said, to mitigate challenges and
increase employees’ performance using Al, the interests of employees must be
recognised while recognising concerns relating to appreciating individual expertise,
workers trust, data protection, information sharing policies and business ethnics
(Jayawickrama et al.,, 2016, 2017).

Similarly, research on workers performance theory (Malik et al., 2017) supports the
proposition that mutual benefits for both the employees and HRM can be the
outcome of a positive interaction and economic relations (Klein & Potosky, 2019).
More organisations are now providing HRM emerging Al tools that reflect different
forms of skills sharing for their workforce to manage performance related to various
roles and duties (Jiang et al., 2012). In doing so, organisations focus on facilitating
the design of employees- specific competencies that lead towards developing inter-
active social environment to maintain competitive advantage. Specifically, organisa-
tions provide HRM with Al enabling tools that allows workforce interactive activities
associated with the performance management of employees (Garcia-Sdnchez et al.,
2017; Malik et al., 2020; Shirouyehzad et al., 2017).

This could be in the form of HRM costs reduction, regular team building training,
development curricula and contribution in decision-making that are centred on
encouraging KS (Bughin et al., 2018; Manyika et al., 2017). Jiang et al. (2012) thus
argues that an organisation’s HRM that deploys Al tools in such collaborative manner
would signal commitment and trust, which would, in turn, facilitate and increase
employees’ performance.

This paper aims to fill the gap where little or no research on the integration of Al-KS
system to examine how key KS activities lead to enhancing EP through innovation. Hence,
with the following research questions developed from theoretical gaps, this study focus
on delivering possible Al-KS framework that considers HRM practices that are operational
in the organisation.
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RQ1: Are there existing employees’ behaviour that support technology adoption?

RQ2: How does effective knowledge sharing activities advance implementation of Al
technologies.

This research paper presents a meta-framework that is constructed by drawing
upon existing literature in the fields of (Al) technologies, (KS), and (HRM). The study
carried out a survey with 300 participants by employs a deductive approach and
utilises a fuzzy set-theoretic comparison technique to examine three interrelated
elements. These factors are investigated within the context of the conceptualisation
of Al, KS, and HRM, and are found to be mutually supportive. Furthermore, this study
outcomes from the framework analysis on organisations that are gradually embracing
technology and KS activities, where employees’ engagement is the key to generating
innovative ideas and enhancing performance, leading to further organisational com-
petitive advantage.

The rest of the paper is organised as follows: the literature review explains the
theoretical basis for the concept of Al, HRM, KS and employee’s performance. This is
followed by an in-depth methodology, which describes the data, analysis and present the
results of the study. In addition, there is a discussion section on the results, limitations of
the study and further research.

2. Literature review

The last decade has witnessed a surge in research on Al and its innovative applications on
issues related to the management of organisations (Chen et al., 2012). This body of
research highlights the challenges and opportunities of Al for organisations, people,
and economy. It also underscores the effective link that exists between how people are
gradually embracing Al tools within the organisation and the impact on organisational
performance (Ahmed et al., 2023; Alkraiji et al., 2023; Aram et al., 1971; Bandara et al.,
2023; Cheung et al., 2023; LIKENS, 1978; Long, 1978; Onjewu et al., 2023; Riemann, 1978).
With respect to this paper, three aspects stand out: understanding of the opportunities of
Al, how the implementation drives the business and corporate strategy, KS as a tool for
employee’s interactions and the concept of employee’s performance in HRM. Al as a KS
tool is a new concept and somewhat unfamiliar with the traditional knowledge sharing
processes (KSP), as such, the replacement of KSP analytic will emerge through the
opportunities available (Aram et al., 1971; Bitencourt Machado et al., 2015; Kroll, 2015).

2.1 Understanding of the opportunities of Al

Al has emerged with many potential benefits to society. For example, Al could further
harness the identification and creative skills of employees while taking advantage of the
emotional intelligence of employees as data point (Huang & Rust, 2018; Soriano & Huarng,
2013; Zahraee et al., 2016). Organisations are beginning to leverage on these opportu-
nities to mitigate uncertainties, reduce the time spent on supervision and improve the
effectiveness of decision-making processes. In reality, the application of Al varies as this
intelligence are designed to perform specific task(s) by utilising specific data, which were
gathered from ‘leaning’ to achieve a certain goal (Landay & Harms, 2019; Robbins, 2019).
With such data, HRM can provide additional benefits to employees in a more efficient
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manner. This partly explains why the pace of using business target data in the field of HRM
field is gradually surpassing organisations analytics in recent years (Bagdadli &
Gianecchini, 2019; Wales et al., 2011).

One of the limitations that could occur in this process is the issue of unexpected
technical issues, which may arise with initial programs and affect organisational goals.
Furthermore, the insufficient level of transparency on algorithms, which has attracted
public attention, could also raise further questions, particularly around the diversity of
programmers and ethical concerns on the implementation of Al (Amershi, 2019; Patnaik,
2015). However, there has been some achievement regarding ethnical issues raised
around the use of Al, one of which is the regulations associated with the development
of machine learning (ML) (Dao et al., 2011; Martinez-Lépez & Casillas, 2013; Williams,
2009). ML allows Al system to gain access to useful learning information from many
datasets and define its own rules, which, in turn, boost the performances and cognitive
skill development of Al (Chen & Chen, 2008; Prasad & Prasad, 2008).

Studies on opportunities of Al, both from the data and the information system
application perspectives, have been carried out recently, leading the justification of
encouraging innovations around ML. ML is developed to address ethical concerns in
the process of decision-making around Al (Chen et al., 2012). ML has the capability to learn
from issues encountered while using data, either from humans or from environments
where the system is operating, to avoid similar repetitive complications (Cheung et al.,
2023b; Cunningham et al., 2023; Spanaki et al., 2023, 2023; Zhao et al., 2022).

In addition, developing uniform principles to guide the design of Al system, ML
programs and algorithms are believed to be effective in ensuring ethics compliance.
Nevertheless, as Al and ML systems are designed to work on specifics, this is a very
difficult topic for researchers and experts of Al. Patnaik (2015) argues that little or
lack of sufficient assistance from organisation ethical norms or policy guidelines
highlights the need to regulate the development of Al to achieve a fair balance
between the effective application of Al and ethics. Patnaik (2015) further points out
that the construction of ethical principles will depend on each applicability of the
technology in question whilst also recognising that cultural framework and the
sensitivity of data sharing.

2.2 Knowledge sharing as a tool for employee’s interactions

Effective KS for interactions in organisations is achievable through people and technol-
ogy — employees have the emotional connections and know-how, while technology
drives effective communications and determines how the identification, transfer, and
circulation of useful knowledge are disseminated around the organisation. Olan et al.
(2019) argues that knowledge management (KM) practice is KS illustrates the opportu-
nities related to working with intangible assets such as know- what, know-how, know-
when and know-why. While technology can help to advance the transfer and circulation
of knowledge, emphasis should be placed on the organisation. Amershi (2019); Olan et al.
(2016) argue that for an organisation to implement successful KS activities, there is need
for the workplace to create an environment that supports sharing. Jung and Takeuchi
(2010) specifically recommend that organisations need to enable and promote shared
knowledge to improve performance.
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According to lkujiro (1994); Nonaka and Von Krogh (2009); Sharma and Harsh
(2017); Von Krogh et al. (2001), SECI model in much research, demonstrates how
knowledge is transform from one form to another, the environment where the
knowledge is transform is important to how it is stored in employees or systems.
Despite the different views on the SECI model, it has sturdy theoretical foundation to
be implemented in organisational, professional, and personal cultural levels (Rai,
2011). Also, Al and its impact on knowledge transformation and the application of
the SECI model will enhance the insights of an organisation into the knowledge
transformation and processes involved in it (Malik et al., 2020). The use of the SECI
model for identification of knowledge transformation and sharing in different knowl-
edge intensive organisations in the USA and Spain is widely acknowledged (Choudri
et al,, 2016). Therefore, SECI model is a multi-organisational development that helps
in promoting knowledge transformation while investing in the employees (Cheung
et al, 2023a; DiVaio et al., 2021; Dwivedi et al., 2020; Narayanamurthy & Tortorella,
2021; Wamba-Taguimdje et al., 2020).

2.3 Employee’s performance

Given that employees are vital assets in any organisation, researchers have continu-
ously tried to understand the mechanisms which HRM could utilise to impact
organisational performance (Jordan et al, 2019; Klein & Potosky, 2019). Scholars
have partly tried to understand the HRM performance link from two standpoints —
the systems perception or the strategic perception (Jiang et al., 2012). The systems
perception views HRM performance link with respect to HRM-practices and perfor-
mance as a unified management approach of how the whole of HRM-practices and
policies can contribute to the competitive edge of the organisation and enhance
performance (Buenechea-Elberdin et al., 2017; Busco et al., 2012). Such view reflects
a transition of how significant HRM is gaining competitive edge and moving towards
organisational performance in present-day enterprises (Collins et al., 2021; Prentice
et al.,, 2020; Verma et al., 2021).

According to Wales et al. (2011), strategic perception in the HRM performance has
taken on different meanings in the literature. Jiang et al. (2012) have discussed the
external factors between various HRM-practices and the competitive strategy of the
organisation, the approach that organisations can support various HRM-practices and
strategic goal. These practices and policies can develop employees’ skills, knowledge, and
motivation such that employees focus on ways that are supportive of organisation’s
strategy (Malik et al., 2020; Pak et al., 2019). The issue of strategic HRM participation has
been explored in a few publications.

For instance, Torresen (2018) suggests that the combination of HRM-practices
with organisational strategies results can improved competences and make orga-
nisations more effective and efficient. Amershi (2019) stresses that the alignment of
HRM- practices and organisational strategy can yield many benefits such as higher
employee’s performance, cost effectiveness, increased employee’s commitment,
and innovation.
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Furthermore, Malik et al. (2020) found that HRM-practices help organisations develop
problems solving methods at the lower level, thus leading to better organisation manage-
ment, which subsequently helps to build responsible systems. Furthermore, there has
been discussions that a respectable relationship between employees and management
can foster a better comprehension of the issues relating to employees’ duties and roles
(Buenechea-Elberdin et al., 2017).

2.4 Conceptual framework

In the Al, KS, and HRM, employees’ performance (EP) is a pre-requisite for the competi-
tiveness of an organisation. While it is commonly discussed that performance is a function
of organisational competitiveness. To support this assertion that performance can be
a primary antecedent of organisational goal, this paper requires both performance and
organisational processes, and how it supports employees’ efficiencies. Notwithstanding
the acknowledgement of Al in effective organisation’s implementation, Al tools, HRM
practices, KS, and employees, therefore, the relationship between Al, KS and specific HRM
processes is not investigated (Amershi, 2019).

Historically, Hu et al. (2017) recommend that performance is higher when both
measurable organisation’s processes and objectives are complementing each other
through standards of measurement. It is recommended that cognitive process in mea-
surement is a set of activities explicitly dependent on objectives, which supports business
processes. Olan et al. (2022); Olan et al. (2019) described three fundamentals, which are
intention, autonomy’ and fluctuation of the performance improvement process most
likely to persuade employees’ commitment to the organisational agenda. Table 1 shows
the contributions of research outputs from various scholars and how the conceptualisa-
tion in this paper came into existence. The principal factors in the Al and KS studies can
increase employee’s commitments to a significant level.

The business processes include employees, groups, and organisational level upgrad-
ing. Thus, cognitive process of knowing and understanding is the purpose to facilitate the
decision to share valuable information. In the business processes, organisations are
mandated to be innovative in obtaining, connecting, and disseminating information.
Nevertheless, employee’s independence is a multifaceted factor that provides employees
the autonomy to engage in knowledge interactions.

Moreover, HRM practice offers a mutual system of learning in which employees can
share and exchange know-how or work experiences through social interaction. Busco
et al. (2012) found employee’s cognitive capacities could be changed if employees are
exposed to a new Al architecture. In other words, Al either pacifies the environment in
which knowledge sharing takes place or it tends to regulate employee’s behaviour, which
is important for knowledge sharing and transfer. Thus, organisations should provide an
environment in which employees utilise these cognitive capacities during workplace
socialisation for knowledge sharing and transfer.

The concept of KS was also discussed in terms of employee’s behaviour. For example,
Olan et al. (2016) argued that KS is a performance enhancing phenomenon as organisa-
tions facilitate strategies in the KS process. Al helps employee’s commitment to inter-
active engagements because of different sociological factors capable of influencing
people (see Figure 1).
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Figure 1. The conceptual framework — an integrated Al enabled KS for employees’ performance.

Values are deep-rooted and may not be easily articulated, but it would influence on KS
capability because it manipulates individual behaviour that could be a source of useful KS.
Therefore, it is suggested that the relationship between norms and values backs the
desired behaviour, which is necessary to create and sustain knowledge sharing capability.
It further indicated that, Al demonstrates a specific set of practices that are required in
daily routines. Thus, practice symbolically provide a direct lever for change that may be
needed to support KS and employee’s performance.

3. Methodology
3.1 Data sample and collection

This paper chose a deductive approach to find the associations of the components of the
three aspects of the conceptuality in the literature review (De Santis et al., 2017; Olan
etal., 2019, 2022). The approach is considered suitable given the scarcity of empirical work
exploring the Association of Al as a KS tool for performance from a dynamic perspective.
According to Shipley et al. (2013), deductive studies have become one of the most
common ways of conducting quantitative inquiry. This paper opted for an in-depth
deductive study approach (Arshad et al., 2014) to enhance knowledge of the role of Al
entities during the implementation of KS stages of the employees’ interactions. According
to Karatop et al. (2015), it is imperative that associations of the entities be studied over
time. Similarly, Moraga et al. (2003) argue that KS studies should be quantifiable and show
how association content, governance and structure emerge over time.

This design allows this paper to deeply comprehend the dynamics of the socio-
technical association. Through purposeful sampling (Klashanov, 2018), this paper identi-
fied three perspectives to examine, these perspectives showed diverse characteristics in
terms of the Al entities, the types of knowledge and the employees’ performance.

The Qualtrics platform was utilised to extend invitations to potential participants from
Europe for their involvement in the study. A total of 426 participants completed the
questionnaire. We specifically targeted individuals in the field of HR, including profes-
sionals, experts, and researchers. Additionally, we wanted professionals and researchers in
the field of Al who possess a minimum of one year of practical experience in any of the
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following areas: HRM, technology management, management, and innovation. The study
participants were provided with information regarding the objectives of the research,
while the survey underwent rigorous evaluation by a team of expert reviewers. Upon the
conclusion of the online survey process, a total of 300 respondents successfully fulfilled
the survey requirements. Before doing the comprehensive data collection, preliminary
testing was conducted using a sample size of seven.

3.2 Analytical techniques

Scholars for example, Arshad et al. (2014); De Santis et al. (2017); Karatop et al. (2015);
Moraga et al. (2003) have proposed fuzzy theory in an attempt to validate and systematise
two human capabilities within an organisation: the capability to converse, reason and make
decisions in an environment of imperfect data, and the ability to perform a wide variety of
physical and mental tasks without using quantities or measurements. The organisation is
permeated with fuzziness (De Santis et al., 2017; Keshtkar & Arzanpour, 2017), fuzzy logic is
desirable to deal effectively with fuzzy issues. Fuzzy logic has demonstrated its ability to
analyse problems in areas of an organisation, especially in engineering sciences.
Unfortunately, according to Woodside (2013), social scientists generally tend to avoid
fuzzy logic in their research. In economics and management, decision-makers face difficul-
ties involving much flawed knowledge and imprecise factors in circumstances where
estimated reasoning is in fact the leading way to making decisions. The level of fuzziness
is higher for management situations than it is for most engineering situations.
Unfortunately, management science has not consequently given attention to fuzzy logic.

The fsQCA is a set-theoretical analysing technique that was developed for investigation
of phenomena not only in engineering and natural sciences but also in social sciences,
representing complex causality for instance the features of configurational equifinality and
casual asymmetry in limited number of analysis (Cardenas et al., 2016; Hajek & Prochazka,
2016; Zhang et al., 2017). The fsQCA consists of associations of variables among indepen-
dent and dependent conditions, which are absent using statistical denotations in analysis
techniques. Furthermore, fsSQCA offers a structural method for data calibration of collected
questionnaires into fuzzy set and for creating fuzzy set membership assignment.

fsQCA validate a complete and wide-ranging interpretation of the antecedents and
complex results of Al and KS association. In addition, Complementarity and equifinality
are two main discussions of this paper. The underlying statement as the set theoretic
method provides a direction for characteristics determinate and the distinctive structures
with produce different outcomes depending on the variables.

4. Data results

The set-theoretic approach is uniquely suitable for analysing the impact of complemen-
tarity between a business unit’s KS and Al depending on the performance variables which
it is built on, the set associations of how variables combine to form the outcomes, which
can show substantial higher support for causal complexity (Klashanov, 2018). In distinc-
tion from regression analysis, nonparametric set methods support model representative-
ness in a reduced amount of a concern because investigators do not conclude that data
derived from a specified probability dispersal.
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Part of QCA procedure, the calibration of sets analyses investigation constructs by
reduced sample dependence. As set membership is well-defined relatively to practical
knowledge rather to the assumption by sample means, by this means acknowledging the
significant of sample representativeness.

The initial pathway shows the important influence of KS variables, with Al vari-
ables and inclusion of organisation’s variables, outcomes are high performance of
organisation’s activities for knowledgeable organisational interactive employees (con-
sistency = 0.88; coverage =0.75). Secondly, the pathway shows that combination
model after complex solution, as indicated in Table 2 below, there are results
supporting the associations (frequency cut-off =1.00; consistency cut-off =0.90).
Limited corresponding annulled value of HRM-practices in combining other antece-
dent conditions.

In Table 2, the results recommend a set-theoretic approach allow for the investigation
of situations, in which the number of associations is probably large for traditional analysis,
and small for some statistical analyses. Although fsQCA firstly measured a small-N
approach, recent research uses extended QCA to analysis large-N settings without any
problem.

Table 2. Descriptive statistics of membership scores of survey data after calibration.
Survey data

N
Mean Std. Dev. Min. Max. Cases Missing
Knowledge sharing: KS
Prospector (p) 0.07675969 0.1860109  0.00012339  0.95257 107 0
Analyser (a) 0.5891829 0.3795915  0.00012339 0.99959 107 0
Defender (d) 0.1822357  0.3078002  0.00012339  0.9955 107 0
Reactor (r) 0.01510802 0.06770562 0.00012339 0.64566 107 0
Differentiation (dif) 0.4970566  0.413801  0.000049522 0.99945 107 0
Low-Cost leadership (Ic) 0.4859037 0.3995412  0.00074603 0.99966 107 0
Artificial intelligence: Al
Operation capabilities (op) 0.5204947  0.404373 0.00027961 0.99978 107 0
R&D capabilities (rd) 0.5359848 0.4050848  0.00055278 0.99753 107 0
MIS capabilities(mis) 0.5054322  0.4291049 0.0000061442 0.99995 107 0
Sale & distribution capabilities (sd) 0.5148085 0.4215927 0.000037169 0.99331 107 0
Marketing capabilities (mkt) 0.5303368 0.4190876  0.000013007 0.99925 107 0
Performance dimensions: PD
Input efficiency: Expense ratio (ie) 0.4532633 0.3889686  0.00091105 0.99753 107 0
Output efficiency 1: Loss ratio (oe1) 0.5119707 0.3844112  0.00055278 0.99753 107 0
Output efficiency 2: Investment Yield (oe2) 0.4389924  0.3259911 0.047426 0.99945 107 0
Effectiveness 1: Net written premium growth 0.4658962  0.3812927 0.017986  0.99945 107 0
(ef1)
Effectiveness 2: Market shares (ef2) 0.5024591  0.417362 0.0066929  0.98201 107 0
Adaptability 1: Number of new products 0.5139921  0.4050486 0.047426 0.99978 107 0
offered (ad1)
Adaptability 2: Percentage of net written 0.4468843  0.4096512 0.047426  0.99999 107 0

premium accounted for by new product

within the past year (ad2)
Overall performance 1: Combined ratio (oa1) 0.5215535  0.398142 0.00055278 0.99753 107 0
Overall performance 2: ROE (0a2) 0.555875  0.4073075 0.0000061442 0.99945 107 0
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4.1 Complex causal statements Al, KS, and EP outcome

The outcome shows the complex antecedent conditions with associating member scores
in the result criteria of EP combining to Al variables, KS and the equivalent negated
variables of EP. Hereafter, this paper procedures with consistency scores which shows
complex causal combinations for variables conditions and cut-off consistency score of
0.80. This outcome demonstrations that the combinations of consistency scores are some
worth higher than the threshold. Table 3 also demonstrates how all solutions are suppor-
tive. In conclusion, consistency values are higher than 0.74, which indicates that all
coverage values with range between 0.25 and 0.90 are considered as previous studies
(Woodside, 2013) suggests that this range has priority in associations.

Complex antecedent condition demonstrations association of KS variables to Al vari-
ables which highly influence the condition of OP. In the same way, KS also combinates
antecedent conditions of supportive complex causal combination. In addition, when high
impact of Al is associated with one of the derived pathways, this suggest that there is
a significant association for high.

Table 3. Result of KS and Al components comparativity.

KS-IE KS-IEF

Condition S1 S2 S3 S1
Prospector (P) o o o* %
Analyser (A) 5] [ ) [ ) ¢]
Defender (D) S} (S} [S] [S]
Reactor (R) o* o* o* [ )
Differentiation (Dif) 5] 5] [ J [ J
Low cost (Lc) 5] [ ) ¢]
Observed cases 7 5 4 1
Consistency 0.724529 0.713514 0.704821 0.900405
Raw coverage 0.229618 0.209680 0.183706 0.022014
Unique coverage 0.137127 0.107350 0.069850 0.022014
Solution consistency 0.718015 0.900405
Solution coverage 0.437901 0.022014
T1: H-SCY -Consistency 0.539667 0.545450 0.622072 0.808104
T1: H-SCY -Raw coverage 0.043730 0.043524 0.036555 0.003689
T2: ~H.SCY -Consistency 0.722497 0.713185 0.703511 0.890097
T2: ~H-SCY -Raw coverage 0.227479 0.210136 0.183932 0.022590
T3: He~Sc~Y — Consistency 0.814957 0.814957 0.814957 0.651971
T3: He~SCc~Y -Raw coverage 0.112421 0.112421 0.112421 0.100733
T4: ~H.~ScY -Consistency 0.463812 0.478831 0.485383 0.523584
T4: ~H.~SCY -Raw coverage 0.837649 0.873858 0.891719 0.934861
Solution path hypothesis result Reject Reject Reject Support
Combined solution path unique 0.314327 0.022014

coverage of same hypothesis result
Overall hypothesis result Reject Support

5. Discussion

In the contributions, HRM defines the right Al tools that develop, enable, motivate, and
retain KS culture that an organisation’s human capital contributes to reaching the organisa-
tional goals. However, due to a changing labour market, it is questionable whether these
HRM should focus target at all categories of employees, in addition to the relationships
between HRM introducing Al tools and employee performance, the impact of employee
adaptation to the new system or alternatively retaining relationship already existing.
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Al and KS are shown to have significant implications in contemporary HRM, as indicated by
the findings presented in Table 3. These technologies provide a wide range of advantages:

The utilisation of Al facilitates the streamlining of human resources (HR) processes,
namely in the automation of repetitive tasks such as candidate screening and
administrative responsibilities. This automation allows HR professionals to allocate
their time and efforts towards strategic initiatives and fostering employee engage-
ment. The utilisation of Al-driven analytics in the field of human resources enables
the collection of data-driven insights, hence enhancing the decision-making process
in various domains like talent acquisition, retention, and performance management.
Al-powered KS platforms play a crucial role in facilitating the flow of information and
expertise among employees, hence cultivating a culture of continual learning and
collaboration inside the organisation. Enhanced recruitment: The utilisation of Al in
the recruitment process facilitates the identification of highly qualified candidates
through the analysis of resumes and their alignment with job descriptions. This
approach mitigates bias and enhances the likelihood of securing the most suitable
individuals for a given position. The utilisation of Al holds promises in the realm of
employee well-being, as it has the potential to accurately forecast instances of
employee burnout and provide appropriate interventions. This application of Al
has the capacity to enhance overall well-being and job satisfaction among
employees.

The integration of Al has the potential to foster creativity and innovation within
organisational settings. This is achieved by the automation of mundane and repetitive
work, which liberates employees to concentrate on more inventive and imaginative parts
of their professional responsibilities. Additionally, Al systems can offer valuable insights
and analysis, further augmenting the creative capabilities of individuals within the orga-
nisation. Therefore, the integration of Al and KS is crucial in the field of HRM. This
integration serves to optimise various HR processes, enhance decision-making capabil-
ities, cultivate a culture of continuous learning, and promote employee well-being.
Ultimately, these advancements contribute to the overall effectiveness and competitive-
ness of the company.

KS practices in workplaces are becoming most popular benefits for employee’s per-
formance, as KS can help to advance employees’ skills set and, consequently, result in
greater employee satisfaction, accomplishment and self-belonging (Malik et al., 2020).
However, scholars have highlighted the fact that the implementations of KS practices do
not guarantee employees interactions. The importance of KS culture is particularly sig-
nificant in day-to-day responsibilities of the employees, in this case, KS practices are not
formalised but each organisation develop and implement the most suitable for the
employees. The key benefits of proposing an Al enable KS tool for employees in an
organisation to identify an enabling environment for the retention of skilled employees,
provide a platform to improve organisational productive and reduce costs through better
efficiency (improving products and services to customers), and increasing profitability
(Chen & Chen, 2013; Pak et al., 2019).

This paper scrutinises the Al influence the implementation of KS tool for improving
employee’s performance. The association (LCD-IE) is derived from the three possible
components, external validity which requested respondents to associate these Al vari-
ables with other competitors, KS typology cataloguing method support the research
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results (Huang & Rust, 2018; Klein & Potosky, 2019; Soriano & Huarng, 2013) and enable
me to consider both best cost and stuck in the middle, data unintentionally fall into
narrow sense accepts that Al positions are largely attractive or profitable, even if there are
examples of unsuccessful implementations of Al systems. Chen et al. (2012) recommends
that erroneously classified Al variables for LC and DIF units are under median as fixed in
the middle of the table, which in turn results in the finding that stuck in the middle also
performs well.

HRM-practices drive employees’ motivation to share knowledge with each other and
collaborate during team activities, thus improving the value of organisation’s workforce.
Consequently, improving organisational performance with employees’ innovative discov-
ery during KS activities (DiVaio et al., 2020; Vrontis et al., 2022). These performance criteria
consist of values, infrastructures, technological innovations, and employees’ satisfactions,
which in turn promote the organisation’s agenda through the benefits of Al.

6. Conclusions, limitation, and future research

The substantial application of Al in any organisation can lead to the improvement of
employees’ performance if there is an enabling KS environment. fsQCA helps with the
data analytic technique to develop associations for the positive influence of HRM on the
implementation of a new practice for Al enabled KS tool. The use of fsQCA in this paper
discusses new aspects for Al contribution to employees’ performance.

This paper is not without its limitation. The developed conceptual model took into
consideration three factors, other factors such as leadership, technology, and cost, which
may or may not support the antecedent conditions of the associations in the complex
solutions were omitted. Future research could consider other factors mentioned above by
categorising precise associations based on country where organisations are planning Al
implementation. Finally, this paper emphases solely on variables in association and complex
solution, in view of other factors which are indirect variable for Al and EP. There are many
indirect variables that provide analytical outcomes to advance the validity of the results.
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